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Definitions, Acronyms and Abbreviations
	Acronym
	Title

	A/B
	A/B testing: an experimental method in which an audience is randomly divided into two categories (A and B) to compare performance (e.g., click-through or conversion rates) and determine which variant is better.

	Car sharing
	A service that allows individuals to rent or hire a passenger car using a mobile app or website. This service applies to shared vehicles within the within the meaning of the Road Traffic Law of Latvia.

	Car
	Passenger car.

	DCE
	Discrete choice experiment – a survey/experimental design in which the respondent chooses between the alternatives presented to them. Each respondent may face a different set of alternatives (choice sets) on which they make selections. The alternatives are described by attributes (e.g., price, minutes, kilometres, number of public-transport trips, etc.) with pre-defined levels. The composition of alternatives and their levels is systematically varied according to an experimental design (e.g., a D-efficient design) to identify how attributes affect choice.

	Dummy variable
	A binary 0/1 indicator with values 0 and 1 (e.g., 1 if the plan has a "month" term, otherwise 0).

	(E-)bike 
	Collective term for both bicycles and electric bicycles in cases where data are collected and analysed without distinguishing between these two types of vehicles (for example, in the questionnaire wording “bicycle / electric bicycle”).

	(E-)scooter
	Collective term for both kick scooters and e-scooters in cases where data are collected and analysed without distinguishing between these two types of vehicles (for example, in the questionnaire wording “scooter / e-scooter”).

	E-scooter
	A scooter powered by an electric motor (excluding mechanical kick scooters propelled by pushing off with the foot, which, together with e-scooters are covered by the term “(e-)scooter”).

	IMAP
	Liepāja City Integrated Mobility Action Plan until 2035.

	KPI
	Key Performance Indicators, e.g. guest satisfaction, ticket purchase rate. 

	lat/lon
	Geographical latitude and longitude; used in data field names. 

	MaaS
	Mobility as a Service that integrates different transport modes and transport-related services into a single, comprehensive, demand-based mobility app, enabling users to plan and create a route for the chosen mode from point A to point B and combine it with other modes, and to pay for the journeys within the same app.

	MaaS plan
	The MaaS plan is a subscription that provides access to various modes of transport (e.g. public transport, shared (e-)bikes/e-scooters, car sharing, taxis (ride-hailing)) for a specified period and area with a single payment account. The plan usually specifies the types of transport included and the amount of use (e.g. unlimited number of trips on public transport; 60 minutes with a shared (e-)bike, 20 km with a shared car) and, if applicable, the rollover of unused allowance, the pricing model (fixed fee, variable fee according to usage with volume limits, excess volume tariffs, security deposit/excess), as well as usage benefits (discounts, family/tourism/corporate profiles, cancellation and compensation policy, customer support in the app).
The study tested MaaS plan durations; the transport modes included; their usage/allowance levels; price levels; and unused allowance rollover rates.

	Mobility point
	A hub for different modes of transport (public transport, micromobility, sharing, park-and-ride). 
The essence of a mobility point is to provide every user with convenient, co-located connections between multiple (at least two) transport modes—for example, public transport (bus, rail, etc.) and shared vehicles (including (e-)bikes, cars, and other micromobility such as e-scooters)—to reach nearby shopping, entertainment, leisure, and other services, thereby reducing the need to use private cars.[footnoteRef:1] [1:  MoSARD. Guidelines for the inclusion of mobility points in planning regions’ and municipalities’ development programmes under the EU Cohesion Policy Programme 2021–2027, specific objective 5.1.1 “Promoting integrated social, economic and environmental development and cultural heritage, tourism and safety in urban functional areas”, measure 5.1.1.3 “Development of public outdoor space”. Retrieved from: https://www.varam.gov.lv/lv/media/37338/download?attachment] 


	NIR
	No information rate: accuracy obtained when only the dominant class (comparison base) is mentioned. 

	Odds
	An indicator describing the ratio of the probability of an event, p, to the probability of the opposite event, 1−p; that is, p/(1−p). In this report, odds refer to the ratio of choosing a MaaS plan to not choosing it.

	OSM
	OpenStreetMap: geodata source used for geocoding/markers. 

	Park & Ride (also park-and-ride, P&R)
	A traffic management solution where parking spaces are provided in the city (e.g. at the bus station, city centre) or on access roads or on the outskirts of the city, allowing drivers to park their private vehicles and switch to public transport (or other sustainable mobility options), thus reducing congestion, emissions and car traffic in the city centre.

	Peak hour
	The period of time during which the highest intensity of vehicle or passenger traffic is observed on a given road section or public transport route.

	Pre-defined MaaS plans (or pre-defined scenarios)
	In accordance with the research design (see Appendix C), MaaS plans were prepared with different combinations of transport modes, usage volumes and prices. Each respondent was shown three of these MaaS plans and asked to evaluate each one with a binary purchase choice (Yes/No). 

	PT
	Public transport.

	QR
	Quick Response code: a two-dimensional (2D) matrix barcode (also known as a square code) that can be scanned with a smartphone camera or scanner. Contains, for example, a link to a survey, web page or short text. Used in the project to quickly open the survey questionnaire.

	Random utility model (RUM)
	It is assumed that respondents choose the option with the highest utility (benefit), which has a predictable part (calculated from the attributes included in the study, such as price, minutes, kilometres, number of trips on public transport) and a random part.

	Regular commuters 
	Respondents who answered “No, I am a temporary visitor/regular commuter to work, school, etc.” to the question “Do you live in Liepāja (within the city’s administrative boundaries)?” He chose the answer “No, I am a temporary visitor” and indicated his place of residence as a populated area in the South Kurzeme region, e.g. Grobiņa, Aizpute, Nīca, Pāvilosta, etc. Includes respondents who regularly travel to Liepāja for work/studies/leisure.


	Residents of Liepāja City
	Study participants who chose the answer "Yes" to the question "Do you live in Liepāja (within the city's administrative boundaries)?" Includes young people, students, employed people, unemployed people, senior citizens, people with special needs, people with mobility impairments and people with disabilities.

	Residents
	Includes regular commuters and residents of Liepāja City (if not separately identified).

	Respondents
	All participants in the study – regular commuters, residents of Liepāja City, and tourists.

	Rollover of the unused allowance
	Transfer of the volume of mobility services included in the MaaS plan but not used in the relevant period (for example, number of journeys by public transport, kilometres driven by car sharing or taxi, number of minutes by (e-)bike or e-scooter) to the next billing period, in line with the service provider’s rules. The term applies only to services with a clearly defined usage level (number of journeys, kilometres, minutes) and does not apply to services with unlimited use (for example, “unlimited trips per month”), which are valid only for the given plan period and are not rolled over to the next period.

	Self-configured MaaS plans
	Tasks where respondents put together their own MaaS plan. After all choices have been made, the system displays the total price of the MaaS plan and asks whether the respondent will choose this plan in a "Yes/No" format. Each respondent repeated these tasks twice.

	SPSS
	Statistical Package for the Social Sciences; a statistical analysis software package for the social sciences that allows complex data analysis and predictive analytics also without in-depth programming knowledge, using a graphical user interface and menus.

	Stated preference
	Survey tasks in which people make a choice between hypothetical (not yet existing) but realistically possible MaaS plans.

	Tourists
	Respondents who, in response to the question ‘Do you live in Liepāja (within the city’s administrative boundaries)?’, selected ‘No, I am a tourist’ or ‘No, I am a temporary visitor/regular commuter for work, studies, etc.’ and, for place of residence, chose ‘Other’ and entered another city or country (e.g., Riga, Kaunas, Germany, etc.). This group also includes respondents who, in nationally representative resident surveys in Latvia and Lithuania, answered ‘Yes’ to the question ‘Have you visited Liepāja in the last month?’. It includes tourists from Latvia, Lithuania and other countries, such as Estonia, the United States, Germany, the United Kingdom, Sweden, and France.

	Unlimited number of trips on public transport
	In the context of this study, this term means that, during the validity period of the MaaS plan, the user can make an unlimited number of trips on the public transport modes included in the plan. This unlimited number of trips applies only to the MaaS plan duration chosen by the respondent (for example, one day, three days, one week, etc.) and is not rolled over to the next period, regardless of how many trips were actually made. The MaaS plan duration refers to the full calendar period (for example, two weeks or one month), without distinguishing between weekdays and weekends.

	USA
	United States of America

	Usage intensity (allowance level)
	In the context of this study, this describes the volume of transport services included in the MaaS plan for different plan durations (one day, three days, week, two weeks, month). As different absolute allowance levels were offered for each plan duration, these were transformed in the analysis into comparable usage intensity levels (from low to maximum intensity). For each mode of transport, its own usage intensity scale was defined: four levels for e-scooters, five levels for public transport, taxi and car sharing, and six levels for (e-)bikes.
The following usage intensity level descriptions are used in the report:
• Low usage intensity – the lowest allowance level offered for the given duration (for example, a small number of trips or a small number of kilometres/minutes).
• High usage intensity – a large allowance level that exceeds low and medium intensity and allows frequent use within the MaaS plan duration. In the analysis of e-scooters, where a four-level intensity scale is used, “high intensity” is also the maximum level. In the usage intensity scales for public transport, taxi and car sharing, which have five levels, “high intensity” is the second-highest level, below “very high intensity”. In the (e-)bike intensity scale with six levels, “high intensity” is an upper-medium level (level 4 out of 6), below “very high” and “maximum” intensity.
• Very high usage intensity – a very large allowance level, intended for very frequent use (regular everyday mobility). In the analysis of public transport, taxi and car sharing with five-level intensity scales, “very high intensity” is the highest (maximum) level. In the six-level (e-)bike scale, “very high intensity” is the second-highest level.
• Maximum usage intensity – the highest possible allowance level, which in this study is defined only in the analysis of (e-)bikes.

	WGS-84
	1984 World Geodetic System: a global geodetic reference frame with a defined Earth ellipsoid, coordinate axis orientation and zero point, used to determine geographical coordinates (latitude, longitude).

	WKT
	Well-Known Text: a text format for geometry (e.g. POINT(lon lat)).

	WTP
	Willingness to pay – the average amount respondents are willing to pay for the changes in the MaaS plan - transport modes included in a MaaS plan and their usage allowances (e.g., number of included public-transport trips; minutes of e-scooter use), as well as the possibility of transferring unused services to the next period.



1 [bookmark: _Toc208785542][bookmark: _Toc210407437][bookmark: _Toc210853413][bookmark: _Toc215826297]Research objective and methodology
The geographical scope of this study is the territory of the Liepāja city municipality.
The aim of the study is to determine the mobility habits of residents of Liepāja (young people, students, employed and unemployed persons, seniors, and people with special needs, mobility impairments and disabilities), including regular commuters for work/study/leisure from South Kurzeme region and tourists; to assess their knowledge and attitudes towards the MaaS concept, and to identify which MaaS plan attributes most influence their choice and willingness to pay for the services included in the MaaS plan. 
[bookmark: _Toc210594108][bookmark: _Toc210853414][bookmark: _Toc215826298]Research approach
This study uses a quantitative approach: respondents' choices regarding MaaS plans are analysed within the framework of a random utility model using discrete choice models. Analysis is based on two types of MaaS plan selection within a single survey: (i) pre‑defined scenarios with a binary purchase choice (Yes/No) and (ii) tasks where respondents put together their own MaaS plan; and after selections, the system displays the total price, and the binary choice (Yes/No) is recorded.
The main dependent variable to be analysed is a binary purchase choice (Yes/No), so a binary logit model is used for the analysis; the parameters are estimated using the maximum likelihood method. Willingness to pay for the services included in the MaaS plan is derived as the ratio between the coefficient of the relevant attribute and the cost coefficient (for linear price specifications). The price is modelled in parts: a linear function with a breakpoint at ~€40/day is defined. Accordingly, WTP is interpreted in the range up to €40/day, but above that, the impact of price is assessed using scenario simulations.
[bookmark: _Toc208785544][bookmark: _Toc210407439][bookmark: _Toc210853415][bookmark: _Toc215826299]Data collection methods
Data was collected using a self-administered online survey. Participants completed the questionnaire independently, at a time and place convenient for them, using the LimeSurvey platform. The survey was available in Latvian and English, and the average completion time was 19 minutes.
The questionnaire used in the study covers the following sections:
· Introduction and classification questions – initial information about respondents;
· Travel diary – information about the previous day (up to six trip entries with start and end times, destinations, modes of transport, accompanying persons, etc.);
· App usage habits and awareness regarding MaaS – existing experience and awareness;
· “Choose a MaaS plan” – three predefined MaaS plans with a binary purchase choice (Yes/No);
· “Create your own MaaS plan” – the user configurates his/her own plan from the choices available to them, with a price indicated for each choice;
· Attitudes, resources and demographics – attitudes towards MaaS, available means of transport and socio-demographic data.
The survey questionnaire has been locally adapted for Liepāja, while ensuring interregional comparability with other MaaSolutions project partners.
The survey was anonymous – no authentication was required and the system did not store IP addresses.
[bookmark: _Toc208785545][bookmark: _Toc210407440][bookmark: _Toc210853416][bookmark: _Toc215826300]Sample creation and sample size achieved
To ensure full coverage of the target groups, two recruitment channels were used in roughly equal proportions: (1) on-site/public-space recruitment and (2) respondent panels—each at approximately 50%.
· On-site recruitment via QR codes. QR codes were placed at multiple locations across the city of Liepāja:
· in public-transport vehicles (on seat backs in intercity buses, on exit doors in city buses, and on the rear window in trams);
· in hotel lobbies (some hotels also placed the codes in rooms);
· in selected food venues more frequently visited by tourists;
· at the Liepāja Bus Terminal, the Liepāja Region Tourism Information Office, and in educational institutions—RTU Liepāja Academy and the Liepāja Youth House.
· Residents (respondent panel). Residents of Liepāja City and the South Kurzeme Municipality were additionally recruited via an online respondent panel. Ineligible respondents were excluded according to screening criteria (data provided by IntraResearch OU).
· Tourists (respondent panel). Latvian tourists were reached through a nationally representative online omnibus survey; respondents were asked whether they had visited Liepāja in the past month. Those answering “Yes” were invited to complete the tourist questionnaire (data provided by Norstat Latvija AS).
· Cross-border respondents (respondent panel). Residents of Klaipėda and Kaunas (Lithuania) were asked whether they had visited Liepāja in the past month. Those answering “Yes” were invited to complete the tourist questionnaire (data provided by IntraResearch OU).
Combining on-site recruitment with respondent panels in similar proportions enabled the inclusion of harder-to-reach groups and broadened target-group coverage. This approach ensured a sufficient sample size and diversity.
At the end of data collection, 636 fully completed questionnaires were obtained—301 from tourists and 335 from residents. Additionally, the dataset includes 18 questionnaires in which respondents completed all five MaaS plan choice tasks but did not fill in the personal-data section.
[bookmark: _Toc208785547][bookmark: _Toc210407442][bookmark: _Toc210853417][bookmark: _Toc215826301]Data processing and structuring
Data processing was organised to ensure the accuracy, comparability and repeatability of the survey results. The main steps are outlined below: integrity with source data, duplicate control, cleaning and grouping, structuring data for analysis, and geolocation response equalisation. 
Relationship with source data. The data was exported from the survey platform, retaining the original question codes and descriptions. This practice ensures a direct link to the questionnaire, facilitates quality checks and allows the origin of each value to be traced.
Duplicate control. The risk of duplicates was minimised at the time of data collection: a single‑session limit was implemented in the QR channel, and each respondent was assigned a unique identifier in the online panels. As a result, there was no need to delete duplicates after data collection.
Cleaning and grouping. Incomplete questionnaires were excluded from the data set prior to analysis. As the LimeSurvey platform provided logical and range checks, it was not necessary to identify records with format or content violations. Therefore, data processing activities focused on standardisation and recalculation: assigning/standardising variable names; calculation of time units – separating hours and minutes, calculating days of the week, grouping into 24-hour intervals, as well as grouping continuous variables (e.g. age, number of employees, number of vehicles).
Structuring data for analysis. The output data was converted into two long tables:
· Trip table (trip legs as rows): contains the respondent's identifier, stage identifier, date/time stamps, duration, starting point/destination (text or geographical coordinates), destination, mode of transport, and information about fellow travellers. All movement stages are displayed sequentially.
· Choice table (MaaS plan choice tasks as rows): contains the respondent identifier, task identifier, task type (Select/Create), duration (e.g., weekly/monthly), plan attributes (e.g., public transport (unlimited/limited number of trips), trips per day, micromobility minutes, number of kilometres for car sharing, using taxi services, rollover of unused allowance, subscription sharing), price and selection.
This data structure directly connects day-to-day behaviour with MaaS plan choices and allows both descriptive and econometric analyses without any extra intermediate stages.
[bookmark: _Toc208785548]Matching geolocation responses. Respondents could provide information about the places they visited in their travel diaries in two different ways:
· As an address or place name, e.g. "Pasta iela 24, Liepāja".
· As coordinates ("lat;lon", e.g., "56.510022;21.008198").
A methodology was developed to convert each response into a uniform structure, regardless of the way how the information was entered. This allows the data to be mapped, grouped and analysed in a single data set.

Summary of the approach used to standardise geolocation records
1. Format determination – identifies whether the record is formatted as coordinates or as text.
1. Geocoding:
1. Coordinates → reverse geocoding to obtain an address for the coordinates.
1. Text → geocoding to obtain coordinates for the location-describing unit.
1. Data enrichment with contextual information — each record is tagged with the place type (e.g., school, shop, park) and its administrative hierarchy (country → region → municipality → city / village).
1. Aggregation logic – ready-to-use labels are created for suburban-level analysis and city-level analysis.
1. Quality and transparency – status indicators, human-readable compliance and source information are retained for auditing purposes.
The data source is OpenStreetMap (OSM) data using the Nominatim geocoding service. If Nominatim does not return a valid result, the script makes repeated attempts and uses a structured search within Nominatim. The new variables retain the original question code in their names and labels (e.g. T2_lat, "Latitude (from T2)") to preserve their origin and ensure traceability.
The result is a standardised dataset where each record has coordinates, an address and location types for further analysis.

Detailed procedure
1) Determining the input format
Each data cell is checked using a simple rule:
· If its content looks like coordinates (lat [;,] lon, decimal point or comma), it is interpreted as a location on the map.
· Otherwise, the cell is treated as free text (address or place name).
At the time of encoding, degrees of latitude/longitude are not overwritten or replaced. This condition preserves the data entered by the respondent and ensures quality control of the process.
2) Geocoding
· Reverse geocoding (for coordinates) returns a readable address and administrative territory description.
· Geocoding (for text) returns coordinates and a description of the administrative territory.
Errors are coded, and status values are assigned to describe requests that failed.
3) Standardisation of new data
For each original geographic data unit (e.g., T2 or T6R4Q1), derived data units are created with their original code in front so that the origin of the derived data can be linked to the source. The main results are:
· Geography: *_ lat, *_ lon (WGS-84) and *_ wkt (POINT( lon latitude )).
· Readable address: *_street, *_house, *_surburb, *_neighb, *_citydist, *_city, *_municip, *_state (or region), *_postcode, *_ccode, *_country.
· Place type (typology): *_ ftype (group) and *_ ftype_det (detail), derived from OSM tags. Examples: education/school, healthcare/pharmacy, public transport stop/bus stop, recreation park/park. If OSM only provides a general tag (e.g. building), it is kept as a general tag, still including the broader class.
· Administrative hierarchy: *_r1_country, *_r2_state (or region), *_r3_munic (municipality/county), *_r4_city (city/town). These levels facilitate grouping into consistent clusters.
· Quality checks:
· *_ dispname (human-readable description of the location found by the geocoder),
· *_status (e.g. fwd_ok, rev_ok, *_ not_found, error),
· *_source (primary or backup service) and *_error (if any).

Quality assurance
· Status tracking: each record has a status so that analysts can filter or review erroneous cases.
· Reuse of downloaded data ensures consistent results for identical input data every time and reduces the load on geocoding services.
· Conservative processing: suspicious coordinates are not automatically corrected; instead, they are flagged, preserving the original data for review.
· Open data: by using OSM-based services, the methodology is verifiable and avoids dependency on a service provider.

Known limitations
· Unclear data entries can lead to broad location definitions (e.g. neighbourhood rather than building address). Status and displayed name make them easy to spot.
· OSM data coverage varies by area; some locations are only marked as "building". They still correctly summarise the suburb/city and basic location type.

Advantages of this approach
· Everything in one table: regardless of the respondent's answer type, each record contains both coordinates and address. This avoids data corrections and speeds up mapping and analysis.
· Adding additional information: location type markers add their typology (e.g. health, retail, education) to addresses.
· Traceable and repeatable: each derived field contains a reference to its source question; status indicators, readable compliance and geoinformation sources are retained so that results can be verified and repeated.
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The MaaSolutions project aims to identify and assess end-user preferences for MaaS plans in Liepāja, in line with the broader objective of supporting sustainable, integrated urban-digital mobility policies across all partner regions. To determine residents’ and visitors’ willingness to pay for MaaS and the trade‑offs between mobility options, a statistically efficient Discrete Choice Experiment (DCE) was conducted.

Attribute and level specification
In accordance with the project’s methodological framework–and to ensure cross-country comparability–the methodological partner, MaaS experts at the University of the Aegean (Greece), developed the attribute and level specification: seven attributes, each with a different number of levels, calibrated to Liepāja’s mobility context.
	Attribute
	Number of levels
	Levels for each attribute

	Rollover of unused allowance 
	3
	No rollover, 50% rollover, 100% rollover

	Public transport
	5
	0, 10, 14, 20, unlimited number of trips per period

	E-scooter sharing
	4
	0, 30, 60, 120 minutes of travel per week

	(E-)bike sharing
	6
	0, 5, 10, 15, 20, 30 rides

	Taxi (trip request)
	5
	0, 10, 20, 30, 40 km per period

	Car sharing
	4
	0, 5, 10, 15 hours per period

	Price
	7
	7 different prices for each attribute level (market price, 20% markup; 40% markup; 60% markup; 20% discount; 40% discount; 60% discount)





Experimental design principles
The experimental design was constructed to reliably estimate the main effects of each attribute on MaaS plan choice. Effect coding was used, yielding the following total number of parameters to be estimated:

Following good-practice guidance for stated/discrete choice experiments (e.g., Louviere et al., 2000; Johnson & Orme, 2003), the total number of choice scenarios should be at least 1.5 times the number of parameters:

A statistically efficient fractional-factorial design was created with 45 unique choice sets. This delivers a ratio of 45/28 = 1.61, exceeding the recommended threshold and ensuring the required statistical efficiency.
The design was created using specialised software, generating a subset of all possible combinations of attribute levels that maximises the amount of information (i.e., minimises the determinant of the dispersion-covariance matrix). The final set of 45 scenarios was created using the R package idefix version 0.13, specifying the defined attributes and levels.
The scenarios were divided into 15 blocks of 3 scenarios each. To reduce the cognitive load on respondents and improve data quality, each respondent was randomly assigned one of the blocks. As a result, three scenarios were evaluated in each questionnaire, but the total sample covered all scenarios evenly.
Design matrix. 45 MaaS scenarios grouped into 15 blocks with 3 tasks each:
	Block
	Subscription
	Public transport
	E-scooter
	(E-)bike
	Taxi
	Car sharing
	Price

	1
	1
	1
	4
	2
	4
	3
	5

	1
	1
	3
	1
	4
	5
	2
	5

	1
	2
	2
	1
	4
	4
	3
	6

	…
	…
	…
	…
	…
	…
	…
	…

	15
	1
	5
	2
	1
	1
	2
	6

	15
	2
	2
	3
	3
	3
	2
	3


Design quality check
The D-efficient criterion and the structure of the experimental design were checked using specialised software. The results confirm that the design meets the criteria for good practice and is ready for use in the specified choice experiment (DCE):
· the attribute levels are balanced between scenarios;
· the blocks are evenly distributed;
· all parameter coefficients are fully calculable in the simulated model.
The frequencies of occurrence of all attribute levels fall within acceptable tolerances. Each level is included in a relatively similar number of choice scenarios, and the observed frequencies meet the requirements of the D-efficient specified choice experiment plan.
This ensures that no attribute level is overrepresented or underrepresented in the plan, thereby improving the accuracy of parameter estimation and reducing the risk of model bias.
Frequencies of attribute levels in the created design. Each level should appear ≈ 45 ÷ L ± 1 times in 45 scenarios:
	Attribute
	Levels
	Numbers
	Ideal ±1
	Judgement

	Subscription
	3
	15 / 17 / 13
	15 / 15 / 15
	Good

	Public transport
	5
	8 / 10 / 9 / 9 / 9
	9 × 5
	Good (±1)

	E-scooter
	4
	11 / 12 / 12 / 10
	11 / 11 / 11 / 12
	Good (±1)

	(E-)bike
	6
	8 / 9 / 9 / 8 / 6 / 5
	7–8 each
	Good (±2)

	Taxi
	5
	9 / 9 / 9 / 10 / 8
	9 each
	Good (±1)

	Car sharing
	5
	10 / 9 / 9 / 9 / 8
	9 each
	Good (±1)

	Price
	7
	6 / 7 / 7 / 6 / 7 / 6 / 6 / 6
	6–7 each
	Good





Mutual independence of attribute pairs
In order to assess the extent to which attributes are statistically independent of each other, Cramér's V index was calculated for each possible pair of attributes (21 pairs in total). Cramér’s V quantitatively characterises the strength of the association between two nominal variables; its values range from 0 (complete independence) to 1 (complete dependence).
Results:
· The maximum absolute value |V| for all pairs was 0.08, indicating very low mutual dependence.
· The median |V| value for all pairs was only 0.02, confirming that there are no significant correlations in most attribute combinations.
These indicators confirm that the experimental design complies with the principle of pair orthogonality (attribute pairs are mutually independent), which is an essential prerequisite for reliable main effect estimates. Thus, it can be concluded that the design is statistically well structured and does not contain any significant undesirable dependencies between attributes.
Cramér's V index for each pair of attributes
	
	Subscription
	Public transport
	E-scooter
	(E-)bike
	Taxi
	Car sharing
	Price

	Subscription
	–
	0.03
	0.02
	0.01
	0.04
	0.02
	0.01

	Public transport
	0.03
	–
	0.05
	0.03
	0.07
	0.04
	0.03

	E-scooter
	0.02
	0.05
	–
	0.06
	0.08
	0.05
	0.04

	(E-)bike
	0.01
	0.03
	0.06
	–
	0.02
	0.03
	0.02

	Taxi
	0.04
	0.07
	0.08
	0.02
	–
	0.05
	0.03

	Car sharing
	0.02
	0.04
	0.05
	0.03
	0.05
	–
	0.02

	Price
	0.01
	0.03
	0.04
	0.02
	0.03
	0.02
	–





Dominance test
To ensure the design meets the logical requirements of stated-choice tasks, a dominance test was performed. A scenario is dominated if every attribute level is equal to or worse than those of another scenario, and its price is not lower – i.e., there is no objective reason to choose it.
All pairwise comparisons were checked algorithmically (45 × 44 = 1,980 ordered scenario pairs), and no dominance was detected. Each profile offers at least one improvement relative to any other profile at the same or a lower price. Thus, all choice tasks are logically coherent and suitable for analysis.
Block integrity
The 45 choice scenarios were divided into 15 blocks, each containing three choice tasks. Blocks are equal in size, ensuring a comparable workload per respondent. Within each block, the order of scenarios was rotated to avoid order/sequence effects. This blocking and rotation do not compromise attribute independence or the overall statistical efficiency of the design.
D-error and D-efficiency
To quantify design performance, the 45 profiles and their 45 “reject” (no-purchase) alternatives (90 rows in total) were recoded into an effect-coded design matrix (90 × 32). The standard diagnostics are:
· D-error: 1.16
· D-efficiency: 86%
These values indicate a D-efficient design (low D-error, high D-efficiency), close to a Bayesian-optimal benchmark while maintaining high informational value.
Pilot identification test
A simulated dataset was created to test identifiability, assigning a 50/50 choice probability to each scenario selection (Selection ∈ {0,1}). The data were estimated using an mlogit (multinomial/binary logit) specification in R. All coefficients were estimated without issues (no singularity or collinearity warnings); all attributes are identifiable, and the specification is valid for real data analysis.
Summary of design quality
The 45-scenario/15-block design meets all critical quality criteria:
1. Level balance between scenarios (within ±1; ±2 for rollover conditions);
1. Minimal associations between attributes (Cramér's V ≤ 0.08);
1. No dominated scenario;
1. Equal number of scenarios in blocks (3 scenarios/block);
1. D-effectiveness = 86%, D-error = 1.16;
1. Fully identifiable in simulation.
The results confirm the statistical efficiency, structural logic and methodological validity of the plan, making it suitable for data collection using the specified choice approach (DCE).
Implementation in the survey
· The discrete choice experiment was integrated into Section 3 of the survey, in accordance with the project methodology.
· Each scenario was presented as a hypothetical MaaS plan with rollover terms, allowance levels for each transportation mode and total price; examples of the scenarios seen by respondents are provided in Appendices A and B.
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Almost half of the respondents who participated in the study – 46.2% – are residents of the city of Liepāja; tourists make up a slightly larger proportion – 46.5%, while regular commuters to work, studies, etc. – 7.3% (see Figure 2.1).
[bookmark: _Hlk215763804]The largest proportion of respondents in the study sample is from the Old Liepāja and the city centre – 29.1%, followed by Ezerkrasts neighbourhood – 21.5% and the South-West neighbourhood – 11.6% (see Figure 2.2). The next largest groups in terms of representation in the sample are neighbourhoods – Karosta – 11.3%, Jaunliepāja – 9.9%, and the Northern Suburbs (Ziemeļu priekšpilsēta) – 8.3%. A smaller proportion of respondents live in the neighbourhoods – Green Grove (Zaļā birzs) – 4.3%, Tosmare – 3.3%, and the New World (Jaunā pasaule) – 0.7%. 
Regular commuters mainly live in Grobiņa – 39.6%, Pāvilosta – 14.6%, and Nīca – 10.4%. A smaller proportion are from Aizpute, Durbe and Priekule (around 8.3% each), Otaņķi – 6.3%, as well as Rucava and other municipalities (see Figure 2.3).
Among all visitors to the city (tourists and regular visitors), the main reason for visiting Liepāja is leisure/vacation – 49.5% (see Figure 2.4). The next most frequently mentioned motives are visiting friends or family – 17.0% – and business/work needs – 16.1%; together they account for 33.1%. Less frequently mentioned reasons are education/studies – 2.8%, medical/health reasons – 2.2% – and cultural or historical exploration – 3.4%.
Regular visitors come to Liepāja for work/business purposes – 54.2%, while 18.8% come mainly for leisure/vacation (see Figure 2.5). For 54.9% of tourists, the main reason for visiting Liepāja is leisure/vacation, significantly ahead of business/work trips – 9.5%; visiting friends or family comes in second place – 17.8%. 6.3% of regular visitors come to Liepāja for medical/health reasons. Religious or spiritual purposes are rare in both groups (≤ 2%).
The majority of tourists are from Latvia – 61.2% – and Lithuania – 33.9% (95.1% in total) (see Figure 2.6). The share of visitors from other individual countries is less than 1% for each country: Estonia – 0.7%, the USA – 0.7%, Germany, Great Britain, Sweden and France – around 0.3% each. The category "Other countries" includes Hungary, Norway, Romania, Spain and the Czech Republic.
In terms of the distribution of tourists by place of stay, approximately one third are in the Old Liepāja – 32.2%, while a similar proportion – 31.9% – cannot be classified due to a lack of coordinates (see Figure 2.7). Of the other neighbourhoods, the South-West neighbourhood has the highest number of tourists – 14.5% – followed by Jaunliepāja – 10.5%. Ezerkrasts – 4.3%, the New World – 1.3%, Karosta – 2.3%, Tosmare – 0.3%, and the Nothern Suburbs – 2.6% – receive a relatively small proportion of tourists.
Women make up the majority in both target groups: 67.3% of residents, 53.5% of tourists and 60.7% overall (see Figure 2.8). The proportion of men among tourists is higher – 44.9% – than in the group of residents and visitors – 27.7% – resulting in an overall proportion of men of 35.8%. Other response options – "Non-binary", "Prefer not to answer" and "Other" – were chosen by less than 4% of respondents.
In the group of residents and regular visitors, the largest proportion is in the age group over 51 years old – 28.0%; the 31–40 and 41–50 age groups are similar (25.7% each), while those aged ≤ 30 make up 20.6% (see Figure 2.9). Among tourists, the largest group is aged 31–40 (31.4%). In the total sample, the proportion of all four age groups (≤ 30; 31–40; 41–50; ≥ 51) is around 20–29%.
Full-time employees make up the majority in both groups: 71.7% of residents and 67.0% of tourists; overall, they make up 69.5% (see Figure 2.10). Part-time workers are more common among tourists – 6.6% – than among residents– 2.9%. The proportion of self-employed persons is 9.9% among tourists and 5.3% among residents. The proportion of students (school/vocational school pupils and university students) in each segment is below 6%.
Respondents most often have a college-level education or a bachelor's degree – 31.9% in the resident/commuter group and 27.4% in the tourist group (see Figure 2.11). The next most common is a master's degree, 27.1% and 26.7% respectively. Another 15–19% of respondents have secondary education (high school or equivalent), with a similar proportion having vocational education. Trade education or technical certification is more common among tourists (5.0%) than residents (around 2%), while a doctoral degree is rare in both groups (around 2%).
There are more households with children (aged 0–12) in the tourist group (42.6%) than in the resident and commuter group (37.8%), which indicates that family trips are important for tourists (see Figure 2.12). Teenagers (aged 13–18) are more common in resident households (32.2% vs. 27.1%). These differences indicate that MaaS offerings for tourists should include family-friendly options.
Households with two working members are the most common: 57.0% among residents, and 56.6% among tourists (see Figure 2.13). Households with one or no working members account for 32.8% of residents and 25.8% of tourists. Three or more working persons are more common in tourist households – 17.5% – than in resident households – 10.1%, which may indicate larger or multi-generational households in the tourist segment.
When assessing their income, residents more often choose the answer "much less than the average" – 23.3% – than tourists – 10.2% (see Figure 2.14). Tourists are more likely than residents to indicate that their income is "about the same" – 20.8% versus 16.5% – or "slightly more than the average" – 27.4% versus 22.1%. The response describing income as "much more than the average" is chosen by around 7–9% in both groups. Approximately 17% of respondents chose not to answer the question about income.
The majority of respondents (78.5%) have a valid driving licence (see Figure 2.15). Driving licences are more common among tourists (84.2%) than among residents and visitors (73.5%).
Among those who work or study remotely, the majority do so up to two days a week: 31.6% of residents and 25.2% of tourists work remotely one day a week, while 20.3% of residents and 30.1% of tourists do so two days a week (see Figure 2.17). A significant proportion of tourists work remotely five days a week – 16.3% (compared to 13.9% of residents), which may indicate longer stays combining work and leisure.
6.5% of residents and 11.2% of tourists; a total of 8.7% are persons with disabilities (see Figure 2.18). 2% of residents and 4.6% of tourists (a total of 3%) identify themselves as persons with limited mobility. The majority of respondents do not belong to any specific target group: 81.5% selected the answer option "none of the above". The remaining answer options, including "prefer not to answer", account for less than 7%.
[bookmark: _Toc215157914]Figure 2.1. Do you live in Liepāja city (within administrative borders)?


[bookmark: _Toc215157915]Figure 2.2. Please specify the city district in which you live:



[bookmark: _Toc215157916]Figure 2.3. Please indicate the town or city where you currently live:


[bookmark: _Toc215157917]Figure 2.4. What is the main reason you visited Liepaja?


[bookmark: _Toc215157918]Figure 2.5. Respondent groups





[bookmark: _Toc215157919]Figure 2.6. What is your home country?


[bookmark: _Toc215157920]Figure 2.7. Please specify the city district in which you are staying:



[bookmark: _Toc215157921]Figure 2.8. What is your gender?


[bookmark: _Toc215157922]Figure 2.9. How old are you?




[bookmark: _Toc215157923]Figure 2.10. What is your employment status?



[bookmark: _Toc215157924]Figure 2.11. What is the highest level of education you have completed or the highest degree you have received?


[bookmark: _Toc215157925]Figure 2.12. Respondent groups: household member ages.




[bookmark: _Toc215157926]Figure 2.13. How many people are working in your household, including yourself?


[bookmark: _Toc215157927]Figure 2.14. Compared to the average in your country, how would you describe your household income?




[bookmark: _Toc215157928]Figure 2.15. Do you hold a valid driving license?


[bookmark: _Toc215157929]Figure 2.16. Do you work or study from home at least once per week?



[bookmark: _Toc215157930]Figure 2.17. How many days per week do you study/work from home?


[bookmark: _Toc215157931]Figure 2.18. Do you belong to any of the following groups?
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This section analyses how respondents move around Liepāja, looking at tourist activity, private vehicle use, fuel types, plans to purchase a car and monthly transport expenses.
92.1% of tourists indicate that during their stay they travel around Liepāja, visiting places of interest, catering establishments and other attractions (see Figure 2.19). Only 7.9% do not travel; in this small group (n = 24), the main reasons are personal (41.7%) and lack of time (29.2%) (see Figure 2.20). Less frequently mentioned reasons include financial constraints (8.3%), transportation issues (4.2%) and weather conditions (4.2%), as well as other reasons (12.5%).
Respondents' households have high access to private transport (see Figure 2.21). Cars are available in 84.5% of residents' and regular visitors ' households and in 92.5% of tourists' households. Bicycles are available in 86.1% of resident households and 82.7% of tourist households. Scooters are more common in tourist households (25.2%) than in resident households (16.1%). Motorcycles are around 13-14% in both groups (13.9% of residents; 12.6% of tourists). The share in the "other vehicles" category is relatively small: 9.1% of residents and 11.2% of tourists. These figures confirm that private modes of transport are widespread in both target groups and that MaaS solutions should include the integration of parking spaces as well as (e‑)bike and e-scooter sharing services.
Internal combustion engine cars dominate the overall sample: diesel fuel is more common among residents (67.7%) than among tourists (60.8%), while petrol is more common among tourists (51.9%) than residents (39.6%) (see Figure 2.22). 
Electric cars are more common among tourists: electric cars – 14.2% (compared to 6.5% among residents), hybrid cars (petrol/electric) – 9.0% (compared to 5.4% among residents), while hybrid cars (diesel/electricity) and plug-in hybrid cars – around 5.2% (compared to around 1.5% of residents).
Cars powered by liquefied petroleum gas (LPG) are more common among tourists (9.0%) than among residents (4.6%). The share of cars running on compressed natural gas (CNG) is low overall but markedly higher among tourists—4.9% versus 1.2% among residents. Hydrogen-fueled cars remain rare in both groups—around 1%.
Interest in purchasing or leasing a new car is moderate: 30.8% of respondents plan to purchase a car in the next five years (including in the coming year), 51.6% clearly say "no", while 17.6% are undecided (see Figure 2.23).
Internal combustion engine cars still rank first in the structure of planned purchases. When comparing segments, tourists are more likely to choose internal combustion cars (25.0% vs. 14.3% of residents), while plans to purchase hybrid cars are lower among tourists (7.1% vs. 11.1%). In the case of electric cars, 4.8% of residents/regular drivers plan to purchase them, but not tourists (0%). Demand over the next five years is therefore likely to be driven by internal combustion engine cars, with hybrids in second place and electric cars accounting for a low share. At the same time, there is a large proportion of undecided respondents (17.6%), who could potentially be influenced by information on travel costs, the availability of transport alternatives and the benefits associated with choosing them, as well as pricing or incentive mechanisms.
Comparing car-purchase time horizons (1 year vs 5 years) reveals different planning timelines among respondents. Plans to buy an internal-combustion engine (ICE) car within the next five years are three times more common than plans to do so within the next year (4.4% within one year vs 13.2% within five years), suggesting that interest exists but purchase decisions are often postponed. A similar pattern is observed for hybrids—purchase plans are more frequent over a five-year horizon (6.6%) than within one year (3.3%). However, within this group, a relatively large share (about 33%) intend to purchase within the next year, indicating a shorter decision cycle. For electric cars, a comparable share (around 33%) plan to buy within the next year, but overall interest is lower than for hybrids, signalling persistent barriers—price, charging infrastructure, and perceived reliability of electric cars. 
This divergence in purchase plans and timing has two practical implications from a market-development perspective. Firstly, in the short term (≤1 year), the greatest momentum can be expected in the hybrid car segment and, to a lesser extent, in the purchase of electric cars, especially among the population group; targeted offer packages, discounts and financing solutions will be effective here. Secondly, the high proportion of internal combustion engines reveals a wait-and-see approach, which can be adjusted towards hybrid or electric cars by reducing uncertainty about newer types of car engines.
Monthly transport expenditure is unevenly distributed. Low transport expenditure (≤ €15 per month) is typical for 27% of residents and even more frequently – 34.5% – among tourists (see Figure 2.24). Medium expenses (€16–30) are typical for 23.2% of residents and 20.7% of tourists. High expenses (≥ €81) are significantly more common among tourists (37.9%) than residents (23.5%). In turn, the €31–80 spending segment is more common among residents (26.5%) than tourists (6.9%), which indicates that tourist spending is more often concentrated at the extremes (low or high). These differences most likely reflect two subgroups of tourists: some travel on foot or use low-cost travel solutions, while others more often rely on more expensive transport services.


[bookmark: _Toc215157932]Figure 2.19. Do you move around Liepaja during your stay?


[bookmark: _Toc215157933]Figure 2.20. What is the reason you are not travelling?



[bookmark: _Toc215157934]Figure 2.21. Respondent groups: household ownership of vehicles.


[bookmark: _Toc215157935]Figure 2.22. Respondent groups: private vehicle fuel types.


[bookmark: _Toc215157936]Figure 2.23. Does your household plan to purchase/lease a car?




[bookmark: _Toc215157937]Figure 2.24. Respondent groups: monthly transport expenditure.



[bookmark: _Toc215826305]Travel patterns in the city
Cars are the most commonly used mode of transport in both groups, but residents rely on them more often (55.6%) than tourists (44.4%) (see Figure 3.1). Residents use (e‑)bikes more actively (73.0%), and public transport - 66.2% use buses, 56.5% use trams, and 60% use trains (this mode of transport has a small base). Tourists, on the other hand, use micro-mobility and shared services more: (e‑)scooter (60.0%), car sharing (70.6%), taxis (77.3%), as well as motorcycles (88.9% of those who use them, although the base is small) and 66.7% use other means of transport (the response base is also very small). 
Figure 3.2 shows multimodality – the average number of different modes of transport used by users of a particular mode. 
Among the population, the most diverse modes of transport are typically used by car-sharing service users (average ~4.0 modes) and train users (average ~4.0; to be interpreted with caution due to the small sample size). Slightly less diversity is characteristic of taxi, (e‑)scooter and private car users, as well as pedestrians (approximately 3.0–3.6 modes). In turn, the average number of modes of transport used by bus and tram users decreases to approximately 2.8, and for (e‑)bike users to approximately 2.6. This means that residents use buses, trams and (e‑)bikes more often as their primary modes of transport, with less need to combine them with others.
Among tourists, the most diverse modes of transport are used by motorbike or motor scooter users (around 5.0; results should be interpreted with caution due to the small sample size), as well as tram and car-sharing service users (around 3.5–3.7). The number of different modes of transport used is slightly lower for those who travel by bus or on foot (around 3.0). The average number of modes of transport used by (e‑)scooter and (e‑)bike users decreases to ~2.6 and ~2.4, respectively. The average number of modes used by train users (around 1.5) should be interpreted with caution, as the sample size is very small.
For residents, multimodality most often begins with car sharing and taxis, while for tourists it begins with trams and car sharing. Therefore, MaaS plan offerings should include car-sharing services and enable their easy combination with public transport and micromobility. Thus, it is recommended establishing a mobility hub at the railway station and coordinate bus and tram timetables with train arrival times.
Figure 3.3 shows the average number of different modes of transport used by residents depending on the time of travel (hours of the day). Residents who travel on weekend nights (01:00–04:59) use the highest number of modes of transport – around 4.86–6.00. Those who travel on weekday evenings (19:00–21:59) also use a wide range of modes of transport, around 4.00–4.23. In turn, residents who travel on weekday mornings (06:00–09:59) have the lowest multimodality – they use around 2.4–3.3 different modes of transport, which indicates habitual journeys (one mode of transport or a direct route). For residents who travel during the day (10:00–18:59), the number of different modes of transport is relatively stable – around 2.86–4.07. Comparing weekdays with weekends, the average number of modes of transport is lower on weekends between 16:00 and 16:59 (2.33 compared to 3.69 on weekdays) and between 18:00 and 18:59 (3.20 compared to 3.83), but higher between 14:00 and 14:59 (3.86 compared to 3.48 on weekdays) and between 17:00 and 17:59 (4.07 compared to 3.72 on weekdays).

Figure 3.4 shows the average number of different modes of transport used by tourists travelling at a given hour. Tourists travelling on weekend nights (00:00–01:59) use the highest number of modes of transport – around 4.00–4.14. A wider range of modes of transport is used on weekday mornings (04:00–05:59; 3.46–4.40) and weekday evenings (20:00–23:59; ~3.75–4.00).
Tourists travelling on weekday mornings (06:00–09:59) have the lowest number of modes of transport used (~1.90–2.82), which indicates simple, direct routes. When tourists travel in the middle of the working day (10:00–16:59), the number of modes of transport used is relatively constant (2.39–2.88).
On the other hand, on weekends, tourists who travel between 10:00 and 10:59 and 15:00 and 16:59 use a wider range of modes of transport.
Among tourists, multimodal travel routes are most common on weekend nights (00:00–01:59) and weekday evenings (20:00–23:59); On weekday mornings (06:00–09:59), a small number of different modes of transport are mainly used, which may be due to the fact that routes on weekday mornings are already known and planned, and there is no room for spontaneity (and, accordingly, for the use of different modes of transport).



[bookmark: _Toc215157938]Figure 3.1. In-city travel modes used by residents vs. tourists:



[bookmark: _Toc215157939]Figure 3.2. Average number of in-city travel modes used - among residents vs. tourists:



[bookmark: _Toc215157940]Figure 3.3. Average number of in-city travel modes used by hour of day - working day vs. weekend (residents):

[bookmark: _Toc215157941]Figure 3.4. Average number of in-city travel modes used by hour of day - working day vs. weekend (tourists)
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Residents mainly go to work (39.1%) and shopping (15.4%) (see Figure 3.5). Tourists mainly travel to visit tourist attractions/sightseeing (39.1%), as well as for social activities/leisure (14.1%), shopping (11.9%) and family-related trips (11.1%).
The majority of residents and visitors travel alone (78.9 %), while only 21.4 % of tourists travel alone; tourists often travel with their spouse/partner (44.7%) or with children (30.0%) (see Figure 3.6). Travelling with friends or colleagues is more common among tourists (10.0% and 5.2%) than among residents (4.6% and 3.6%). Overall, MaaS offerings should include group and family tickets, especially for tourists.
The choice of transport varies depending on who the respondents are travelling with. For example, families with children and those travelling with their spouse/partner are more likely to choose a car (55% of all modes), while walking is popular with closest relatives (siblings), friends and other relatives (around 36-41%). Public transport – buses and trams – is more often used when travelling alone or with colleagues, which corresponds to daily commutes. Public transport is also more often used when travelling with children, other relatives or friends/roommates. Micromobility ((e‑)bike, (e‑)scooter) is more popular when travelling with closest relatives (siblings) or friends. Micromobility devices are least commonly used when travelling with children or a spouse/partner.
Private cars are the first choice for almost all trip purposes (around 34-50%), especially for trips to work (50%), educational institutions (48%) and family-related trips (47%) (see Figure 3.8). 
Walking is the second choice for holidays/sightseeing (31%), social activities/leisure (28%) and shopping (22%), which indicates good pedestrian accessibility for these purposes.
Public transport is particularly important for trips to educational institutions (39%), sports/physical activities (31%), trips to work (25%) and from work (30%).
Micromobility is more commonly used for social activities/leisure (12%), exercise/workouts (8%) and commuting to work (7%).
Car sharing is most often used for social activities/leisure (3%).
The destinations and travel companions of residents and tourists differ more than the modes of transport. Residents mainly make functional trips (work, shopping) and often travel alone. Tourists more often travel with a partner or family and choose leisure and nightlife activities. Therefore, MaaS offerings should be designed according to purpose:
· Daily travel packages for residents: car (own with parking or car sharing) and public transport.
· Leisure packages for tourists: walking + (e-)scooter + access to attractions (guides, discounts).
[bookmark: _Toc215157942]

Figure 3.5. In-city trip purpose - residents vs. tourists (all respondents)




[bookmark: _Toc215157943]Figure 3.6. In-city travel companions - residents vs. tourists



[bookmark: _Toc215157944]Figure 3.7. In-city travel mode used - by travel companion



[bookmark: _Toc215157945]Figure 3.8 In-city travel mode used - by trip purpose



[bookmark: _Toc215826307]Distribution of travel by time of day
On weekdays, the rhythm of residents' travel is classic: a sharp increase in activity between 7:00 and 8:59 a.m., a second peak in activity between 17:00 and 17:59, while at lunchtime the intensity of movement remains moderate (see Figure 3.9). Night-time travel among residents is minimal.
At weekends, travel activity evens out: the morning peak (7:00–8:59 a.m.) remains, and trips continue late in the morning and at lunchtime (10:00–12:59), with slightly higher activity in the evening hours.
The tourist travel patterns differ from those of residents (see Figure 3.10). On weekdays, activity is moderate in the early morning, with peak intensity beginning around 10:00 and remaining high until 13:59, without a marked increase in activity in the evening hours. At night, tourists move around more frequently than residents (see Figure 3.10).
At weekends, movement activity between 10:00 and 10:59 is even higher and remains at an elevated level until 16:00. In general, residents travel more to/from work with classic activity peaks, while tourists travel later in the morning, starting at 10:00, travel evenly throughout the day and continue to travel at night.

Cars are the main mode of transport throughout the day, especially during peak travel times in the morning and evening (see Figure 3.11). Buses are used more frequently in the morning (until 8:15 a.m.), after which their role declines. Trams are most popular at lunchtime (12:15-14:15). Walking increases from 15% (08:30-10:00) to 31% (18:30-23:45). The share of micromobility fluctuates between 6% and 9%, with (e‑)bikes being used more often than (e‑)scooters. (E-)bike use is higher in the morning (06:45–08:15) and in the afternoon/evening from 16:30 to midnight. 
The proportion of taxi use is low throughout the day, increasing slightly in the evening (from 18:30 onward).
During the night and early morning (00:00–06:30), respondents are more likely to take trips for holidays/sightseeing (see Figure 3.12). In the morning (06:45-08:15), trips to work dominate (71%). Between 08:30 and 10:00, the proportion of work trips decreases to 36%, while shopping trips increase to 15% and holidays/sightseeing trips to 20%. Between 10:15 and 16:15, the proportion of social/leisure and family-related trips increases (to around 12%), while shopping and holidays/sightseeing trips remain stable. After 16:30, most trips are to return to accommodation (36–45%), often combined with shopping (11–16%), leisure (10–16%) and holidays/sightseeing (11–17%).

At night and in the early morning (00:00–06:30), respondents are more likely to travel with their spouse/partner (42%) and children (29%). During the morning rush hours (06:45–08:15), journeys are almost always done alone (79%) (see Figure 3.13). During the day (08:30–16:30), the proportion of individual trips decreases, while trips with spouses/partners and children increase (~20–37%). From 10:15 onward, trips with friends become more common. Between 16:30 and 18:15, solo travel again predominates; after 18:30, respondents more often travel with a spouse/partner and with friends.

In the early morning and morning (00:00–06:30 and 08:30–10:00), more than 60% of trips continue to another location (see Figure 3.14). In the middle of the day (10:15–14:15), the proportion of continued journeys remains above 50%. In the late afternoon and evening, however, only 33–50% of journeys are continued, as they are more often final destinations (return to home/accommodation or arrival at the planned destination). 





[bookmark: _Toc215157946]Figure 3.9 Hourly distribution of trips - working day vs. weekend (residents )




[bookmark: _Toc215157947]Figure 3.10 Hourly distribution of trips - working day vs. weekend (tourists)



[bookmark: _Toc215157948]Figure 3.11 Travel mode share - across grouped hour ranges




[bookmark: _Toc215157949]Figure 3.12 In-city trip purpose - across grouped hour ranges



[bookmark: _Toc215157950]Figure 3.13 Travel companion - by time‑of-day block


[bookmark: _Toc215157951]Figure 3.14 Went to another place after this visit - by time‑of-day block
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Residents on weekdays usually make medium-length trips (12–20 minutes), with some longer trips late in the evening (e.g. around 40 minutes between 22:00 and 22:59) (see Figure 3.15). On weekends, journeys become longer at lunchtime and in the afternoon (11:00–15:59, 23–25 minutes on average) and again late in the evening (around 30 minutes between 20:00 and 22:59). This indicates that the longest trips are concentrated outside working hours and reflect leisure activities.
The duration of tourist trips is more variable and often longer (see Figure 3.16). On weekdays, they often exceed 20 minutes, with peaks between 07:00 and 07:59, 15:00 and 15:59, and 20:00 and 20:59, when the duration reaches 15–26 minutes. At weekends, journeys are even longer: in the afternoons, they consistently exceed 29 minutes, reaching 32 minutes between 17:00 and 17:59.
Overall, these differences reflect more time-efficient travel by residents and relatively slower travel by tourists.
Tourists use almost all modes of transport for longer than residents (see Figure 3.17). The most pronounced differences are car – 25 minutes (compared to 14 minutes for residents); walking – 21 minutes (compared to 15 minutes); taxi – 21 minutes (compared to 16 minutes). The only exception is car sharing – residents use it rarely, but when they do, the average trip lasts 29 minutes, while tourists' trips with shared cars last an average of 11 minutes. (E‑)bike, (e‑)scooter, bus and tram journeys are slightly longer for tourists, but the differences are not as pronounced.
The destination affects the duration of the trip. For residents, trips are usually short (~14-20 minutes), but they are longer for holiday/sightseeing trips on weekdays (22 minutes) and family-related trips on weekends (23 minutes) (see Figure 3.18).
Tourist trips are longer for most destinations: work/education – 21–22 minutes (compared to 14–15 minutes for residents), shopping – 20–24 minutes (compared to 13–14 minutes), holiday/sightseeing – 23–28 minutes (compared to 18–22 minutes) (see Figure 3.19).
Trip duration is also influenced by the presence of travel companions. Residents' journeys usually last 14–20 minutes but are longer when travelling with siblings (24 minutes) and with a spouse/partner on weekdays (21 minutes); with children on weekends – up to 29 minutes (see Figure 3.20). For tourists, journeys are consistently ~20–24 minutes regardless of fellow passengers; the longest are with friends (30 minutes on weekends) (see Figure 3.21). Trips with parents on weekdays are usually shorter (~13 minutes), but the sample size is small and the results should be interpreted with caution.




[bookmark: _Toc215157952]Figure 3.15 Average trip length(minutes) by hour of day - working day vs. weekend (residents )



[bookmark: _Toc215157953]Figure 3.16 Average trip length(minutes) by hour of day - working day vs. weekend (tourists)




[bookmark: _Toc215157954]Figure 3.17 Average in-city trip length (minutes) by travel mode - residents vs. tourists




[bookmark: _Toc215157955]Figure 3.18 Average in-city trip length (minutes) by purpose - working day vs. weekend (residents)



[bookmark: _Toc215157956]Figure 3.19 Average in-city trip length (minutes) by purpose - working day vs. weekend (tourists)




[bookmark: _Toc215157957]Figure 3.20 Average in-city trip length (minutes) by travel companion - working day vs. weekend (residents )



[bookmark: _Toc215157958]Figure 3.21 Average in-city trip length (minutes) by travel companion - working day vs. weekend (tourists)
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This section looks at what app and subscription-based transport options respondents use, how familiar residents and tourists are with the concept of MaaS, and what their attitudes are towards statements characterising the use of MaaS.
Both residents and tourists most often use navigation apps (around 50% in each group) (see Figure 4.1). Residents use public transport information and ticket apps (e.g. the “Liepājas city” app) much more frequently (51% vs. 12% of tourists), as well as parking assistance apps (e.g. Mobilly) (25% vs. 16%), as well as real-time traffic and route planning tools (e.g., “Liepājas city”) (19% vs. 6%). Similarly, residents use ride-hailing apps (e.g. Bolt Taxi, TAXI Liepāja, Taxi Tesla, etc.) more often (18% vs. 13%).
Tourists use taxi booking (19% vs. 12%) and car-sharing apps (e.g., CityBee, Bolt) (15% vs. 11%) slightly more often, both services reflecting short-term, flexible mobility needs. Micromobility apps are used less frequently by both groups (≤ 6%). On-demand travel booking services (e.g. shuttle bus, intercity/international bus, train) are used similarly by both groups – around 13%. Approximately 19% of respondents do not use any of the services available in mobility apps.
Residents use public transport passes more often: buses – 25% (compared to 19% of tourists) and trams – 16% (compared to 11%) (see Figure 4.2). Residents also buy individual tickets more often – 20% (compared to 14%). 
Tourists, on the other hand, rely more often on private transport – 41% (compared to 33% of residents). Tourists are more likely to have car-sharing subscriptions – 12% (compared to 3%), and they are slightly more likely to use (e‑)bike and (e‑)scooter subscriptions – both 4% (compared to around 2% of residents).
Respondents' awareness of the concept of MaaS is low: more than half (around 54%) are not familiar with it, and around a quarter are only slightly familiar with it (see Figure 4.3). 18% say they are moderately familiar with it, but only around 4% say they are extremely familiar with it. The differences between residents and tourists are minimal.
Of those respondents who are familiar with the concept of MaaS, 40% of residents and 34% of tourists have used MaaS in their city; while around a third – 37% of residents and 33% of tourists – have never used it (see Figure 4.4).
Preferences for the duration of MaaS plans differ significantly between the groups. Residents divide their choices between daily plans (39%) and monthly plans (38%), reflecting a balance between flexibility and long-term needs (see Figure 4.5).
Tourists overwhelmingly prefer short-term options: daily plans (46%) and three‑day plans (29%); weekly plans are chosen by 17%. This distribution corresponds to different mobility contexts – residents need sustainable, everyday solutions, while tourists need short and convenient ones.

Attitudes towards the benefits of MaaS are positive but cautious (see Figure 4.6). Most respondents agree with the statements that MaaS provides multiple travel mode options (63.7% agree/strongly agree) and increases flexibility in planning (58.2%). More than half agree that MaaS could enhance travel happiness (52.8 %) and help to use time more efficiently (53.2 %).
Approximately 45-47% agree that MaaS could improve accessibility, increase productivity or reduce travel time on daily trips, but a significant proportion opt for a neutral assessment (around 36-43%). Only 47.1% agree with the statement that MaaS would reduce the environmental footprint of transportation, while around 39% are neutral.
The greatest willingness to use MaaS solutions is in situations where MaaS helps to save time on daily commutes (59.1% agree/strongly agree), ensures safe and secure travel (55.0%) and reduces monthly costs (56.0%) (see Figure 4.7). The proportion of neutral responses remains significant (28–32%), while disagreement with each of the benefits mentioned is low (≈12–15%). 


[bookmark: _Toc215157959]Figure 4.1 Which app‑based services do you use for your transportation? 


[bookmark: _Toc215157960]Figure 4.2 Do you have any public transport or sharing service memberships (e.g. monthly subscriptions)?


[bookmark: _Toc215157961]Figure 4.3 How familiar are you with the concept of MaaS (Mobility as a Service)?


[bookmark: _Toc215157962]Figure 4.4 Have you ever used a MaaS service?


[bookmark: _Toc215157963]Figure 4.5 Preferred plan duration: residents vs. tourists




[bookmark: _Toc215157964]Figure 4.6 Do you agree that MaaS would…:





[bookmark: _Toc215157965]Figure 4.7 Would you use MaaS…:
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[bookmark: _Toc215826311][bookmark: _Toc210407453][bookmark: _Toc210853427]MaaS plan choice by price level (relative to market price) across subgroups
Tourists choose MaaS plans more often than residents at most price thresholds, except for a 20% discount and a 60% markup (see Figure 5.1).
65.5% of tourists and 55.3% of residents would choose a MaaS plan if it had a 60% discount. Approximately the same number (64.6%) would also choose the MaaS plan if it had a 40% discount, but only 47.4% of residents would choose the MaaS plan at this price. Tourists are also more likely to choose a MaaS plan if it is offered at market price (52.8% compared to 38.5% of residents).
Tourists' choice does not change significantly between a 40% and 60% discount (the choice is around 65-66%), which means that it is not necessary to lower the price of the plan below 40% of the market price (comparing the price of the package with the purchase of individual components). The choice of residents at 20% and 40% discounts is the same – around 47%, which indicates that residents do not expect a significantly higher discount than 20%.
When the price is at the same level as the market price, residents' choice is ~38%, but at a 60% markup it drops to ~35%. Thus, about one-third of residents are relatively insensitive to price, and for them, the convenience or value provided by MaaS exceeds the sum of the individual components.
Tourists, on the other hand, react strongly to price: at the market price, ~53% choose the MaaS plan, but at 60% it is ~34%. At the same time, similar to residents, about one-third of tourists remain less sensitive to price, preferring the combination of options included.

Monthly transport expenses influence the choice of MaaS plan (see Figure 5.2). Households with transport expenses ≥ €81 per month most often choose MaaS at the lowest price (–60% discount): 70.2%. As the price increases, the choice of MaaS plans decreases to ~40–48%, and there is relatively little response in the price range from a 40% discount (42%) to a 60% markup (40%). Thus, this group is generally willing to choose a plan even at higher prices, but large discounts significantly increase demand.
Households with lower transport expenses ≤ €30 show less interest (~42–59%). However, the choice of MaaS plan at a 20% discount is similar to the choice at a 60% discount, which shows that low price alone is not decisive; the content/functionality of the MaaS plan is important.
In the €16–30 expenditure group, plan selection remains at ~42–47% regardless of price, as long as the markup does not exceed 40% of the market price; if the markup reaches 60%, selection falls to 29%. 
Accordingly, we conclude that–apart from deep discounts–respondents place greater weight on the MaaS plan’s content (included services and convenience features) rather than on price as the sole decision criterion.

The choice of a MaaS plan is most influenced by the use of mobility apps: active users at all price levels choose the MaaS plan significantly more often than those who do not use mobility apps (see Figure 5.3). Respondents who do not use mobility apps choose MaaS plans less often: 47% of cases at a 60% discount and 44% at a 40% discount. At other price levels, their behaviour is similar to that of other groups.
Customers of on-demand ride-hailing apps (e.g. shuttle bus, intercity/international bus, train) choose MaaS plans more often than customers of other apps, regardless of price: 76% of cases at a 60% discount, at market price – 53%, and at a 60% markup – 43%. The next group that chooses MaaS plans more often than others are taxi booking app users: 65% of cases with a 60% discount, 49% at market price, and 43% with a 60% markup.
Customers of micro-mobility sharing apps most often choose MaaS plans with discounts: 81% of cases with a 60% discount, 77% with a 40% discount, and 44% with a 20% discount. MaaS plan choice remains unchanged even when the price is 20–40% higher than the market price. Thus, if the MaaS price is at least 20% lower than the market price, demand in this group almost doubles; otherwise, it is similar to the indicators of other groups.
Respondents who use parking assistance apps (e.g. Mobilly) and public transport information and ticketing apps (e.g. “Liepāja city”) are less likely to choose a MaaS plan, even when discounts of 40% and 60% are offered. This means that the group that uses these apps less frequently can only be motivated by price reductions.
Discounts have the most effective impact on active car sharing and micro-mobility sharing app users. In most cases, reducing the price from a 40% discount to a 60% discount only provides a small additional benefit; more moderate discounts from the market price are sufficient. A markup of up to 60% reduces the share of choice to ~27-34%, so prices above the market price should be applied with caution. Users of on-demand ride booking and taxi booking services choose MaaS plans more often than others, even at higher prices – these are priority target segments.

The choice of MaaS plan varies significantly depending on the use of public transport and shared service subscriptions (see Figure 5.4). 83–92% of e‑scooter and (e‑)bike sharing subscription users choose a MaaS plan with a 60% discount. In contrast, respondents who only use private vehicles, as well as those who prefer to book each trip separately, choose a MaaS plan with a 60% discount in only 56-60% of cases.
56-60% of e‑scooter sharing subscription users would also choose a MaaS plan if the price were 60% higher than the market price. This means that the combination with other modes of transport is particularly valuable to this group.
Existing public transport (tram, bus) and car-sharing subscription users choose MaaS plans in a relatively similar way: 41–45% if the MaaS plan price is 60% higher than the market price, and 63–74% if the price is below the market price. The only significant difference is the choice at market price: 62% of bus and 64% of car-sharing subscription users would choose MaaS plans, but only 49% in the case of trams. This may be influenced by the location of tram routes closer to the city centre, where there are more transfer options that are already easily accessible.
Discounts should focus on shared subscription users, especially e‑scooter and (e‑)bike shared subscription holders, where discounts result in a ≥ 20-30 percentage point increase in plan selection. Their choice can be increased by including additional minutes at a lower price than they are currently available separately. For groups that prefer only personal transport or purchase each trip on separately, price incentives work less well; even with large discounts, the choice remains lower, so for these segments the emphasis should be on the content and convenience of the offer.

The choice of a MaaS plan is significantly influenced by awareness of MaaS: the greater the awareness, the higher the choice of MaaS plans at all price levels (see Figure 5.5). The biggest differences can be seen at a 60% markup: 77% of respondents who are extremely familiar with MaaS would choose the plan even at this price level, while only 28% of those who are not familiar with MaaS would do so.
Overall, the group that is extremely familiar with MaaS is less price‑sensitive: the choice of MaaS plans between a 60% discount and a 20% discount varies little (88% vs. 83%). In contrast, in the group that is not at all familiar with MaaS, each price increase reduces the choice of MaaS plans – from 54% (with a 60% discount) to 28% (with a 60% markup). Among groups with moderate or limited familiarity with MaaS, the rate of choosing a MaaS plan lies between the two extremes.
Targeted information and communication significantly increase both the likelihood of choosing a MaaS plan and the willingness to pay for it.

The lowest income group (“much less than the average”) is the least likely to choose a MaaS plan: 52% of cases at a 60% discount, 46% at market price, and 27% at a 60% markup (see Figure 5.6).
In turn, the groups "slightly less than the average" and "about the same as the average" choose MaaS plans most often on average – both at a 60% discount (63–64% of cases), at a 20% markup (46–49%), and at a 60% markup (42–48%). The relatively low price elasticity of these groups when the service becomes more expensive than the market price indicates that accessibility and convenience are more important to them than the price difference itself.
In higher income groups, the choice of a MaaS plan at low prices (40% or 60% discount) is similar to that in middle- and lower-income groups, but as the price increases, the choice of MaaS decreases: at a 60% markup, 24% of respondents having income much more than the average and 31% having income slightly more than the average choose MaaS plans. Thus, the higher income group is not willing to pay extra for convenience, but would gladly use MaaS plans if they offer financial benefits.

MaaS plans at market price are most often chosen by respondents who visit Liepāja for study/education purposes (63%) or to attend an event (67%) (see Figure 5.7). The lowest demand for MaaS plan at market prices is among respondents who visit Liepaja for medical/health reasons (20%), religious purposes (33%) or other reasons (25%).
100% of respondents who visit Liepāja for study/education or medical/health reasons choose MaaS plans if they have a 60% discount.
Among respondents visiting for leisure, MaaS plan choice is price-sensitive: 66–68% choose it at 40%–60% discounts, 53% at the market price, and 30% at a 60% markup. 
50–70% of those visiting Liepāja for nature/outdoor activities choose a MaaS plan regardless of price. Their choices regarding MaaS plan are not directly price-driven, and uptake is even higher at some higher price points.

The choice of MaaS plan varies depending on the type of transport used in the city. At market price, MaaS plans would most often be chosen by public transport users (52%) and (e‑)scooter users (59%), but least often by cyclists (26%) (see Figure 5.8). At market price, 40-43% of car-sharing customers, car users and pedestrians would choose a MaaS plan.
Discounts below 40% offer only a small additional benefit to car users (58% choose a 60% discount, but only 53% choose a 40% discount), so discounts greater than 40% are not effective for this group.
For public transport users, demand versus price is relatively stable (the difference between choosing the MaaS plan at a 60% discount and the market price is only 9 percentage points), so the content and convenience of the plan play a greater role than discounts. For existing car users and pedestrians, demand depends on price – with each price increase, the choice of an MaaS plan in these groups decreases:
· Car users: 58% choose MaaS plans at a 60% discount, 40% at market price, and 32% at a 60% markup.
· Pedestrians: 62% choose MaaS plans at a 60% discount, 41% at market price, and 32% at a 60% markup.
Public transport and (e‑)scooter users often choose a MaaS plan at market price – 52% and 59% respectively; cyclists need discounts of up to ~40%. Initially, car users can be attracted with a discount of around 40%.

At market price, MaaS plans are most often chosen for social/leisure trips (56%), holidays/sightseeing (50%) and exercise/workout or family trips (both 43%). MaaS plans are least often chosen for regular commute to work (34%) and to educational institutions (37%) (see Figure 5.9).
Additionally, for social/leisure, holiday/sightseeing, or family trips, the choice of a MaaS plan is strongly price-sensitive: it falls from 64–70% of cases at a 60% discount to 43–56% at the market price, and to 30–40% if the MaaS plan has a 60% markup.
On the other hand, the choice of MaaS plans for commuting to work and educational institutions, although lower, does not change significantly depending on the price (at a 60% markup, it is similar to the choice at market price). The situation is similar for shopping / trips – the choice of MaaS plans at market price is similar to that at a 60% markup. In these situations, it is the suitability of the modes of transport and conditions included in the MaaS plan to specific needs that is decisive, rather than discounts.

When travelling alone, discounts have little influence on the choice: 39% choose MaaS plans at market price, while 35% choose it at a 60% markup (see Figure 5.10).
At market price, MaaS plans are most often chosen when travelling with a colleague/classmate (50%), spouse/partner (50%) and children (48%), and least often with siblings or other relatives.
When travelling with children, the choice of MaaS plans is strongly dependent on price: 71% of cases choose the MaaS plan at a 40% discount, 48% at market price, and 31% at a 60% markup. When travelling with parents, the choice of MaaS plans is least dependent on price: the choice at market price is similar to that at a 60% markup.


[bookmark: _Toc215157966]Figure 5.1 MaaS plan choice by price level relative to market price - residents vs. tourists




[bookmark: _Toc215157967]Figure 5.2 MaaS plan choice by price level relative to market price - across monthly transport spending groups




[bookmark: _Toc215157968]Figure 5.3 MaaS plan choice at price levels relative to market price - across app-based transport services used
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[bookmark: _Toc215157971]Figure 5.6 MaaS plan choice at price levels relative to market price - across household income groups




[bookmark: _Toc215157972]Figure 5.7 MaaS plan choice at price levels relative to market price - the main reason for visiting Liepaja
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[bookmark: _Toc215157974]Figure 5.9 MaaS plan choice at price levels relative to market price - in-city trip purpose


[bookmark: _Toc215157975]Figure 5.10 MaaS plan choice at price levels relative to market price - in-city travel companions


[bookmark: _Toc215826312]MaaS plan choice by scenario content - pre-defined MaaS plans
The choice of a MaaS plan in scenarios with a predefined plan composition is higher among tourists than among residents (see Figure 5.11). With a 60% discount, the MaaS plan is chosen by around 48% of tourists and around 26% of residents. At market price, the figures are 28% and 19% respectively; at a 20% markup, 26% and 16%. At a 60% markup, interest in both groups drops to around 16-17%.

At all price levels, respondents most often choose three-day plans – from 56% at a 60% discount to 33% at a 60% markup (see Figure 5.12). The second most popular choice is weekly plans – from 41% at a 60% discount to 19% at a 60% markup. The least popular choices are daily plans (from 35% to 12%) and monthly plans (from 25% to 12%).
Interest in daily and weekly plans decreases as the price increases, while demand for the three-day plan is relatively high and does not decrease significantly up to a 40% markup – the choice (around 42–44%) is similar to that for the market price and a 20% discount. Daily and monthly plans are most often chosen when they are offered at a 40% discount; larger discounts offer only a small additional benefit (for example, 35.3% choose a daily plan with a 60% discount, but only 31.5% choose one with a 40% discount).

The choice of a MaaS plan at market price is: 23% if public transport is not included; 22% if its use is included at low usage intensity; 20% if medium; 22% if very high usage intensity; and, as an exception, the choice of a MaaS plan with high public transport use intensity reaches 30% (see Figure 5.13).
Respondents most often choose MaaS plans with very high public transport usage intensity and large discounts: 39% choose MaaS plans at a 40% discount, 46% at a 60% discount, and 32-33% at a 20% discount and a 40% markup. If public transport is not included or is included at a low usage level, no more than 31% of respondents choose MaaS plans, regardless of the price.
If public transport is not included, the choice of MaaS plans is less dependent on price: at a 20% discount, market price and 20% markup, the share choosing a MaaS plan is similar (~21–25%).
Overall, the more public transport is represented in the MaaS plan, the more often it is chosen at different price levels.

At the market price, the choice of a MaaS plan is similar across e-scooter presence/usage levels (~20–24%), but the response to price differs: at a 60% discount, plans with a high e-scooter usage level are chosen in 50% of cases, whereas plans with a low usage level are chosen in 37% (see Figure 5.14). Overall (when evaluating the entire price range), MaaS plans that include low usage intensity e‑scooter use are more popular.
Because differences between scenarios are small at the market price, pricing decisions should be anchored in plan content and convenience (e.g., transfer rules, rollover of unused minutes). E-scooters are best positioned as an optional add-on.
Including an (e-)bike in a MaaS plan affects the choice of a MaaS plan in different ways. At the market price, choice of MaaS plans is similar (~20–26%) regardless of the included minutes; however, the response to price changes is the opposite: with a 60% discount, MaaS plans with the maximum (e-)bike usage level are chosen in 50% of cases, whereas MaaS plans with a low (e-)bike usage level at the same discount is chosen in 25% (see Figure 5.15).
Overall (when evaluating the entire price range), MaaS plans with low or medium (e‑)bike usage intensity are more popular. A price reduction of 20% or 40% of the market price increases the popularity of these plans by ~20–25%.
For MaaS plans with a very high (e-)bike usage level, a higher per-minute price can be applied: increasing the price from a 20% to a 60% markup reduces the choice of a MaaS plan by only about 3 percentage points.
The impact of (e‑)bikes is not linear, so its significance is weaker in the modelling results, and for practical implementation it is advisable to consider two versions of the MaaS plan: 1) low usage intensity + higher per-minute discount for users who are new to (e‑)bikes, and 2) very high usage intensity at market price for those for whom (e‑)bikes are already one of the main modes of transport.

The choice of MaaS plan varies depending on the presence of ride-hailing (taxi) in the plan: at the market price, the choice of MaaS plans with taxi service is ~20–30%, whereas the response to discounts/markups differs markedly (see Figure 5.16). In scenarios where taxi services are not included (MaaS plan choice is driven by other attributes) and where taxi services are included at a very high usage level, such MaaS plans are chosen in 25% of cases at a 60% discount and in 19% at a 60% markup. This indicates a niche segment (~20%) that values high taxi allowances despite per-kilometre costs.
Across the full price range, MaaS plans with a low included taxi allowance are chosen most often; for this plan, a moderate price reduction to a 20% discount increases the choice of a MaaS plan by ~27 percentage points. 
As with e-scooters and (e-)bikes, two MaaS plan types emerge: (1) a small kilometre allowance at a 20% discount to the market price; and (2) a large kilometre allowance at the market price or with a slight markup.

The choice of MaaS plan is significantly influenced by the presence and intensity of car sharing services. The choice of MaaS plan with low car sharing usage level is independent of price – with a 20% discount such plans are chosen in 25% of cases, and with a 60% mark-up in 24% of cases (see Figure 5.17). Interest in MaaS plans having a high car sharing usage level increases with discounts (e.g. 44% of cases with a 60% discount).
Even for MaaS plans with a very high car-sharing usage level, the choice of such MaaS plan is stable regardless of price: 26% choose such a plan at a 40% discount and 19% at a 60% markup.
As with other modes, choice is higher for MaaS plans with a low included car-sharing kilometre allowance. Unlike other modes, however, the choice of a MaaS plan is virtually unchanged when the included kilometre allowance or the price changes; therefore, two plans can be offered—one with a small included kilometre allowance and one with a large allowance—without needing to discount the included kilometres.
Each mode has its own core user base: these users choose MaaS plans with very high usage of the respective mode, even at higher prices, whereas the majority prefer plans where that mode is available at a low usage level.

If no rollover of unused allowance is offered, the choice of MaaS plans is relatively high with small discounts (see Figure 5.18). However, when 50-100% rollover of unused allowance is offered, the choice of MaaS plans increases significantly at discounts starting at -40%, with around 32-40% of respondents choosing such plans. 
At the same time, the choice between 50% and 100% rollover of unused allowance does not change significantly once the price is at least 20% below the market price; moreover, in such circumstances, MaaS plans with 100% rollover of unused allowance are chosen more often. Overall, the higher the proportion of unused allowance carried over, the lower the impact of price (if it is not less than -20% of the market price).


[bookmark: _Toc215157976]Figure 5.11 MaaS plan choice by price level relative to market price - pre-defined MaaS plans (residents vs. tourists)




[bookmark: _Toc215157977]Figure 5.12 MaaS plan choice by price level relative to market price - by chosen plan term (pre-defined MaaS plans)




[bookmark: _Toc215157978]Figure 5.13 MaaS plan choice by price level relative to market price - by public transport usage intensity in the scenario (pre-defined MaaS plans)



[bookmark: _Toc215157979]Figure 5.14 MaaS plan choice by price level relative to market price - by e‑scooter presence/ usage intensity in the scenario (pre-defined MaaS plans)




[bookmark: _Toc215157980]Figure 5.15 MaaS plan choice by price level relative to market price - by (e‑)bike presence/usage intensity in the scenario (pre-defined MaaS plans)




[bookmark: _Toc215157981]Figure 5.16 MaaS plan choice by price level relative to market price - by taxi presence/usage intensity in the scenario (pre-defined MaaS plans)




[bookmark: _Toc215157982]Figure 5.17 MaaS plan choice by price level relative to market price - by car-sharing presence/usage intensity in the scenario (pre-defined MaaS plans)




[bookmark: _Toc215157983]Figure 5.18 MaaS plan choice by price level relative to market price - by data rollover percentage in the plan (pre-defined MaaS plans)




2.1 [bookmark: _Toc209389139][bookmark: _Toc215826313]MaaS plan choice by scenario content - self-configured MaaS plans
Almost all respondents choose their own MaaS plans, in which they determine the content and scope of the plan. 
At market price, 91% of tourists and 89% of residents choose their own plan; even with a 60% markup, the choice of plan remains high - 86% of tourists and 92% of residents choose it (see Figure 5.19).

Daily, three-day and monthly plans are more often chosen at a 60% markup than at a 60% discount – 90% versus 81% (daily plans), 93% versus 84% (three-day plans) and 90% versus 70% (monthly plans). This indicates that price is not the most important selection criterion (see Figure 5.20).
The choice of a weekly plan is partly dependent on price: it is more often chosen at a 20% markup (95%) than at a 60% markup (77%).
Regardless of price, shorter plans – daily and three-day – are most often chosen, while two-week and monthly plans are less common, even in situations where respondents create their own MaaS plans. This may indicate that respondents are less willing to invest a larger amount for a longer period.

Although respondents put together their own plans, the final choice varies significantly depending on the inclusion of public transport and its intensity (see Figure 5.21). If public transport is excluded or included only at a low usage level, the choice of MaaS plan is lower than when public transport is included at a high or very high usage level:
· At a 60% discount: 65% choose a MaaS plan without public transport; if public transport is included at a low usage intensity, 78% choose it; if at a high usage intensity, 81% choose it; if at a very high usage intensity, 80% choose it.
· At a 60% markup: 67% choose their own MaaS plan without public transport; if included at low usage intensity – 80%, if at high or very high usage intensity – 92%.
Thus, even if respondents initially do not include public transport or include it at a low usage level in self-configured MaaS plans, they are less likely to choose such plans in their final selection. This indicates the important role of public transport in the development of MaaS plans and in determining their attractiveness at different price levels.

If the MaaS plan includes high-intensity use of e‑scooters, then at market price or a 20% markup, 67% choose the self-configured MaaS plan, but with a 20% discount, 89-91% choose the plan (see Figure 5.22).
If the MaaS plan includes low-intensity use of e‑scooters, the MaaS plan is chosen less frequently – 73–78% choose it with discounts. Plans without e‑scooters are chosen by 77–90% (with discounts), 91% (at market price) and 92–96% (with a markup). There is also a high proportion of choices in plans that include e‑scooter use at medium intensity – 95–100% if the offer is at or above market price.
MaaS plan is less frequently chosen in situations where e‑scooters are included for "safety" (at low usage intensity) or in very large quantities at or above market price. On the other hand, MaaS plans are more popular when e‑scooter use is not included in the plan at all, is included at medium usage intensity, or is included at high usage intensity in plans with at least a 20% discount. Overall, 62% of self-configured MaaS plans exclude e-scooters, and fewer than 4% include e-scooter use at a high or very high usage level.

The inclusion of (e‑)bikes at high, very high or maximum usage intensity leads to a higher rejection rate of self-configured MaaS plans: at market price, such plans are chosen by an average of 85%, but at a 60% markup, only 57% (see Figure 5.23). In contrast, the proportion of plans with lower (e‑)bike usage intensity included at market price is 90-100% of cases, but at a 60% markup, it is 71-96%. Thus, a high number of (e‑)bike minutes included (initially chosen by around 12% of respondents) is less likely to be repurchased than plans with fewer minutes or no (e‑)bike included.

A similar situation can be observed in the case of taxis: if taxis are included at a high/very high usage level, the choice of a MaaS plan averages 76% at the market price and 89% at a 60% markup (see Figure 5.24). By contrast, for MaaS plans with a lower taxi usage level, choice is 86–95% of cases at the market price and 86–91% at a 60% markup. Therefore, if the initially included taxi kilometre allowance is high (an option initially selected by around 11% of respondents), then even when such a MaaS plan is chosen, repeat purchases are likely to be less frequent than for MaaS plans with fewer kilometres included, or with no taxi component.

The inclusion and usage level of car sharing influence the final choice of a MaaS plan created by respondents. Respondents most often choose MaaS plans that exclude car sharing (93–94% at the market price or higher) or that include car sharing at a high usage level (83–100% at the market price or higher). By contrast, when the self-configured plan includes car sharing at very high, medium, or low usage levels, respondents are more likely to reconsider their initial choice (see Figure 5.25). For the initial MaaS offering, it is advisable to clearly separate MaaS plans without car sharing from MaaS plans with a high usage level, and to offer plans with a small initial kilometre allowance plus a flexible add-on.

Respondents more often choose plans with rollover of unused allowance, and the higher the price, the more often such plans are chosen: for example, in the case of 100% rollover of unused allowance, the choice is 77% at a 60% discount and 92% at a 60% markup (see Figure 5.26). A 50% rollover of unused allowance is chosen least often; it is chosen more often when the prices of the services offered have a 60% discount.
Rollover of unused allowance can be used as a significant price differentiation factor: 
· if the amount (for example, minutes, kilometres, trips) is small and a discount is offered, the allowance may be partially rolled over or not rolled over at all;
· if the amount is large and the price is around or above the market price, it is recommended to use 100% rollover of the unused allowance to the next period.


[bookmark: _Toc215157984]Figure 5.19 MaaS plan choice by price level relative to market price - self-configured MaaS plans (residents vs. tourists)




[bookmark: _Toc215157985]Figure 5.20 MaaS plan choice by price level relative to market price - by chosen plan term (self-configured MaaS plans)




[bookmark: _Toc215157986]Figure 5.21 MaaS plan choice by price level relative to market price - by public transport presence/usage intensity in the scenario (self-configured MaaS plans)





[bookmark: _Toc215157987]Figure 5.22 MaaS plan choice by price level relative to market price - by e‑scooter presence/usage intensity in the scenario (self-configured MaaS plans)




[bookmark: _Toc215157988]Figure 5.23 MaaS plan choice by price level relative to market price - by (e‑)bike presence/usage intensity in the scenario (self-configured MaaS plans)




[bookmark: _Toc215157989]Figure 5.24 MaaS plan choice by price level relative to market price - by taxi presence/usage intensity in the scenario (self-configured MaaS plans)





[bookmark: _Toc215157990]Figure 5.25 MaaS plan choice by price level relative to market price - by car-sharing presence/usage intensity in the scenario (self-configured MaaS plans)





[bookmark: _Toc215157991]Figure 5.26 MaaS plan choice by price level relative to market price - by data rollover percentage in the plan (self-configured MaaS plans)
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When comparing pre‑defined MaaS plans and self-configured MaaS plans, the latter are clearly more popular: self-configured MaaS plans are chosen in 74–86% of cases, while pre‑defined MaaS plans are chosen in only ~20–35% of cases (see Figure 5.27). The lower the included public transport usage level in MaaS plans, the less often a MaaS plan is chosen, in both pre-defined and self-configured MaaS plans. Pre-defined MaaS plans without public transport are chosen by 20%, while self-configured plans without public transport are chosen by 74%; however, if the plans include unlimited number of trips on public transport, pre-defined MaaS plans are chosen by 35% and self-configured plans by 86%.
If e-scooters are included in pre-defined MaaS plans at a low usage intensity, such plans are chosen more often (31% compared to 22-25% in other cases) (see Figure 5.28). 90% of self-configured plans are chosen if they include the use of e-scooters at medium usage intensity.
Pre-defined MaaS plans are chosen more often if (e-)bikes are not included (29%) or if their use is included at low usage intensity (28%) (see Figure 5.29). The choice of self-configured MaaS plans is similar, except for maximum usage intensity, where the choice of such plans drops to 78% (compared to 84-88% in other options). This shows that, after evaluating all options, respondents are less likely to choose a MaaS plan with a very strong emphasis on (e-)bikes.
Pre-defined MaaS plans are more often chosen when taxi use is included at a low usage intensity (30% compared to 22-26% in other cases). Self-created MaaS plans are less frequently chosen when maximum taxi presence has been selected in the plan (75% vs. 83-88% in other cases) (see Figure 5.30).
In the case of car sharing, the picture is similar, although the differences are less pronounced: pre-defined MaaS plans are chosen more often when car sharing is included at a low usage intensity (28% vs. 22–27%), while self-configured MaaS plans are slightly less frequently chosen when maximum car sharing usage level has been selected in advance (80% vs. 80–92% in other cases) (see Figure 5.31).
Pre-defined MaaS plans are chosen more often if 100% of unused allowance is carried over to the next period (28% vs. 24% for 50% rollover and 25% if no rollover is provided) (see Figure 5.32). In contrast, in self-configured MaaS plans, the option where the unused allowance is not carried over is more often chosen (88% vs. 83-84%), possibly because these plans are more precisely tailored to needs.
When developing MaaS services, priority should be given to user customisation options (different time frames, public transport, micro-mobility and car combinations). 100% rollover of the unused allowance is valuable and should be included in high-allowance or higher-priced plans. In the initial MaaS plans, avoid very high usage levels for any transport modes (except public transport): self-configured MaaS plan choices indicate that such plans are more likely to be dropped later (lower subsequent choice). Consequently, the MaaS plan configuration should encourage selecting several transport modes in combination, each at a low usage level, rather than concentrating allowance in one or two transport modes.


[bookmark: _Toc215157992]Figure 5.27 Choice of scenario type - pre-defined vs. self-configured, by public transport usage intensity in the scenario


[bookmark: _Toc215157993]Figure 5.28 Choice of scenario type - pre-defined vs. self-configured, by e‑scooter presence/usage intensity in the scenario


[bookmark: _Toc215157994]Figure 5.29 Choice of scenario type - pre-defined vs. self-configured, by (e‑)bike presence/usage intensity in the scenario



[bookmark: _Toc215157995]Figure 5.30 Choice of scenario type - pre-defined vs. self-configured, by taxi presence/usage intensity in the scenario


[bookmark: _Toc215157996]Figure 5.31 Choice of scenario type - pre-defined vs. self-configured, by car-sharing presence/usage intensity in the scenario


[bookmark: _Toc215157997]Figure 5.32 Choice of scenario type - pre-defined vs. self-configured, rollover percentage in the scenario




[bookmark: _Toc210407457][bookmark: _Toc210853431][bookmark: _Toc215826315]Plan sharing
Most respondents are willing to share their own MaaS plan with family or friends (see Figure 5.33). The difference between tourists (71%) and residents (68%) is small.
The willingness to share one's own plan varies with its price (see Figure 5.34): at a 60% discount, the willingness to share is highest (~26% of all respondents), at market price ~12%, and at a 60% markup ~7%. Thus, it cannot be said that a high price encourages sharing; willingness to share is higher when low prices are offered.
Of those who want to share their plan, 53% choose 1 more registered user (2 in total), 24% choose 2 more users (3 in total) (see Figure 5.35). Small groups are willing to share with 4 users (~8–9%) or 5 users (~7%). Approximately 8% would not share a self-configured MaaS plan after consideration.
With large discounts (40% and −60%), the proportion of those who initially wanted to share but ultimately decided not to share increases (see Figure 5.36). At market prices or markups, however, the unwillingness to share decreases, and people more often consolidate into groups of three or more users to share the costs.
MaaS plan sharing is attractive – approximately 70% of residents and tourists would be willing to share a subscription. This willingness remains even at market and higher prices, with small groups (2-3 users) being the most common choice. 
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Figure 5.33 Willingness to share a self-configured MaaS plan with family/friends - residents vs. tourists (self-configured MaaS plans)


[bookmark: _Toc215157999]Figure 5.34 Willingness to share a self-configured MaaS plan - by price level relative to market price (self-configured MaaS plans)


[bookmark: _Toc215158000]Figure 5.35 Preferred number of registered co-riders for a self-configured MaaS plan - residents vs. tourists (among those willing to share)




[bookmark: _Toc215158001]Figure 5.36 Preferred number of registered co-riders for a self-configured MaaS plan - by price level relative to market price (among those willing to share)
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Respondents' agreement with various statements about the benefits of MaaS influences their choice of MaaS plan.
Residents who fully agree with the statements that MaaS improves accessibility, increases overall productivity, helps to use time more effectively, reduces travel time of daily trips or enhances travel happiness, choose a MaaS plan 54-57% of the time (see Figure 5.37). If they disagree with these statements, the choice drops to 30-43%. Agreement with statements on providing multiple transport-mode options or reducing the environmental footprint of transport shows a weaker correlation with MaaS plan choice. Conclusion: personal benefits (time, convenience, happiness) increase selection more than public benefits.
MaaS plans are more often chosen by residents who would be willing to use MaaS if it provided a safe and secure travel experience or saved time on daily commutes (51–52%) (see Figure 5.38). If the motivation is mainly financial savings, the choice of a MaaS plan is less common (46%). If residents are not willing to use MaaS even if the above benefits were provided, they are also less likely to choose MaaS plans in general – only 37–43% of cases.
Improved accessibility is not the main factor for tourists: those who completely disagree with this statement choose MaaS plans even more often (58%) than those who completely agree (56%) (see Figure 5.39). The same applies to statements about more effective use of time (a difference of ~5 percentage points between ‘disagree’ and ‘agree’) and environmental footprint (~8 percentage points). Tourists are more likely to choose MaaS plans if they believe that MaaS will reduce travel time (65% "extremely agree" vs. 48% "strongly disagree") and provide multiple travel mode options (62% vs. 44%). Financial considerations have a significant impact on tourists' choices – the difference between "strongly disagree" and "extremely agree" on the statement about reducing monthly costs is ~10 percentage points (for other statements ~4–6 percentage points). Tourists value diversity and minimizing time loss, but financial savings are more important than safety and time savings.
These differences between the groups show that campaigns should emphasize different aspects (safety, time, convenience, satisfaction) than tourist offers (financial gain, variety of options, less wasted time).



[bookmark: _Toc215158002]Figure 5.37 Scenario choice rate - by agreement level (“I believe that MaaS would …”), residents 


[bookmark: _Toc215158003]Figure 5.38 Scenario choice rate - by agreement level (“I am willing to use MaaS…”), residents 




[bookmark: _Toc215158004]Figure 5.39 Scenario choice rate - by agreement level (“I believe that MaaS would …”), tourists

[bookmark: _Toc215158005]Figure 5.40 Scenario choice rate - by agreement level (“I am willing to use MaaS…”), tourists









[bookmark: _Toc215826317]Stated vs. revealed mobility: how MaaS preferences match actual travel
Comparing the content of respondents’ selected MaaS plans with their actual travel behaviour reveals a close association: the modes included in the MaaS plans align with the mobility solutions users already employ in everyday life.
MaaS plans with unlimited number of trips on public transport (very high usage intensity) are chosen by 55-71%, including those who do not use public transport on a daily basis (see Figure 5.41). Public transport forms the basis of MaaS plans.
MaaS plans that include e‑scooter sharing are more often chosen by those who already travel by (e‑)scooter (52-54% of cases) (see Figure 5.42). Only 12–50% of users of other modes of transport choose plans that include e‑scooter sharing at medium or high usage intensity. At the same time, users relatively often choose plans that include low intensity e‑scooter use (from 30% of taxi users to 67% of car-sharing users). Plans without e‑scooter sharing are more popular among existing car and public transport users, as well as pedestrians. Consequently, openness to the inclusion of e‑scooters is greater among those who already use various modes of mobility.
MaaS plans without (e‑)bikes are the most popular choice (see Figure 5.43). Existing cyclists rarely choose plans with (e‑)bike sharing at high, very high or maximum usage intensity (8-18%). In contrast, car, public transport, car-sharing and (e‑)scooter users, as well as pedestrians, choose such plans in 17–38% of cases. Overall, plans involving (e‑)bike sharing are more often chosen by users of public transport, car sharing and (e‑)scooters, as well as pedestrians, while existing car and taxi users are less interested in (e‑)bikes.
MaaS plans with a very high taxi usage level are most often chosen by existing taxi, car-sharing, and motorcycle users—61%, 67%, and 78%, respectively (see Figure 5.44). Interest is lowest among car users, (e-)bike users, and pedestrians—24%, 28%, and 31%. Public-transport users would choose MaaS plans with an included taxi kilometre allowance in 34–51% of cases.
MaaS plans with an included car-sharing kilometre allowance are less popular among (e-)bike users (17–32%) and car users (34–44%). By contrast, existing car-sharing users more often choose MaaS plans that include car sharing (38–60%). Such plans are also relatively frequently chosen by taxi users (37–56%) and public-transport users (36–51%).




[bookmark: _Toc215158006]Figure 5.41 Intensity of public-transport presence in the chosen MaaS plan - by in-city travel mode used




[bookmark: _Toc215158007]Figure 5.42 Intensity of e‑scooter presence in the chosen MaaS plan - by in-city travel mode used




[bookmark: _Toc215158008]Figure 5.43 Intensity of (e‑)bike presence in the chosen MaaS plan - by in-city travel mode used




[bookmark: _Toc215158009]Figure 5.44 Intensity of taxi presence in the chosen MaaS plan - by in-city travel mode used




[bookmark: _Toc215158010]Figure 5.45 Intensity of car sharing presence in the chosen MaaS plan - by in-city travel mode used
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[bookmark: _Toc210407461][bookmark: _Toc210853435][bookmark: _Toc215826319]Methodology
Clustering of plans created by respondents reveals choice baskets that characterise how people construct their own mobility plans based on specific price and service usage intensity choices. Clustering allows to calculate and describe such real choice baskets. It avoids calculating average values and is based on real choices rather than general attitudes.
Data preparation and feature construction. The rows are the respondent identifier and the created plan identifier. The columns are made up of features: the type of transport included in the plan, its selected allowance level, price, and rollover of unused allowance. The features are z-standardised so that different measurement scales do not affect the result.
To reduce the bias caused by the selected clustering method, we tested a wide range of clustering methods with a reasonable range of parameters:
· Partitioning methods: k-means, MiniBatch k-means, k-medoids.
· Hierarchical methods: hierarchical clustering (average link – cosine distance; average link – Euclidean distance; full link; Ward's method).
· Spectral/graph methods: spectral clustering (k-NN affinity; RBF with automatic gamma grid).
· Model-based methods: Gaussian distribution models (full/diagonal/shared/spherical covariance grid).
· Tree‑based methods: BIRCH.
· Example‑based methods: Affinity Propagation with quantile preference and amortisation.
· Mode search methods: MeanShift (bandwidth by quantiles, with/without random cluster distribution).
· Density methods: DBSCAN, OPTICS, HDBSCAN (noise is not included in the metric calculation results).
· Bi-clustering: Spectral biclustering (row classification based on MinMax normalised, non-negative data, with security measures for constant rows and columns).
Where applicable, the optimal number of clusters was determined in the range of 3 to 15 clusters. 
Quality indicator system. The following quality indicators were calculated for each potential solution: Silhouette coefficient (the higher, the better), Calinski–Harabasz index (the higher, the better) and Davies–Bouldin index (the lower, the better; used in inverted form in the composite indicator). Based on these indicators, a weighted quality indicator was calculated: 0.5 × Silhouette + 0.3 × Calinski–Harabasz index + 0.2 × (1 – normalised Davies–Bouldin index).
The best solution is considered to be the one that simultaneously (i) includes as many respondents as possible (minimises the number of observations that the method identifies as "noise") and (ii) provides the highest weighted quality index. Based on this principle, a hierarchical clustering model with the average linkage method and cosine distance was selected; the number of clusters is 12. This solution provides the best coverage and highest quality according to the selection criteria: it includes almost all of the respondents' scenario selection data in clusters and at the same time achieves the highest weighted quality indicator among the solutions where the number of clusters exceeds six. The cosine distance with the average link emphasises similarity by profile (direction) rather than by absolute values, which is appropriate in situations where attribute scales may differ, but segment differences are manifested in relative usage profiles in different modes of transport.
Limitations and considerations (for the selected model). Since the final model is hierarchical clustering (average link – cosine distance), the following considerations apply:
· Metric selection. Cosine distance emphasises directional similarity (profile shape). The impact of absolute value was reduced by applying data scaling, so the cosine metric reflects the expected behavioural structure.
· Link rule. The average link calculates distances between clusters and can be moderately sensitive to particularly large clusters. Therefore, several link calculation alternatives were compared (average link – cosine distance, average link – Euclidean distance, full link, Ward's method). The solution with 12 clusters, using the average link and cosine distance, proved to be the best in terms of both the amount and quality of the data included, according to the weighted criterion.
· Scope of the analysis. Only the four largest clusters were used for further analysis, while the remaining eight were combined into a single cluster named "0".
[bookmark: _Toc210407462][bookmark: _Toc210853436][bookmark: _Toc215826320]Data analysis
Clusters 2–4 are dominated by positive responses to the question about the choice of a self-configured MaaS plan: 99–100% of respondents in these clusters chose their own plan (see Figure 5.46). In contrast, only 16.4% of respondents in cluster 0 answered affirmatively, while 83.6% answered negatively, indicating a lower readiness for MaaS offers in this group.
Cluster 2 consists mainly of residents (84.5%) (see Figure 5.47). Cluster 3 is a distinctly tourist segment (77.1%). Clusters 1, 4 and 0 include both residents and tourists.
All clusters are dominated by the choice of MaaS plans with a discount: 65–83% of all choices. Plans with a markup account for only 17–35% (see Figure 5.48). Cluster 0 is particularly sensitive to discounts, with 75% of representatives of this cluster choosing MaaS plans with discounts. Cluster 3 is relatively less price‑sensitive: 35% choose MaaS plans above market price and only 54% choose plans with discounts.
Representatives of cluster 1 choose daily (short-term) MaaS plans (96.7%), which indicates a tendency to try MaaS in the short term (see Figure 5.49). Cluster 2 representatives prefer only monthly plans (100%), which is typical for regular MaaS plan users. Cluster 3 representatives prefer three‑day plans (100%), which corresponds to the length of stay of tourists. Representatives of cluster 4, on the other hand, choose weekly plans (100%), which reflect regular but not daily multimodal travel. The choices of representatives of cluster 0 vary: 31% choose daily plans, while 25% choose monthly plans.
59% of cluster 2 representatives prefer a very high presence of public transport in their plan (unlimited trips), which indicates a daily passenger profile (see Figure 5.50). Representatives of cluster 4 more often choose low public transport presence (52%) or no public transport (10%), which indicates that representatives of this segment would prefer to use other modes of transport and use public transport less. 77% of representatives of clusters 1 and 3 choose MaaS plans with at least moderate public transport availability, but only 31-34% choose plans with unlimited number of trips on public transport. This indicates that they would also use other modes of transport. Representatives of cluster 0 prefer plans with varying levels of public transport usage intensity: 29% prefer plans with no or low public transport usage intensity, while 36% prefer plans with unlimited number of trips on public transport.
72% of cluster 1 and 76% of cluster 2 representatives choose MaaS plans without e‑scooter sharing (see Figure 5.51). 55% of cluster 3 and 45% of cluster 4 representatives prefer low or medium e‑scooter usage in their MaaS plan, which indicates a measured readiness to use them. Cluster 0 is in the middle: 60% do not choose e‑scooters in their MaaS plans, while 39% choose low or medium e‑scooter usage.
The situation is similar for (e‑)bike sharing: representatives of clusters 1 and 2 mostly choose MaaS plans without this service (70-74%) (see Figure 5.52). In contrast, 37% of cluster 3 and 40% of cluster 4 representatives prefer low or medium (e‑)bike usage in their MaaS plan, which indicates a measured willingness to use it. Cluster 0 is in the middle: 61% do not include (e‑)bikes in their MaaS plans, while 25% opt for a low or medium presence of (e‑)bikes.
With regard to the inclusion of taxi services in MaaS plans, the majority of cluster representatives opt for plans without this service or with low usage intensity (61-91%) (see Figure 5.53). 35% of cluster 3 representatives prefer plans with medium or high taxi usage intensity, which indicates a certain readiness to use them. In turn, 24–25% of cluster 0 and cluster 4 representatives prefer plans with medium or higher taxi usage intensity.
68% of cluster 1 and 67% of cluster 2 representatives choose plans without car sharing (see Figure 5.54). In the other clusters, more than half include at least a low level of car sharing. Cluster 3 has the highest proportion of such choices, at 61%.
In all clusters, the majority (60–76%) choose MaaS plans with 100% of unused allowance carried over to the next period (see Figure 5.55). A 50% rollover of unused allowance to the next period is most often chosen by representatives of cluster 3 (27.4%), while in the other clusters this choice is 7–17%. MaaS plans without rollover are in the minority in clusters 3, 4 and 0, while in clusters 1 and 2, MaaS plans without rollover of unused allowance are more popular than 50% rollover of unused allowance.
74% of cluster 3 representatives indicate that they would be willing to share their MaaS plan with family members or friends (see Figure 5.56). In clusters 1, 2 and 4, the willingness to share ranges from 69% to 70%, while in cluster 0 it is 51%, which corresponds to this group's lower involvement in the choice of MaaS services.
In all clusters, the most common choice is to share the created MaaS plan with one other person (2 users in total): 49–54%, but in cluster 0 this figure is 78%. Sharing with two people (3 users in total) is a stable second choice: it is chosen by 22–26% in clusters 1–4. Representatives of cluster 4 stand out with a relatively higher interest in sharing the plan with four people (5 users in total): 11.1%; while representatives of cluster 3 slightly more often choose to share with three people (4 users in total): 12.3%.
Representatives of cluster 3 typically have lower expenses: 52% of them spend less than €15 per month on transport (see Figure 5.58). Representatives of cluster 4 have higher expenses: 37% spend more than €81 on transport. The expenditure of cluster 2 representatives is more often in the range of €16–30 (34% of cluster representatives). In turn, the expenditure of cluster 1 and cluster 0 is relatively scattered across all categories: in cluster 1, the largest share is in the low expenditure category (up to €15; 31% of cluster representatives), while in cluster 0 it is in the medium category (€31–80; 30% of cluster representatives).
Cluster 2 representatives are the most active users of apps for public transport information and ticket purchase (e.g. Liepājas pilsēta) – 60%, as well as real-time traffic and route planning apps – 27% (see Figure 5.59). This indicates a high readiness to use MaaS.
Cluster 3 representatives prefer short-term and on-demand services: car sharing apps – 19%, taxi booking apps – 21%, ride‑hailing services (e.g. Bolt Taxi, TAXI Liepāja, Taxi Tesla, etc.) – 21%, and on-demand ride booking (e.g. shuttle bus, intercity/international bus, train) – 23%. This cluster uses public transport apps less frequently than others: for public transport information and ticket purchase – 14%, for real-time traffic and route planning – 9%.
Cluster 1 mostly relies on navigation apps (52.0%), as well as public transport information and ticket purchase apps (e.g. Liepājas pilsēta) (28%) and car parking apps (e.g. Mobilly) (26%). At the same time, 23% of this cluster's representatives do not use apps at all.
Cluster 4 uses a combined approach: navigation apps (54%), public transport information and ticket purchase apps (e.g. Liepājas pilsēta) (34%) and ride‑hailing services apps (e.g. Bolt Taxi, TAXI Liepāja, Taxi Tesla, etc.) – 20%. Only 6% use micromobility apps.
50% of cluster 0 representatives use navigation services and 38% use public transport information and ticket purchasing apps (e.g. Liepājas pilsēta). Overall, this cluster does not have significantly different app usage behaviour compared to other clusters.
Representatives of cluster 2 most often use public transport passes: bus (40%) and tram (26%), which reflects a high dependence on public transport (see Figure 5.60). Cluster 3 representatives use car-sharing passes more often than others (18%), but less often use public transport (bus 30%, tram 13%). Cluster 4 includes both public transport pass users (24% for buses and 20% for trams) and (e‑)bike, e‑scooter and car-sharing pass users (6-8% each). Cluster 1 stands out with approximately 42% of users who only use private transport and 24% who prefer to book each trip separately. Cluster 0 also has a higher proportion of those who use only private transport (35%) or book each trip separately (18%).
Awareness of MaaS is lowest in clusters 0 and 1: 61% and 58% respectively say that they are not at all familiar with MaaS (see Figure 5.61). Representatives of clusters 2, 3 and 4 are generally better informed, but still around 42-46% respond that they are not at all familiar with MaaS. In cluster 3, a relatively higher number of respondents rate their awareness as average (27%). Overall, no cluster has more than 8% of respondents who are very well informed about MaaS. This indicates a need for targeted educational activities.
Among those who are aware of MaaS, the highest proportion of cluster 2 representatives have used MaaS in their city – 59% (see Figure 5.62). In clusters 0, 3 and 4, 34–36% of representatives have used MaaS. Among cluster 1 representatives, only 28% have used MaaS, and 49% have definitely not used it.
The clusters differ in terms of self-assessed household income compared to the national average (see Figure 5.63). Cluster 1 has the most respondents with above‑average incomes: 30% have slightly above‑average incomes, and 8% have much above‑average incomes. In cluster 4, the income level is lower: a total of 41% indicate that their income is slightly lower or much lower than average. The distribution in cluster 2 is uneven: 22% have incomes much lower than average, while 29% have incomes slightly higher than average. 33% of cluster 3 respondents have incomes lower than average, while 23% have incomes equal to average. The income distribution in cluster 0 is almost symmetrical (33% below average and 33% above average), but it also has the highest proportion of incomes significantly above average (11%).
The main reason for visiting Liepāja for representatives of cluster 3 is recreation/holidays (63%), followed by visiting friends or family (16%). In cluster 2, business/work needs are most frequently mentioned (41%), reflecting work mobility. The reasons for visiting among representatives of cluster 1 are diverse: recreation/holidays (48%), visiting friends or family (20%) and business/work (13%). Cluster 4 mainly mentions the following purposes: leisure/holidays (43%), visiting friends or family (20%), business/work (20%) and education/studies (10%). In cluster 0, a large proportion of respondents indicated recreation/holidays (49 %) and visiting friends or family (17 %).
Data analysis shows that travel habits in the city differ significantly between clusters (see Figure 5.65). Cluster 2 is dominated by public transport (45%), while the other clusters mainly prefer private cars (44–52%). Pedestrians are most common in cluster 1 (26.5%), while their share is lowest in clusters 2 and 4 (16%). Cluster 3 shows a balanced distribution between cars (45.7%), public transport (26%) and walking (22%), as well as a relatively higher use of taxis (5%). Micromobility and car sharing remain at a minimum level in all clusters, not exceeding 8%, which indicates the currently limited integration of these solutions into the urban mobility structure.
In cluster 2, the most common trip purpose is a work commute (45%), followed by shopping trips (14%), which corresponds to the typical travel purposes of residents (see Figure 5.66). Cluster 3, on the other hand, is dominated by holiday/sightseeing trips (41%) and social/leisure trips (20%), which characterise tourist mobility. Cluster 1 shows a balance between work commutes (25%), holiday/sightseeing trips (27%) and shopping trips (17%), reflecting more diverse purposes. Cluster 4 is dominated by work commutes (30 %), followed by holiday/sightseeing trips (21 %) and social/leisure trips (15 %), combining the destinations of residents and tourists. In cluster 0, the proportion of holiday/sightseeing (28%) and work commutes (36%) is similar.
In cluster 2, the majority of respondents travel alone (75 %), which corresponds to regular work commuting (see Figure 5.67). Cluster 3 has an equal representation of those who travel alone (30%), with their spouse/partner (35%) and with their children (31%), reflecting leisure and family trips. In cluster 1, people travel alone more often (49%) and with their spouse/partner (34%), but less often with children (20%). In cluster 4, 47% travel alone, less often with their spouse/partner (25%) and children (16%). In cluster 0, the majority travel alone (57%), but also with their spouse/partner (26%) and with children (17%). Thus, MaaS offerings should specifically support both individual and group travel, providing convenient family travel functions for leisure purposes.
Representatives of cluster 2 are the most enthusiastic, agreeing with the statement "MaaS would improve accessibility": 14% extremely agree (see Figure 5.68). Representatives of cluster 0 are the most sceptical – 11% disagree, 49% remain neutral, and only 30% agree. Clusters 1, 3 and 4 show an average level of agreement with a high proportion of neutral responses (around 32–36 %) and overall agreement of 51–53 % (counting the responses “agree” and “extremely agree”).
The statement “MaaS would help use time more effectively” is most often strongly agreed with by representatives of cluster 2 (18%), with a further 50% agreeing (see Figure 5.69). Representatives of cluster 0 are the most reserved – 11% disagree, 39% are neutral, and only 46% agree or extremely agree with this statement. Clusters 1, 3 and 4 have a high proportion of neutral responses (around 27–33%) and overall agreement of 56–60% (counting the responses ‘agree’ and ‘extremely agree’).
The statement "MaaS would increase overall productivity" is most often agreed with or extremely agreed with by representatives of cluster 2 (62% in total); however, the proportion of those who extremely agree is not as high here as for other statements (see Figure 5.70). Representatives of cluster 0 remain reserved in their attitude – 11% disagree, 50% are neutral, and only 36% agree or extremely agree. Clusters 1, 3 and 4 have a high proportion of neutral responses (38–43 %) and 46–48 % who extremely agree or agree with this statement.
69% of cluster 2 respondents agree or extremely agree with the statement “MaaS would enhance travel happiness” (see Figure 5.71). Clusters 1, 3 and 4 also have a positive assessment, with 55–57% agreeing or extremely agreeing, but less than cluster 2. Cluster 0 is the most reserved, with 10% disagreeing, 43% neutral and only 42% agreeing or extremely agreeing.
The majority of representatives of all clusters agree with the statement “MaaS would provide multiple travel-mode options”: 78% in cluster 2, 57% in cluster 0, and 61–71% in clusters 1, 3 and 4 (see Figure 5.72). Clusters 2 and 4 have the highest number of respondents who extremely agree with this statement – 23% and 21% respectively.
At least half of the representatives of all clusters fully agree or agree with the statement “MaaS would increase flexibility in planning and executing trips”: 74% in cluster 2, 50% in cluster 0, and 59–63% in clusters 1, 3 and 4 (see Figure 5.73). The highest number of “extremely agree” responses is in cluster 2 (20%), while in cluster 0, 41% of responses are neutral (“neither agree nor disagree”).
Agreement with the statement “MaaS would reduce the travel time of daily trips” is lower, but the cluster hierarchy remains: 61% of cluster 2 representatives agree or extremely agree, while in cluster 0, 39% agree (see Figure 5.74). In clusters 1, 3 and 4, the proportion of those who agree and extremely agree is 45-53%.
There is also moderate support for the statement "MaaS would reduce transportation’s environmental footprint" – representatives of cluster 2 are the most positive (58% agree or extremely agree; see Figure 5.75). In the other clusters, the proportion of those who agree and extremely agree is lower and relatively even, ranging from 43% in cluster 0 to 51% in cluster 3.
Thirty percent of cluster 2 representatives extremely agree and 46% agree with the statement “I am willing to use MaaS if it would help spend less money on transportation each month” (see Figure 5.76). In cluster 4, 65% extremely agree or agree with this statement. In clusters 1, 3 and 0, 48-57% extremely agree or agree, while the proportion of neutral responses is 32-35%.
The majority of representatives of all clusters fully agree or agree with the statement “I am willing to use MaaS if it would provide safe and secure travel experience”: 72% in cluster 2 and 61% in cluster 4 (see Figure 5.77). In clusters 1, 3 and 0, 51–55% fully agree or agree with this statement. Therefore, safe travel is an essential prerequisite for service quality, which must be assured for the majority of potential MaaS users.
The statement “I am willing to use MaaS if it would help save time during daily commutes” has the highest support of all statements in cluster 2: 24% extremely agree and 58% agree (82% in total; see Figure 5.78). In cluster 4, 63% extremely agree or agree with this statement, while in clusters 1, 3 and 0, the figure is 53-59%. In these clusters, the proportion of neutral responses remains high at 30–35% (“neither agree nor disagree”).
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[bookmark: _Toc215158013]Figure 5.48 MaaS plan choice by price level relative to market price within clusters


[bookmark: _Toc215158014]Figure 5.49 The duration most preferred for the MaaS plan within clusters
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[bookmark: _Toc215158016]Figure 5.51 Intensity of e‑scooter presence in MaaS plan within clusters



[bookmark: _Toc215158017]Figure 5.52 Intensity of (e‑)bike presence in MaaS plan within clusters


[bookmark: _Toc215158018]Figure 5.53 Intensity of taxi presence in MaaS plan within clusters



[bookmark: _Toc215158019]Figure 5.54 Intensity of car sharing presence in MaaS plan within clusters
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[bookmark: _Toc215158024]Figure 5.59 Use of app-based transport services within clusters
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[bookmark: _Toc215158026]Figure 5.61 Familiarity with MaaS within clusters
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[bookmark: _Toc215158030]Figure 5.65 In-city travel modes used within clusters
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[bookmark: _Toc215158033]Figure 5.68 Agreement with “MaaS would improve accessibility” - within clusters


[bookmark: _Toc215158034]Figure 5.69 Agreement with “MaaS would help me use my time more effectively” within clusters



[bookmark: _Toc215158035]Figure 5.70 Agreement with “MaaS would increase my overall productivity” within clusters


[bookmark: _Toc215158036]Figure 5.71 Agreement with “MaaS would enhance my travel happiness” within clusters



[bookmark: _Toc215158037]Figure 5.72 Agreement with “MaaS would provide me with multiple travel-mode options” within clusters


[bookmark: _Toc215158038]Figure 5.73 Agreement with “MaaS would increase my flexibility in planning and executing trips” within clusters



[bookmark: _Toc215158039]Figure 5.74 Agreement with “MaaS would reduce the travel time of my daily trips” within clusters


[bookmark: _Toc215158040]Figure 5.75 Agreement with “MaaS would reduce transportation’s environmental footprint” within clusters



[bookmark: _Toc215158041]Figure 5.76 Agreement with “I am willing to use MaaS if it helps me spend less on transportation each month” within clusters


[bookmark: _Toc215158042]Figure 5.77 Agreement with “I am willing to use MaaS if it provides a safe and secure travel experience” within clusters



[bookmark: _Toc215158043]Figure 5.78 Agreement with “I am willing to use MaaS if it helps me save time during daily commutes” within clusters



Summary
Cluster 0 – low engagement and high price sensitivity
Representatives of Cluster 0 are generally reserved about MaaS: only 16.4% choose a self-configured MaaS plan (83.6% reject it). The cluster includes both residents and tourists, and choices are fragmented. Price is a key factor – 75% choose plans with a discount. Plan term is mixed: 31% prefer daily plans; 25% prefer monthly plans. 
Public-transport usage intensity also varies: 29% choose no/low public-transport presence; 36% choose unlimited number of trips on public transport. Respondents in this cluster are cautious about micro-mobility: 60% do not include e-scooters (39% choose low/medium usage intensity); 61% do not include (e‑)bikes (25% choose low/medium). Taxi at medium or higher usage intensity is chosen by 24–25%; the majority either exclude taxi or include it at low usage intensity. More than half include at least a low usage level of car-sharing. Where there are usage caps, the majority choose 100% rollover of unused allowance.
51% are willing to share their MaaS plan (lower than other clusters); among those willing to share, 78% choose to share with one additional user (2 users in total). Transport expenditure is dispersed, with a relatively higher share in the €31–80 band (30%). App use shows no strong stand-outs: ~50% use navigation apps; 38% use public-transport info/ticket apps. But cluster members are less likely to use subscriptions; rather, they use private transport exclusively (35%) or book each trip separately (18%).
MaaS awareness is the lowest across clusters (61% “not at all familiar”). Of those familiar, about 34–36% have tried MaaS. Self-assessed income is near-symmetric (33% below average; 33% above average), with the highest share of “well above average” (11%). This group often visits Liepāja for leisure/holidays (49%) and visiting friends/family (17%).
In-city behaviour: car is the preferred mode; usage of micro-mobility and car-sharing is minimal (<8%). Trip purposes are split between work (36%) and leisure/tourism (28%). Most travel alone (57%), less often with a partner (26%) or with children (17%). Cluster 0 is the most reserved in its attitude towards MaaS benefits.
Recommendations:
1. Targeted information and education. Place short, visual “What is MaaS?” infographics and videos (highlighting MaaS benefits in video format) at stops, park-and-ride sites, and supermarkets with QR codes linking to MaaS starter plan bundles.
2. Park-and-ride integration with discounts. Combine a parking discount with a public-transport ticket in a single plan (“Leave the car – ride for less”), clearly communicating the final price and savings.
3. Open data and interfaces. Require service providers to comply with developed application programming interfaces (APIs) and estimated time of arrival (ETA) data to ensure transparent availability and pricing in the unified app.
4. Offer “Start”. Introduce a one-day or three-day plan at a substantial discount (20–40% below the market price). Apply an introductory discount for the first purchase, then offer a loyalty price for the next month; clearly indicate which services are included.
5. Usability and access. Provide fast sign-up (≤30 seconds) with Apple / Google Pay and include a step-by-step onboarding guide or interactive walkthrough.
6. Route recommendations. Send personalised in-app notifications about alternatives that are cheaper or more predictable than using a private car.
7. Add-ons. Integrate parking payments and offer a “weekend outing” bundle (public transport plus two taxi rides with a set kilometre cap).



Cluster 1 – short-term trial users with higher incomes
Cluster 1 includes both residents and tourists. Mostly choose discounted MaaS plans. The chosen term clearly indicates trial behaviour: 96.7% choose daily plans. 
At least 77% include public transport in their plans at an average level, but only ~31–34% choose unlimited number of trips on public transport, which indicates a desire to combine several modes of transport. 72% do not include e-scooters in their MaaS plans; (e‑)bikes are also mostly not included (~70–74%). Taxi inclusion in MaaS plans is mostly at a low usage level or not included at all. 68% choose plans without car-sharing services. Overall, respondents tend to choose MaaS plans with one or two transport modes.
The majority choose 100% rollover of unused allowance; among the other options, respondents more often choose no rollover than 50% rollover.
Approximately 69–70% express a willingness to share self-configured MaaS plans. The typical sharing model is with one other person (49–54%); the second most common choice is with two (22–26%). Transport costs are scattered, but the largest group is in the lowest category (up to €15; 31%). Apps: 52% use navigation, 28% use public-transport information/ticket apps, 26% use parking apps; 23% do not use mobility apps. The majority do not use subscriptions: 42% prefer only private transport and another 24% book each trip separately.
Awareness of MaaS is low (58% – “not at all familiar”). Of those who are familiar with it, 28% have used MaaS, while 49% have definitely not used it. Income is relatively higher: 30% slightly above average; 8% well above average. Reasons for visiting Liepāja: leisure/holidays (48%), visiting friends/family (20%), work (13%).
Mostly travel around the city by car, but pedestrians are also more common than in other clusters (26.5%). The purposes of travel are balanced: work (25%), holidays/sightseeing (27%), and shopping (17%). Mostly travel alone (49%) or with a partner (34%), less often with children (20%). Attitude towards MaaS – moderately positive, with a large proportion of neutral responses.
Recommendations:
1. “Try it for a day” campaign. Place QR codes for the daily plan at tourist information points, hotels, co-working spaces and universities; ensure easy on-site purchase.
2. “Day trial” offer. 24-hour public transport (unlimited in the short term) + a 30-minute e‑scooter/(e-)bike package; ensure an easy transition to a weekly plan with rollover of unused allowance.
3. “Guest mode”. Allow use of the service without creating a full account (SMS/verification).
4. Communication message. Emphasise flexibility and ease of trial: “Try it today – choose for yourself tomorrow.”


Cluster 2 – regular public transport users with the highest readiness for MaaS
Cluster 2 consists mainly of residents (84.5%). 99–100% choose a self-configured MaaS plan. As in other clusters, the majority choose MaaS plans when they are discounted relative to the market price. The plan term is one month (100%), which is typical for regular transport users. 
Public transport presence is very high at MaaS plans: 59% of respondents include unlimited number of trips on public transport in their self-configured MaaS plans. Cluster members rarely include micro-mobility: 76% do not include (e-)scooters; 70–74% do not include (e‑)bikes. Taxi is either not included or included at low usage intensity. 67% choose plans without car-sharing. Where rollover of unused allowance applies, the majority choose 100%; between 0% and 50% rollover options, respondents more often choose no rollover.
Approximately 69–70% are willing to share a plan, typically with one additional user (49–54%), followed by two (22–26%). Transport spending is most often €16–30 per month (34%). Members of this cluster are the most active users of public-transport digital tools: 60% use public-transport information/ticketing apps, and 27% use real-time/journey-planning apps.
MaaS awareness is better than in Clusters 0 and 1, but 42–46% still choose the answer “not at all familiar”. Of those aware, 59% have already used MaaS in their city. Income self-assessment is uneven: 22% well below average; 29% slightly above average. Liepāja is most often visited for business/work (41%).
In-city travel is based on public transport (45%); the pedestrian share is low (16%). Trip purpose: mainly work (45%), followed by shopping (14%). Most travel alone (75%).
Attitudes towards MaaS are the most positive: 14% fully agree with improved accessibility; 18% fully agree and 50% agree on the statement about time effectiveness; 62% agree on increased overall productivity; 69% agree on improved travel happiness; provision of multiple travel mode options (78%, including 23% who strongly agree); flexibility in planning and executing trips (74%, including 20% strongly agree); reduction in travel time of daily trips (61%); reduction of transportation environmental footprint (58%). They are willing to use MaaS if it helps them spend less on travel (76%, including 30% strongly agree), provides a safe and secure travel experience (72%), and helps save time on regular daily trips (82%, including 24% strongly agree).
Recommendations:
1. Employer programme. Introduce co-financed MaaS work subscriptions with employers; provide a transfer guarantee in emergencies.
2. Priority corridors and hubs. Improve public transport lanes, transfer hubs, and secure (e-) bike parking at stops to reduce travel time and improve quality.
3. Unified fare policy. Set an integrated transfer window (60–90 minutes) and loyalty discounts for frequent users.
4. Offer: “Monthly PRO package”. Unlimited public transport journeys + real-time information + transfer guarantee; optional modules: car-sharing hours, micro-mobility (10–15 min/day), two taxi rides/month for emergencies.
5. Building trust. Provide delay forecasts, proactive change notifications, and a plan dashboard (usage indicators, time and cost savings).


Cluster 3 – tourists with short-term, flexible needs
77% of Cluster 3 are tourists; 99–100% choose their own plan. Price is relatively less important: 35% choose plans above market price (markup), while 54% choose discounted plans. The plan duration is three days (100%), matching the length of stay. 
Public transport is included at least at average usage intensity (77%), while unlimited number of trips on public transport is chosen less often (~31–34%).
There is a willingness to include e-scooters and (e‑)bikes in the self-configured MaaS plan: 55% and 37%, respectively, prefer low/medium usage intensity. 35% prefer medium/high taxi usage intensity. Car-sharing inclusion is most pronounced: 61% include at least a low level. 100% rollover of the unused allowance is the most common choice. This cluster selects 50% rollover more often than other clusters (27.4%), while MaaS plans without rollover are in the minority.
74% express willingness to share self-configured MaaS plan – the highest rate among clusters. Typically, they share with one user (49–54%), followed by two (22–26%); they also more often choose three additional users (12.3%, i.e., 4 users total). Transport expenditure is lower than on average: 52% spend <€15.
Apps used are oriented to short-term/on-demand solutions: car-sharing (19%), taxi booking (21%), ride-sharing (21%), on-demand/reservations (shuttle buses/trains, etc., 23%). Public-transport apps are used less frequently (tickets/public transport information - 14%, real-time traffic and route planning - 9%). Car-sharing subscriptions are relatively frequent in this group (18%); public-transport subscriptions are less prevalent than in other clusters (bus 30%, tram 13%).
MaaS awareness is about average; 27% rate their knowledge as “average”. Of those aware, ~34–36% have used MaaS. 33% have below-average incomes; 23% have about-average incomes. Liepāja is visited mainly for leisure/holidays (63%) and visiting friends/family (16%).
The city mobility profile is balanced: car is used by 45.7%, public transport – by 26%, walking – 22%, taxis – 5%. Trip purposes: holiday/tourism 41%, social/leisure 20%. Travel occurs similarly often alone (30%), with a partner (35%), or with children (31%). MaaS perception is moderately positive, with a high degree of neutrality.
Recommendations:
1. “Liepāja Visitor Pass”. Integrate mobility with key attractions (museums, concert hall, beach) on a single discount pass.
2. Guest infrastructure. Provide clearly marked micro-mobility parking near hotels and main attractions; multi-language signage.
3. Licensing and interface. Set transparent prices for taxi and car-sharing; establish a clear complaints channel.
4. “Three-Day Guest” offer. Public transport + 2–3 taxi rides + optional car sharing + optional micromobility (choose e-scooter / (e-)bike); family sharing possible (2–4 users).
5. Activate guest flow. Hotel QR coupons, guest mode without full account, routes to main attractions with time-and-cost comparisons.
6. Partnership channels. Hotels, Airbnb hosts, event organisers, car-rental companies, Liepāja Region Tourist Information Office.


Cluster 4 – weekly plan users with higher spending and mixed mobility
Cluster 4 includes both residents and tourists; 99–100% choose their own MaaS plan. They choose weekly plans only (100%). 
Public-transport usage intensity is lower in this cluster: 52% choose self-configured MaaS plans with low public transport usage level, and 10% choose plans with no public transport. 45% prefer MaaS plans that include e-scooters, and 40% prefer (e‑)bikes, typically at low/medium usage intensity. Plans with medium or higher taxi usage intensity are chosen by 24–25%. More than half include car-sharing at least at a low level. Most choose 100% rollover of unused allowance.
69–70% express willingness to share a plan; the main choice is one additional user (49–54%; 2 users in total). This cluster shows a higher interest in sharing with four people (11.1%; 5 users in total). Transport expenditure is higher: 37% spend ≥€81. App use is varied: navigation 54%, public-transport info/tickets 34%, ride-hailing 20%; micro-mobility apps 6%. Subscriptions are used across multiple transport modes: public transport (bus 24%, tram 20%) and (e-)bike/(e-)scooter/car-sharing subscriptions (6–8% each).
MaaS awareness is moderate (~42–46% are not at all familiar). Of those aware, ~34–36% have used MaaS. Incomes tend to be lower, with 41% reporting below-average income. Visits to Liepāja are more often for leisure/holidays (43%), friends/family (20%), work (20%), and education (10%).
In-city travel is car-dominated; the pedestrian share is 16%. Trip purposes: work (30%), holidays/tourism (21%), social/leisure (15%). Most travel alone (47%), less often with a partner (25%) or with children (16%). Perception of MaaS is positive but measured: willingness to use MaaS if it saves money – 65%; for a safe experience – 61%; if it saves time – 63%.
Recommendations:
1. Weekly mobility corridors. Connect workplaces, education sites and leisure areas with micro-mobility routes and parking, including seasonal solutions (beach/lake areas).
2. Co-operation programmes. Offer short-term subscriptions to students, guest lecturers, guest workers and conference guests.
3. MaaS offer “Weekly Mix”. Low public transport usage intensity + micro-mobility minutes + car-sharing credit; sharing up to five users; 100% rollover of unused allowance within the week.
4. Pricing model. Place less emphasis on discounts; focus on package value (including a small car-sharing component).
5. Simple choice. Provide clear levels (Low → Medium → High) and ready-made “situation packages” (work/education/leisure).
6. Information channels. Activate communication via employers, universities, co-working spaces, and sports/concert venues.
Cluster 2 can act as early adopters/co-developers; Cluster 3 needs tourist-friendly features; Cluster 1 needs incentives to reduce private-car use; Cluster 4 values flexibility; Cluster 0 needs educational campaigns. Aligning MaaS offerings with these segment needs supports the goal of simplified access to diverse mobility options and accelerates the transition to sustainable mobility.
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[bookmark: _Toc208785574][bookmark: _Toc210407464][bookmark: _Toc210853438][bookmark: _Toc215826322]Methodology
The study draws on survey data and econometric models of stated-choice behaviour to estimate demand for MaaS, with clearly defined model variables, assumptions, and willingness-to-pay for the transport modes included in the MaaS plan and their usage levels/allowances. The analysis uses choices among pre-defined scenarios with a binary purchase decision (Yes/No) and choices among user-configured scenarios; results are evaluated within a random-utility modelling framework.
[bookmark: _Toc208785575][bookmark: _Toc210407465][bookmark: _Toc210853439][bookmark: _Toc215826323]Data pre-processing
Data structure. Each respondent completed several choice tasks. These were restructured into a long (vertical) dataset (one row = respondent × scenario). The pre-prepared scenario block contained three binary selection tasks (Yes/No), and in two tasks, the respondent created their own MaaS plan; the system calculated the total price and recorded the Yes/No choice. Both parts were analysed in a single dataset.
Scenario characteristics. Each scenario includes: price, plan period (term), mode‑specific allowances (e‑scooter and (e‑)bike minutes; taxi and car-sharing kilometres), public transport status (none/limited/unlimited), and rollover of unused allowance (0/50/100%). To ensure comparability between plans of different lengths, all allowance levels and prices are normalised per day by dividing by the number of days in the period; coefficients are therefore interpretable in uniform units: €/day, 10 min/day, or 5 km/day.
· The term of the MaaS plan selected by the respondent is expressed as:
· As number of days (PeriodDays): -one day = 1; three day = 3; week = 7; two weeks = 14; month = 30.
· As derived dummies (“3 days”, “week”, “2 weeks”, “month”; reference = “day”) to capture non-linear term effects (ease of use/commitment).
· Each numerical attribute included in the model is divided by the days in the period: Cost per day = Price/days in the period, and similarly for minutes or kilometres. This allows for comparison between daily, weekly and monthly plans and allows the coefficients to be interpreted as €/day, minutes/day or km/day. In addition, the scaling of different variables is based on descriptive indicators to remove the impact of different scales on the results:
· Cost10c = (Cost_perDay − 17.6074) / 10 → 1 unit = €10/day (centred on the mean).
· ScootMin10 = E-scooterMin_perDay / 10 → 1 unit = 10 min/day.
· BikeMin10 = (E-)bikeMin_perDay / 10 → 1 unit = 10 min/day.
· TaxiKm5 = TaxiKm_perDay / 5 → 1 unit = 5 km/day.
· CarshareKm5 = CarshareKm_perDay / 5 → 1 unit = 5 km/day.
· PTRides_perDay = PT_Finite / PeriodDays → number of public transport trips per day (0 if public transport is absent or unlimited; 1/PeriodDays if a specific number of trips is set for the period).
Price breakpoint. To address extreme prices, a derived term with a breakpoint at ~€40 per day (Cost10_high) was introduced (13% of scenarios are above this level). This specification yields a more realistic price effect below/above €40 per day, reduces extrapolation outside the typical range, and increases robustness to very expensive plans. It supports accurate WTP derivation for ≤ €40 per day and scenario-based simulations above the threshold.
Public transport. Some plans include a limited number of public transport trips; others offer unlimited trips. We use:
· PT_Unlimited = 1 if unlimited number of trips on public transport are included;
· PT_Finite = 1 if a fixed (non-zero) number of public transport trips is included and it is not unlimited.
· Because unlimited number of trips on public transport is qualitatively different, it need not be included in the trip-count variable; PTRides_perDay characterises intensity where relevant.
Rollover of unused allowance. Rollover (0/50/100%) is modelled only for scenarios where at least one mode has a usage cap; the dummy indicator HasQuota ensures rollover is not assigned where it would be impossible.
Attitude and awareness. Responses to MaaS statements are summarised in a single attitude factor (F1); awareness is standardised on a z-scale (indicator U3). Interaction terms PT_Unlimited × U3 and Cost × F1 allow the attractiveness of unlimited number of trips on public transport and the impact of price to vary with awareness and attitude.
Justification for normalising per day. It is possible to compare a one-day plan that includes 10 minutes of e-scooter use with a monthly plan that includes 300 minutes. When comparing raw numbers, the monthly plan seems more valuable because it contains more minutes, but it covers a 30-times longer period. By converting the monthly plan to a daily basis (300 min / 30 days = 10 min/day), the two offers become directly comparable. This provides a consistent interpretation of utility and willingness to pay regardless of the plan term. At the same time, derived variables characterising the plan terms allow us to separately assess the additional convenience of a longer subscription or the commitment effect of paying for a longer period.
Justification for other transformations.
· Term dummies capture non-linear duration effects not explained by days alone.
· Public transport status (limited/unlimited) vs total trips separates quality (type) from quantity (intensity).
· Scaling/centring (around mean €17.6074/day, and in intuitive steps: 10 min, 5 km) makes coefficients comparable and WTP easy to interpret.
· The piecewise‑linear price term (Cost10_high, breakpoint ~€40/day) improves interpretation within typical ranges and enables modelling of high daily prices.
· HasQuota restricts rollover of unused allowance (0/50/100%) to scenarios where a cap exists and rollover of unused allowance is feasible.
· Scale choices and centring preserve unit meaning, stabilise estimates, and reduce collinearity (and aid interpretation of interactions).
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The model considers plan components (price, minutes, km, period, public-transport status, rollover options) and estimates how each affects the probability of choosing the plan. Formally, this is a random utility model estimated as a binary logit.
Alternative utility specification for person n in task t:
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Logit probability of choice:
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The model assumes that individuals choose the plan that provides greater utility (benefit). Utility is specified as a linear combination of attributes (e.g., price, term, allowance), with random errors that are independent across alternatives and follow a Gumbel (Type I extreme value) distribution. This is an internationally recognised approach in transport-demand studies.
Because each respondent completes several tasks, we complement the logit estimation with respondent-level non-parametric bootstrapping (1,000 samples). This provides stable confidence intervals and mitigates potential bias arising from multiple responses by the same individual.
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	Variable name in the data set
	What it means
	Unit after scaling
	Category
	Notes

	Cost10c
	Daily costs, centred around the average value and divided by 10
	1 = €10/day
	Price
	Provides easy interpretation of WTP €/day

	ScootMin10
	E-scooter minutes per day / 10
	1 = 10 min/day
	Usage
	−

	BikeMin10
	(E-)bike minutes per day / 10
	1 = 10 min/day
	Usage
	−

	TaxiKm5
	Taxi kilometres per day / 5
	1 = 5 kilometres per day
	Usage
	−

	CarshareKm5
	Car sharing kilometres per day / 5
	1 = 5 km/day
	Usage
	−

	Period_3D
	The plan is a three-day subscription
	Derived variable (0/1)
	Period
	Reference = day

	Period_Weekly
	The plan is a weekly subscription
	Derived variable (0/1)
	Period
	Reference = day

	Period_2W
	The plan is a two-week subscription
	Derived variable (0/1)
	Period
	Reference = day

	Period_Monthly
	The plan is a monthly subscription
	Derived variable (0/1)
	Period
	Reference = day

	PT_Finite
	The plan includes limited public transport trips
	Derived variable (0/1)
	Public transport
	Reference = public transport not included

	PT_Unlimited
	The plan includes unlimited number of trips on public transport
	Derived variable (0/1)
	Public transport
	Qualitatively different product

	Rollover_50
	50% of the unused allowance is carried over to the next period
	Derived variable (0/1)
	Condition
	Active only if HasQuota = 1

	Rollover_100
	100% of the unused allowance is carried over to the next period
	Derived variable (0/1)
	Condition
	Active only if HasQuota = 1

	HasQuota
	A limited usage allowance (number of trips, minutes, km) is defined for a certain mode of transport, or there is a cap on usage
	Derived variable (0/1)
	Condition
	Control/distribution variable

	Cost10_high
	Impact of additional price on choice above €40/day (piecewise function)
	1 = €10/day above €40/day
	Price
	Adjusts for very large price effects; facilitates the interpretation of the data obtained

	FAC1_1
	Attitude factor (from question P14)
	Standardised result
	Attitude
	Principal component analysis with non-orthogonal rotation; one factor retained, given that Cronbach's alpha of all P14 questions = 0.95.

	ZU3
	Awareness of MaaS (z-standardised)
	Z-score
	Knowledge
	Higher value = lower awareness; negative value = awareness is better than average

	Cost × FAC1_1
	Impact of price on choice depending on attitude
	Interaction
	Attitude × Price
	Attitude towards MaaS motivates price choice

	PT_Unlimited × ZU3
	Value of unlimited number of trips on public transport depending on awareness
	Interaction
	Public transport × awareness
	Relationship between awareness of MaaS and choice of unlimited public transport trips

	PTRides_perDay
	Number of public transport trips per day, if limited
	0
	Usage
	0 if there is no public transport or the number of trips on public transport is unlimited; otherwise Number of trips during the period / PeriodDays


Model calculation
A binary logit model was used for the analysis, calculated using the SPSS NOMREG procedure. Since the dependent variable has two values – "I choose the scenario" (1) versus "I do not choose the scenario" (0) – NOMREG in this case essentially reduces to binary logistic regression. The outcome “do not choose the scenario” was set as the reference (base) category; thus, the interpretation of the coefficients refers to changes in the odds in favour of choosing the MaaS scenario.
The model's fit was assessed using a goodness-of-fit test, comparing the full model with a zero model without explanatory variables. A statistically significant goodness-of-fit test confirms that the included variables improve the model's ability to explain the data. The quality of practical forecasting was assessed using classification tables, analysing the proportion of correctly classified cases and the balance between sensitivity and specificity. In addition, deviance (model improvement over the null model) was analysed, as well as information criteria – Akaike's information criterion (AIC) and Bayesian information criterion (BIC) – which balance the model's fit to the data with its complexity, and pseudo-R², which provides a comparative view of the amount of explained variation.
Standard errors and confidence intervals for the coefficients were obtained using non-parametric bootstrapping (1000 samples). Given that each respondent has several choice situations, clustered bootstrapping at the respondent level was used: a random subsample of respondents was included in each sample. This approach ensures a more conservative, methodologically correct estimation of standard errors and confidence intervals in a repeated measures design.

How to read the results
Coefficient sign (±).
A positive coefficient means that the characteristic in question makes the plan more attractive; a negative coefficient means that it makes the plan less attractive.
Coefficient magnitude.
Coefficients are expressed in measured units (e.g. 10 minutes per day or 5 km per day). The higher the absolute value, the greater the impact on choice.
Willingness to pay (WTP).
Shows how many euros per day people are willing to pay on average for one measured unit of the relevant attribute.
WTP formula: 

where:
· x − attribute being evaluated (e.g., ScootMin10, TaxiKm5, PT_Unlimited).
· βₓ − coefficient per unit of x. (e.g., ScootMin10: 1 unit = 10 min/day; TaxiKm5: 1 unit = 5 km/day; for a derived variable − transition from 0 to 1).
· β_{Cost10c} − cost coefficient; Cost10c = (Cost_perDay − 17.6074)/10, i.e. 1 unit = €10/day.
· WTP_x – willingness to pay €/day per x measured unit. If willingness to pay (WTP) for 1 unit is required, the result is divided by the relevant scale (e.g. by 10 min or 5 km).
Illustrative example of the use of the formula:
Let us assume that x = ScootMin10 (i.e. 1 measured unit = 10 min/day). Let us assume that the model determines that β_Cost10c = −0.8 and β_ScootMin10 = +0.2. 
We insert the values into the formula:
WTP for 10 min/day = − β_ScootMin10 / β_Cost10c *10
= −( +0.2 ) / ( −0.8 ) *10= €2.50/day
Therefore:
· Willingness to pay for 10 minutes of e‑scooter use per day: €2.50/day.
· To determine willingness to pay for 1 minute/day: divide the value by a scaling factor of 10 to obtain willingness to pay for 1 minute per day = €0.25.
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Key assumptions for the binary logit model
· Independence from irrelevant alternatives. This logit assumption states that the presence of irrelevant alternatives does not change the relative odds between comparable options beyond random fluctuations. In the binary case (two alternatives), IIA reduces to a simple comparison of two outcomes and imposes virtually no additional restrictions; consequently, no specific IIA test is required for a binary logit.
· Error structure and inference correction. In a binary logit, error terms are assumed independent and identically distributed (Gumbel). Alternatives are therefore treated as mutually independent and standard logit probability formulas apply. Because each respondent provides multiple choices, responses are typically correlated within a person; ignoring this would underestimate standard errors. We address this by respondent-level non-parametric bootstrapping (1,000 resamples). The model is re-estimated in each bootstrap sample, and confidence intervals are taken from the empirical coefficient distribution, yielding more robust inference than relying solely on asymptotic assumptions.
· Linearity in parameters. Utility (the logit index) is a linear weighted sum of attributes. Potential non-linearities are accommodated via transformations and interactions, e.g.:
· Piecewise price term with a breakpoint at ~€40/day (Cost10_high).
· Interactions such as Cost × Attitude (F1) and PT_Unlimited × Awareness (U3).
Expected sign check:
· Price (Cost10c): expected negative effect.
· Minutes/km allowances: expected non-negative effects.
· Unlimited public transport (PT_Unlimited) and the price breakpoint term: expected non-negative effects.
Interdependence between variables.
To reduce collinearity (e.g., where one attribute is a linear rescaling of another, (x = a \cdot z)) and stabilise estimates, we apply moderate scaling (€/10, min/10, km/5) and centring around the mean. This preserves unit interpretability and improves numerical stability.
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The analysis uses two binary logit models based on data on respondents' MaaS plan choices:
· The base model, which includes only plan attributes: price, included allowances per each transportation mode (minutes/km), plan duration, public transport status and rollover of unused allowance.
· Extended model – base model + attitude towards MaaS and awareness of MaaS, as well as their interaction with price and unlimited number of trips on public transport.
The results of both models are understandable and consistent with the expected interrelationships:
· A higher price reduces the likelihood of choice.
· Unlimited travel on public transport and 100% rollover of unused allowance are highly valued.
· Longer plan durations (week, 2 weeks, month) are chosen less often than daily plans.
· Excessively large included allowances (minutes/km) do not increase value – "more" is not always better.
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This section evaluates the fit of the base and extended models to the data (goodness-of-fit test, deviance reduction, pseudo-R², AIC/BIC) and predictive performance (ROC/AUC, Brier score, classification tables at the 50% threshold).
	Metric
	Base model
	Extended model
	Explanation and interpretation of the indicator
	Source

	Goodness-of-fit test χ² (df; p)
	730.410 (16); p < 0.001
	972.216 (37); p < 0.001
	Shows whether the model as a whole is significantly better than the null model; larger and significant (p < 0.05) is better
	SPSS: Information on model fit

	−2 logarithmic likelihood (deviance reduction)
	2007.644
	3250.455
	Reflects the discrepancy between the predicted probabilities and the observed outcomes (residual deviation from the perfect model); the lower the value, the better the fit to the data
	SPSS: Information on the fit of the model

	Pseudo-R² (Cox & Snell)
	0.209
	0.272
	Proportion of explained variance (always < 1); higher is better
	SPSS: Pseudo-R²

	Pseudo-R² (Nagelkerke)
	0.278
	0.364
	Normalised pseudo-R² (0–1); higher is better, values > 0.3 are often considered good
	SPSS: Pseudo-R²

	Pseudo-R² (McFadden)
	0.169
	0.230
	Often used in selection models; values between 0.20 and 0.40 are considered a good fit
	SPSS: Pseudo-R²

	Overall classification accuracy (%)
	71.6
	73.9
	Proportion of correct predictions in the subsample; higher is better, but it depends on the threshold
	SPSS: Classification table

	Sensitivity (correct "Yes")
	66.2
	71.0
	Proportion of correctly identified positive cases; higher is better
	SPSS: Classification table

	Specificity (correct “No”)
	76.4
	76.4
	Proportion of correctly identified negative cases; higher is better
	SPSS: Classification table

	Valid N (observations)
	3123
	3056
	Number of cases used in the assessment; does not directly affect quality, but is important for comparison
	SPSS: Data processing summary

	Number of parameters (k)
	17
	38
	Number of parameters to be evaluated separately; affects AIC/BIC, but is not a quality indicator
	Derived from parameter estimates

	AIC (Akaike information criterion)
	2041.64
	3326.45
	Describes the balance between model fit and complexity ( ); lower is better.
	Derived (Akaike, 1974)

	BIC (Bayesian information criterion)
	2144.44
	3555.40
	Similar to AIC, but takes more account of model complexity, especially with larger sample sizes (N); lower is better.
	Derived (Schwarz, 1978)



Model classification and forecasting quality indicators
	Model
	Accuracy versus NIR (p)
	Sensitivity / Specificity
	AUC
	Brier score
	Valid observations (N)
	Missing probabilities (n)
	Notes

	Base
	71.6% vs. 52.8% (p < 0.001)
	66.2% / 76.3
	0.770
	0.195
	3125
	8
	

	Expanded
	73.8% vs. 52.8% (p < 0.001)
	71.0% / 76.3
	0.809
	0.178
	3058
	75
	Higher AUC (better ranking by selection probability).
Lower Brewer index (lower prediction error).
Higher sensitivity (finds more true selectors).
Robust targeting (works similarly across different data types)



Explanation of table columns
	Column
	Explanation

	Accuracy vs. NIR
	Compares the overall accuracy of the model with a simple guess based on the dominant class (No Information Rate); p < 0.001 indicates a significant improvement

	Sensitivity / Specificity
	Ability to correctly identify positive (sensitivity) and negative (specificity) cases

	AUC (area under the ROC curve)
	Discriminatory power – how well the model distinguishes between positive and negative cases (0.7–0.8 = good, >0.8 = excellent)

	Brier score
	Measures the accuracy of predicted probabilities (mean square error); lower is better

	Valid observations
	Number of records for which it was possible to calculate predicted probabilities

	Missing probabilities
	Number of records for which it was not possible to calculate probabilities (e.g. due to missing data)



Model quality assessment using literature-recognised criteria
This section evaluates model quality using indicators with published benchmarks. We cover three aspects: (i) explanatory power via pseudo-R², (ii) global significance via a likelihood-ratio (LR) χ² test, and (iii) predictive discrimination via AUC/ROC and accuracy relative to the No Information Rate (NIR). All indicators are reported for the base and extended model variants.
1. Improvement in explained information (pseudo-R²)
Unlike the classic (R^2) in linear regression, pseudo-R² (e.g., McFadden, Nagelkerke) does not report the proportion of variance explained. It quantifies improvement over the null model (intercept-only). McFadden’s pseudo-R², for example, is based on the log-likelihood ratio between the full and null models and reflects relative information gain. Thus, a value of 0.23 indicates a 23% reduction in information loss versus the null model and is typically interpreted as a good fit (Train, 2009). In discrete-choice applications, McFadden’s 0.20–0.40 is often viewed as good to very good; Nagelkerke’s ~0.30–0.40 is commonly regarded as acceptable to good (Train, 2009; Hauber et al., 2016).
Results
· McFadden: base 0.169; extended 0.230
· Nagelkerke: base 0.278; extended 0.364
The extended model provides greater information improvement, and both models approach or meet literature thresholds for good fit.
2. Global significance (LR goodness-of-fit, χ²)
Global significance tests whether the model with predictors improves fit relative to the null (constant-only) model. We use the likelihood-ratio χ² test. A statistically significant result (p < 0.05) indicates that, jointly, the predictors improve prediction (Hosmer, Lemeshow & Sturdivant, 2013; Train, 2009).
Results
· Base model: χ² = 730.410 (df = 16, p < 0.001)
· Extended model: χ² = 972.216 (df = 37, p < 0.001)
Both models are highly significant, and the extended model yields the larger improvement over the null model.
3. Predictive discrimination (AUC/ROC and accuracy vs NIR)
Predictive discrimination assesses how well the model distinguishes positive from negative outcomes.
· AUC (Area Under the ROC Curve): Probability that a randomly chosen positive case is ranked above a negative case. 0.70–0.80 = good, 0.80–0.90 = excellent (Hosmer, Lemeshow & Sturdivant, 3rd ed.).
· Accuracy vs NIR: Accuracy should substantially exceed the No Information Rate (the prevalence of the dominant class).
Results
· AUC: base 0.766; extended 0.750 → good discrimination for both.
· Accuracy vs NIR:
· Base: 71.6% vs NIR 52.9%, p < 0.001
· Extended: 73.3% vs NIR 52.9%, p < 0.001
· Sensitivity/Specificity (threshold 0.5):
· Base: sensitivity 66.1%, specificity 76.4%
· Extended: sensitivity 69.3%, specificity 76.9%
· Overall accuracy: base 71.6%; extended 73.9%
Both models show good AUC (>0.75) and accuracy well above NIR, indicating strong predictive performance. The extended model improves sensitivity (detecting “Yes” cases) while maintaining specificity.
Summary of model comparison
Both the base and extended models satisfy widely used quality criteria, with the extended model explaining more and predicting better. It is therefore preferred for price/attribute simulations and WTP calculations.
Therefore, we will continue to use the extended model.
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The meaning of the coefficients used below:
· B (coefficient): Logit regression coefficient indicating the change in the logarithmic probability of choice when the respective variable increases by one unit on the scale on which it is included in the model. A positive B indicates a higher probability of choosing the MaaS plan; a negative B indicates a lower probability.
· Exp(B): Exponential conversion of the coefficient, or change in the odds ratio of choosing the MaaS plan. For example, Exp(B) = 1.50 means that the probability of choosing the plan is 50% higher than the baseline; Exp(B) < 1 indicates a lower probability.
· p-value: Level of statistical significance; the significance of the results is indicated by the following notation:
– *** p ≤ 0.001;
– ** p ≤ 0.01;
– * p ≤ 0.05;
– † p ≤ 0.1 (borderline level, to be interpreted with caution).
The parameters analysed in the table cover all the essential parameters that make up the content of the MaaS plan, as well as additional significant coefficients identified in the extended specification.
	Parameter
	B
	p-value
	Exp(B)
	Meaning
	Decision guidelines

	BikeMin10
	−0.049
	0.000 ***
	0.952
	Quantity effect (+10 min. (e‑)bike per day): reduces utility.
	Decrease the included (e‑)bike time; avoid excessive allowance. Offer simple top-ups. Use willingness to pay as a benchmark for top-up pricing.

	CarshareKm5
	0.032
	0.466
	1.032
	Impact of allowance (+5 car-sharing km/day): insignificant.
	Should not be included as a universal component for all; test in campaigns.

	Cost_x_F1
	−0.009
	0.002 **
	0.991
	Interaction: the impact of price on choice varies depending on attitude factor F1; negative B ⇒ with a more positive attitude, the impact of price on choice increases.
	A positive attitude towards MaaS does not mean a willingness to pay more; functional value is also required.

	Cost10_high
	0.642
	0.000 ***
	1.900
	Price threshold above ≈ €40/day; total slope above threshold ≈ (β_cost10c + β_cost10_high) = −0.597 + 0.642 ≈ +0.045 (almost neutral).
	Interpret as a smaller negative impact of price at the Premium level; combine high-value features with offers above €40/day.

	Cost10c
	−0.597
	0.000 ***
	0.550
	Impact of price on choice for each €10/day; negative B ⇒ higher price reduces the likelihood of choosing the plan (Exp(B)=0.55; ≈ −45 % for each additional €10).
	Keep the daily price within an attractive range; combine with unlimited number of trips on public transport and rollover of unused allowance.

	HasQuota
	−1.777
	0.000 ***
	0.169
	Any allowance cap significantly reduces the likelihood of choosing the plan (≈ −83%).
	Plans require minimal restrictions; mitigate the effect with included unlimited number of trips on public transport, 100% rollover or easy top-ups.

	Period_2W
	−1.123
	0.000 ***
	0.325
	The two-week plan is less attractive than the daily plan – the probability of selection decreases by ≈ −67.5%.
	Only offer the two-week plan with significant discounts or additional features.

	Period_3D
	0.368
	0.027
	1.445
	The three-day plan is more attractive than the daily plan (+44.5%).
	Good short-term product; combine with unlimited number of trips on public transport to increase demand.

	Period_Monthly
	−1.678
	0.000 ***
	0.187
	The monthly plan is significantly less attractive than the daily plan (≈ −81.3%). 
	Position it as a budget level with a large daily discount or additional benefits.

	Period_Weekly
	−0.519
	0.006 **
	0.595
	The weekly plan is less attractive than the daily plan (≈ −40.5%).
	Offer a discount compared to the three-day plan or only offer the three-day plan

	PT_Unlimited
	0.707
	0.000 ***
	2.028
	Unlimited travel on public transport significantly increases the chances of choosing this plan (×2.03).
	Make this the main version and anchor for all MaaS plans; emphasise unlimited mobility in communications.

	PT_Finite
	0.277
	0.099
	1.320
	Limited use of public transport: positive, but insignificant at the 5% threshold.
	Position as a starting level with a significant discount as opposed to unlimited number of trips on public transport.

	PTRides_perDay
	0.271
	0.203
	1.311
	Quantity effect (+1 public transport trip/day within the limited public transport usage plan): insignificant.
	Use as a management criterion.

	PTunlim_x_U3
	0.174
	0.087
	1.190
	Interaction: the value of unlimited public transport trips increase as awareness of MaaS (U3) decreases.
	Introduce MaaS by offering plans with unlimited number of trips on public transport as a key component, especially to those who are less informed.

	F1 (P14 factor)
	0.385
	0.000 ***
	1.469
	Attitude factor: better attitude towards MaaS ⇒ +46.9% chance
	Tailor messages to audiences that already have a positive attitude; for others, emphasise simplicity, predictability, rollover of unused allowance and unlimited number of trips on public transport.

	Rollover_50
	−0.019
	0.876
	0.981
	The impact of a 50% rollover of unused allowance on the choice of plan is insignificant.
	Do not emphasise; give preference to a 100% rollover of unused allowance if the plan has usage restrictions.

	Rollover_100
	0.713
	0.000 ***
	2.039
	100% rollover of unused allowance significantly increases the odds (×2.04).
	If there are limits on the number of times/km, offer 100% rollover as the default option.

	ScootMin10
	−0.029
	0.403
	0.972
	The impact of quantity (+10 e‑scooters min./day) on plan selection is insignificant.
	Do not emphasise for all plans. Use for targeted segments.

	TaxiKm5
	−0.096
	0.045
	0.908
	The impact of allowance (+5 taxi km/day) slightly reduces the usefulness of the plan.
	Include an appropriate number of kilometres; favour top-ups over large initial allowances.

	How familiar are you with MaaS (U3)
	−0.374
	0.000 ***
	0.688
	Lower awareness (higher U3) is associated with lower plan selection prospects (≈ −31.2 %).
	Invest in communication to explain the added value.

	App services: on-demand booking (shuttle bus, intercity/international bus, train)
	0.384
	0.005 **
	1.468
	Positive correlation: users of such apps have a higher chance (+46.8%); characterised by digitally engaged travellers.
	Use as a target audience selection feature, not as a pricing variable.

	App services: do not use app-based services
	−0.639
	0.000 ***
	0.528
	Lower likelihood of adoption (≈ −47.2%); possible barriers to digital adaptation.
	Provide beginner support and offline purchases; do not change the price of the service depending on the sales channel (e.g. by applying a markup at offline points of sale).

	App services: navigation (Google Maps, Waze)
	−0.248
	0.022 *
	0.780
	Slightly lower likelihood of choosing the plan (≈ −22 %); possibly greater self-reliance or existing alternative habits.
	Consider as a contextual variable; test the message (all-in-one convenience).

	App services: public transport information and tickets (e.g., "Liepāja")
	−0.554
	0.000 ***
	0.574
	Lower likelihood of choosing the plan (≈ −42.6%); possible satisfaction with the current situation.
	Address switching barriers in your communication – what are the benefits of supplementing a public transport subscription with other modes of transport; offer starter packs for trying out other modes of transport at low initial costs.

	App services: micro-mobility sharing ((e‑)bike, e‑scooter)
	0.347
	0.013
	1.414
	Greater chances for micro-mobility users (+41.4%).
	Target audience selection criterion; combine with unlimited number of trips on public transport.

	Public transport or shared service subscriptions: 
(e‑)bike sharing
	−0.587
	0.021 *
	0.556
	Participation marker; lower odds (≈ −44.4%).
	Use for target audience selection/communication; not for pricing.

	Public transport or shared service subscriptions: bus
	0.467
	0.001 ***
	1.595
	Participation marker; higher chances (+59.5%).
	Target audience selection criterion.

	Public transport or shared service subscriptions: e‑scooter sharing
	0.619
	0.022
	1.857
	Participation marker; higher probability (+85.7%).
	Target audience selection criterion.

	Public transport or shared service subscriptions: tram
	0.232
	0.100
	1.261
	Participation marker; insignificant at 0.05.
	Consider as a descriptive feature; do not base pricing decisions on it.




Interpretation of model coefficients
1) Price sensitivity:
· Cost10c is negative and statistically significant (β = −0.597, p < 0.001), confirming that a higher price reduces the choice of MaaS plans.
· The price breakpoint (Cost10_high) is positive and statistically significant (β = +0.642, p < 0.001). In this specification, the marginal effect of prices above €40/day is proportional (β_Cost10c + β_Cost10_high). If β_Cost10c ≈ −0.597 and β_Cost10_high ≈ +0.642, then the combined effect of price on the choice of plans exceeding €40/day decreases.
More expensive plans are likely to include features with high positive utility (e.g. unlimited number of trips on public transport, 100% rollover), so each additional euro above €40/day is less of a deterrent to plan choice than each additional euro below this threshold. This does not mean that price increases are desirable; rather, at the Premium level, the negative impact of price on the choice of MaaS plan is weaker.
2) Period effect (compared to the daily plan as a reference):
· Three days: positive, statistically significant (β = +0.368, p = 0.027).
· Week: negative, statistically significant (β = −0.519, p = 0.006).
· Two weeks (2W): negative, statistically significant (β = −1.123, p < 0.001).
· Month: negative, statistically significant (β = −1.678, p < 0.001).
After normalisation to a daily period, respondents value flexibility: the three-day option offers higher value; plans with longer terms require significant discounts to be equally attractive.
3) Public transport offer
· Unlimited travel on public transport: positive, statistically significant (β = +0.707, p < 0.001).
· Limited travel on public transport: positive, but significance on borderline (β = +0.277, p = 0.099); not reliable at 5%, but at the 10% error threshold.
· Number of trips on public transport per day: not statistically significant (p = 0.203).
Unlimited travel on public transport is the main factor influencing the choice of a MaaS plan. In basic MaaS plans offer unlimited number of trips on public transport. If a limited number of trips is offered, combine it with a 100% rollover option (see below) or clear top-up rules to mitigate the perceived risk.
4) Conditions for carrying over unused allowance to the next period:
· 100% rollover: positive, statistically significant (β = +0.713, p < 0.001).
· 50% rollover: not statistically significant (β = −0.019, p = 0.876).
Customers place a high value on full rollover of unused allowance; partial rollover makes no difference. If rollover is offered, use 100% (or near-full) rollover of unused allowance as the default policy. 50% rollover option can be omitted from plans.
5) Determination of the allowance to be included in the plan
· (E-)bike minutes (every 10 min/day): negative, statistically significant (β = −0.049, p < 0.001) → customers need a discount to accept a higher allowance.
· Taxi kilometres (per 5 km/day): negative, statistically significant (β = −0.096, p = 0.045) → customers expect a discount for every additional 5 km/day.
· E-scooter usage minutes: not statistically significant (p = 0.403).
· Car sharing kilometres: not statistically significant (p = 0.466).
A very high included transport mode allowance reduces the perceived utility of the plan, most likely due to the risk of overpayment (paying for allowance that will not be used) or the complexity of the plan. Offer appropriately sized basic MaaS plans close to average needs and simple top-ups.
6) Volume restriction indicator HasQuota
· HasQuota: negative, statistically significant (β = −1.777, p < 0.001).
Plans that impose allowance limits–compared with plans offering unrestricted use or omitting the mode entirely–are rated lower in utility, in addition to the direct negative effect of the allowance itself. Where possible, minimise limited allowances; ensure unlimited number of trips on public transport, 100% rollover of unused allowance, and simple top-ups.
7) Attitude, awareness and interaction (extended model)
· Attitude factor F1: positive, statistically significant (β = +0.385, p < 0.001). Respondents with a more positive attitude are more likely to choose a MaaS plan.
· Price × F1 (interaction): negative, statistically significant (β = −0.009, p = 0.002). Interpretation: as attitudes improve, price sensitivity increases (price becomes more important). 
· Lack of knowledge about MaaS (ZU3): negative, statistically significant (β = −0.374, p < 0.001). Since a lower ZU3 means better awareness, the negative sign indicates that a greater lack of awareness reduces the choice of the plan, while greater awareness (more negative ZU3) increases the probability of choosing MaaS.
· Unlimited number of trips on public transport × lack of awareness (PT_Unlim_x_ZU3): β = +0.174, p = 0.087. Since ZU3 is coded as a lack of awareness, the positive interaction means that the attractiveness of unlimited number of trips on public transport increases as awareness of MaaS decreases, i.e. unlimited number of trips on public transport can partially compensate for low awareness of MaaS (although less informed users are on average less inclined to accept MaaS plans). The relationship is indicative but not statistically significant at the 5% level.


[bookmark: _Toc208785583][bookmark: _Toc210407472][bookmark: _Toc210853446][bookmark: _Toc215826330]Model formulas with inserted beta values
logit(yes) = 0.000 -0.597·Cost10c +0.642·Cost10_high +0.368·Period_3D -0.519·Period_Weekly -1.123·Period_2W -1.678·Period_Monthly +0.707·PT_Unlimited +0.277·PT_Finite +0.713·Rollover_100 -0.019·Rollover_50 -0.029·ScootMin10 -0.049·BikeMin10 -0.096·TaxiKm5 +0.032·CarshareKm5 +0.271·PTRides_perDay -0.009·Cost_x_F1 +0.174·PTunlim_x_U3 +0.000·PT_Any -1.777·HasQuota +0.385· How familiar are you with MaaS -0.374·Z rating: How familiar are you with MaaS? +0.151·App-based transport services: Taxi booking +0.384·App-based transport services: On-demand vehicle booking (e.g. shuttle bus, intercity/international bus, train) -0.050·App-based transport services: Ride‑sharing service booking (e.g. Bolt Taxi, TAXI Liepāja, Taxi Tesla, etc.) +0.347·App-based transport services: Car-sharing service use (e.g. CityBee, Bolt) +0.042·App-based transport services: Use of micro-mobility sharing services (e.g. (e‑)bikes, e‑scooters, etc.) -0.248·App-based transport services: Navigation (e.g. Google Maps, Waze) -0.554·App-based transport services: Public transport information and ticket sales (e.g. mobile app "Liepājas pilsēta") -0.184·App-based services for transport: Parking assistance (e.g. Mobilly for finding and paying for parking) (for car parks) -0.034·App-based services used for transport: Real-time traffic and route planning (e.g., Liepāja City mobile app traffic updates, route optimisation) -0.639·App-based services used for transport: I do not use app-based services +0.232·Public transport or shared service subscriptions: Tram +0.467·Public transport or shared service subscriptions: Bus +0.042·Public transport or shared service subscriptions: Car sharing -0.587·Public transport or shared service subscriptions: (e-) bike sharing +0.619·Public transport or shared service subscriptions: E‑scooter sharing +0.026·Public transport or shared service subscriptions: I prefer to book each trip separately +0.137·Public transport or shared service subscriptions: I only use my own private vehicles with
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WTP, or willingness to pay, describes how much respondents are willing to pay (€/day) to obtain or avoid a specific MaaS plan attribute.
· A positive WTP indicates a willingness to pay more – the attribute in question is considered valuable.
· A negative WTP means that the attractiveness of this attribute would require a price reduction or review.
The table below provides daily estimates of willingness to pay, which can be used to set prices for various plan attributes:



	Plan attribute
	Willingness to pay (€/day)
	Unit
	Use in pricing

	Rollover_100
	11.94
	Indicator = 1
	Price uplift – increase the daily price by this amount when a 100% rollover of unused allowance is included in the MaaS plan.

	PT_Unlimited
	11.84
	Indicator = 1
	Price uplift – increase the daily price by this amount when unlimited number of trips on public transport is included in the MaaS plan.

	Period_3D
	6.16
	Compared to the daily plan
	Price uplift – increase the daily price by this amount when a three-day plan is offered rather than a day plan.

	PT_Finite
	4.64
	Indicator = 1
	Price uplift – increase the daily price by this amount when public transport is included in the MaaS plan.

	PTRides_perDay
	4.54
	+1 trip per day
	Price uplift – increase the daily price by this amount for each additional trip per day.

	CarshareKm5
	0.54
	+5 km/day
	Price uplift – increase the daily price by this amount for every additional 5 km per day.

	Rollover_50
	-0.32
	Indicator = 1
	Price reducer – apply this discount to include the attribute in the MaaS plan; if such a discount is not feasible, reconsider including the attribute.

	ScootMin10
	-0.49
	+10 min/day
	Price reducer – apply a per-day discount for every additional 10 minutes/day of e-scooter allowance, or reconsider the attribute level.

	BikeMin10
	-0.82
	+10 min/day
	Price reducer – apply a per-day discount for every additional 10 minutes/day of (e-)bike allowance, or reconsider the attribute level.

	TaxiKm5
	-1.61
	+5 km/day
	Price reducer – apply a per-day discount for every additional 5 km/day of taxi allowance, or reconsider the attribute level.

	Period_Weekly
	-8.69
	Compared to the daily plan
	Price reducer – apply a per-day discount when a weekly plan is offered (vs a one-day plan).

	Period_2W
	-18.81
	Compared to the daily plan
	Price reducer – apply a per-day discount when a two-week plan is offered (vs a one-day plan).

	Period_Monthly
	-28.11
	Compared to the daily plan
	Price reducer – apply a per-day discount when a monthly plan is offered (vs a one-day plan).


Recommendations for pricing and offer strategy:
· Emphasise the most valuable features: unlimited number of trips on public transport and 100% rollover of unused allowance are highly valued: respondents are willing to pay a premium for these.
· Set appropriate allowances: avoid excessive minutes or kilometres, especially where high allowance reduces perceived value; offer simple top-ups.
· Offer a three-day plan: this plan is rated higher than a daily plan and is attractive to short-term users.
· Segment your messages: the extended model shows interactions with attitude and awareness–tailor communication by user group.
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When interpreting willingness to pay and overall model results, the following limitations should be taken into account:
· The choices indicated may not correspond to actual behaviour – there is a risk of so-called hypothetical bias, where respondents assign a higher value to ideal scenarios than to real situations.
· The survey was conducted in July and August 2025. Respondents' answers may be influenced by seasonal factors (e.g. holiday season, lower proportion of business trips, etc.). These circumstances may limit the applicability of the results to other periods of the year.
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Logit models calculate coefficients that reflect the relative importance of choice attributes rather than their absolute impact in euro terms. This means that the model coefficients are only identifiable up to a certain scale – the model results (choice probabilities and their ratios) remain unchanged if all coefficients are multiplied by the same constant.
Therefore, the initial willingness-to-pay estimates obtained from the responses may be mathematically correct in a comparative sense, but misinterpreted in absolute terms – i.e. too high or too low in euro terms. In order for the initial willingness-to-pay indicators to be practically usable in pricing, WTP scaling is performed – this means that the model's "money scale" is adjusted to real observed prices, such as Liepāja public transport ticket fares.
Example with initial (unscaled) WTP (€/day), where is the initial value of the plan:
	Plan
	Calculation
	Result

	Three-day plan + PT_Unlimited + Rollover_100
	P + 6.16 + 11.84 + 11.94
	P + 29.94 €/day

	Monthly plan + PT_Unlimited + Rollover_100
	P − 28.11 + 11.84 + 11.94
	P − 4.33 €/day


These results indicate that a three-day plan would be more expensive than a monthly plan, even with identical attributes, which is contrary to logic and actual market practice. This discrepancy clearly demonstrates the need for scaling.
Scaling with Liepāja public transport prices
To convert the model coefficients into real monetary values, we use Liepāja public transport prices as a reference:
· One trip: €0.90
· 10 trips: €8.50 (≈ €0.85/trip)
· Day tickets:
· 1 day – €3.00
· 3 days – €6.00 → €2.00/day
· 5 days – €9.00 → €1.80/day
· Monthly ticket (all days): €30.00 → €1.00/day
To make the coefficient obtained in the model for unlimited number of trips on public transport (WTP = 11.84) correspond to the actual price of a three-day ticket (€2.00/day), we calculate the scaling coefficient:

All initial WTPs will be multiplied by this coefficient to obtain scaled values in €/day, which can be used directly in pricing.
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In the tables below, each figure (€/day) is a markup or discount to be added to or subtracted from the selected base price (P €/day) to create a full price for a plan with specific attributes.
Pricing algorithm
1. Select a base price (P), for example, for a plan without unlimited number of trips on public transport, without rollover of unused allowance, without additional km/min, and set the daily price for this plan, for example, P = €2.50/day.
2. Add the selected attributes:
· If the WTP coefficient is positive → add (markup).
· If negative → subtract (discount).
3. Calculate the final price → P + (markups) − (discounts)
The final price should preferably not exceed ~40 €/day in order to remain within the range perceived by users and to be in line with the model specification – a piecewise function with a breakpoint at 40 €/day (above this threshold, the impact is assessed using scenario simulations).
Practical tips for plan design
· Always include the most highly valued attributes in "Plus" plans:
· Unlimited number of trips on public transport,
· 100% rollover of unused volume.
· Does the plan have usage restrictions? Offer a small initial allowance level + the option to carry over to the next period.
· For e‑scooters and taxis, include only a small available allowance + easy-to-understand options for adding volume.
Example 1:
Plan: Three days + unlimited number of trips on public transport + 100% rollover
Base price: P = €0.50/day
Surcharges:
· +€1.04 (three-day plan)
· +€2.00 (unlimited number of trips on public transport)
· +€2.02 (100% rollover)
Final price: 2.50 + 1.04 + 2.00 + 2.02 = €7.56/day.
Example 2:
Plan: Monthly pass + unlimited number of trips on public transport + 100% rollover
Base price: P = €2.50/day
Surcharges/discounts:
· −€4.75 (monthly plan)
· +€2.00 (unlimited number of trips on public transport)
· +€2.02 (100% rollover)
Final price: 2.50 − 4.75 + 2.00 + 2.02 = €1.77/day.
If you need an accurate forecast of customer choices (what percentage will choose which plan), use the full logit model (see 6.2.2Model coefficients ). Measured WTP is sufficient for pricing.
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	Calibrated WTP indicator (€/day)
	Interpretation

	The plan includes a limited allowance
	−5.03
	This is the strongest price-reducing factor: restrictions on any mode are unattractive. Avoid limits, or keep them minimal and pair them with 100% rollover of unused allowance.

	Monthly plan 
	−4.75
	Users expect a discount of around €4.75 per day relative to the daily plan; recommended only in combination with high-value attributes.

	Two-week plan
	−3.18
	Requires a substantial discount; consider only alongside high-value attributes.

	100% rollover of unused allowance 
	+2.02
	High added-value attribute; users are willing to pay approximately €2 more per day; combine with unlimited number of trips on public transport.

	Unlimited travel on public transport
	+2.00
	Main added value – provides a sense of convenience and security.

	Weekly plan
	−1.47
	Requires a discount relative to the daily plan, if offered.

	Three-day plan
	+1.04
	Valuable short-term option; suitable for short stays.

	Taxi allowance +5 km/day
	−0.27
	Slight negative impact: include only a small kilometre allowance and offer top-ups for additional kilometres.

	(E-)bike allowance +10 min/day
	−0.14
	Including too many minutes reduces perceived value; offer a small initial allowance with the option to purchase additional minutes.

	50% rollover of the unused amount
	−0.05
	Does not create value; excludes or equates to the option without rollover.

	E-scooter use +10 min. per day
	−0.08 (insignificant)
	Treat as zero in pricing; do not rely on it as a value creator for universal MaaS plans

	Car sharing +5 km per day
	+0.09 (insignificant)
	Treat as zero in pricing; can be included as an option, but it is not the main price-determining factor.




[bookmark: _Toc215826336]Link between the study’s conclusions and Liepāja’s Integrated Mobility Action Plan until 2035
Liepāja’s Integrated Mobility Action Plan until 2035 (IMAP) emphasises public transport as the backbone of mobility, convenient and predictable transfers, and a simple, comprehensible ticketing system (e.g., pp. 117, 147). Study data show that this offer matches user preferences and that users are willing to pay for it. The highest-rated MaaS plan attributes are (i) unlimited public transport trips and (ii) 100% rollover of the unused allowance to the next period. By contrast, usage limits without rollover substantially reduce the offer’s attractiveness.
Ticketing and pricing rules are where IMAP intentions most clearly align with the findings. In this study, “unlimited number of trips on public transport” and “100% rollover of unused allowance” have the strongest positive impacts on MaaS plan choice. Therefore, whenever an allowance limit is present, rollover should be automatic and top-ups simple, avoiding any sense of paying for allowance that will not be used. This reduces initial uncertainty and builds trust.
Short-term offers, especially three-day tickets, are attractive and have a willingness to pay for the transport modes included in such a MaaS plan and their usage levels/allowances. Weekly, two-week and monthly products, by contrast, require larger discounts. Prices and zones should therefore be linked to a “daily-equivalent” logic: set a clear daily price first, then derive longer-period prices consistently from it.
IMAP envisages coordinated arrivals across public-transport lines to keep waiting times short. This is critical: unlimited number of trips on public transport only delivers value if services are frequent and predictable, especially in peak hours and the active tourist season.
IMAP also foresees mobility points (MPs) integrating public transport, micro-mobility, car-sharing and park-and-ride (pp. 127, 132–146). The study warns against excessive micro-mobility allowances in plans: +10 minutes (e-)bike/day and +5 km taxi/day can reduce utility. Basic packages should therefore start with small, well-judged allowances that are easy to top up in-app: 10–20 min (e-)bike/day and 0–5 km taxi/day as starting limits, with anything above added via the app. These limits are illustrative, grounded in model coefficients rather than exact optima. Based on demand patterns and willingness to use different modes, we propose Liepāja Station mobility point (serving train passengers) and Grīzupe Turning mobility point (capturing regular arrivals from Grobiņa) as early sites.
IMAP foresees significant investment (~€179–326 million; e.g., p. 195). The study’s conclusions help prioritise quick, low-cost measures: unlimited number of trips on public transport, 100% rollover of unused allowance and simple top-ups can boost MaaS uptake in the short term and support return on capital. Higher ridership also helps recoup investment in zero-emission trams and a higher share of zero-emission buses through added revenue and public support.
Clear public communication is essential. A simple message –“more convenient, more predictable, more fair” – captures the offer: unlimited number of trips on public travel provides worry-free travel; full rollover of unused allowance ensures nothing paid is lost; flexible add-ons let people pay only for what they need. With personalised recommendations and loyalty options, acceptance should increase.
The impact of rollover of the unused allowance on revenues and customer loyalty requires additional evaluation. It can be assessed over six to nine months using comparative data analysis—examining how customer behaviour and MaaS revenues change when rollover of the unused allowance is introduced as a default rule for MaaS plans with a term of at least one week. Special attention should also be paid to the three-day offer for tourists – if it is offered in conjunction with hotels and add-ons in the app, demand and growth can be assessed within a single season.
There are three areas where the alignment between the IMAP and the research findings could be improved. First, if the focus remains on monthly or biweekly products that do not offer obvious advantages, their appeal will diminish. The model results indicate that for longer periods users expect substantial discounts—up to €4.75 per day relative to the day-equivalent price— first setting the daily price and then consistently deriving the long-term product price levels from it. Second, strict usage limits without the rollover of unused allowance create uncertainty and reduce the choice of MaaS plans. If usage limits are included in the plan, the rollover of unused allowance to the next period must be automatic; otherwise, the choice of MaaS will decrease. Third, an excessively large micro-mobility base is inefficient, as people are unwilling to pay for something they will not use on a daily basis. Therefore, it is advisable to start with small, well-considered volumes, while any additional volume can be added flexibly in the app.
The following are possible short-term goals for project implementation:
· Launch a three-day tourist package (unlimited number of trips on public transport, small starters, plan sharing) with a target of ≥25% tourist uptake in the 2026 season.
· In micro-mobility, aim for each active user to make ≥1 top-up/month by year-end–evidence that base allowances are balanced and understood.
· At transfer points, cut peak-hour waits by 20% by end-2027; within a year, achieve ≥33% of active users selecting multi-leg routes in-app, evidencing practical value.
Data are needed to ensure that progress is moving in the right direction. First, assess the impact of zone reform on demand by simulating price–choice effects; in production, use only ethical in-app A/B tests–explanations of the “daily-equivalent” concept and price displays, as well as starter allowances and increment steps (with a common base level and unit rate). Second, define key indicators for mobility points (e.g., transfer frequency and waiting time, use of top-ups, share of unused-allowance rollover) and begin collecting data via counters and app analytics to provide regular, comparable and actionable feedback.
[bookmark: _Toc215826337]Recommendations: what to do and why (in the IMAP context)
1. Introduce simple, user-friendly MaaS tariffs.
Why: Survey data show that risk-reducing conditions–unlimited number of trips on public transport and 100% rollover of unused allowance to the next period–are most highly valued. Such conditions significantly increase the willingness of residents and tourists to use the service.
How: (1) Set 100% rollover of the unused allowance to the next period for all MaaS plans that have volume caps and a term longer than one week. (2) Include unlimited number of trips on public transport in all base offers. (3) For two-week and monthly plans, apply substantial discounts or add other benefits so they are as attractive as one- to three-day MaaS plans with additional included modes.
Rollover of the unused allowance already make one- and two-week plans sufficiently attractive versus one-day plans. For the monthly plan, the day-equivalent price should be €2–3 lower than the daily plan price, which aligns with the current public-transport tariff structure.
Reference IMAP: zone/e-ticket framework and integration (p. 147); journey synchronisation principle (p. 117).
CO₂ impact: Neutral to moderate; increases demand for sustainable transport.

2. Introduce a three-day plan tailored to tourists by summer 2026.
Why: Three-day plans with reasonable prices and unlimited number of trips on public transport are the most attractive, especially for guests staying in Liepāja over weekends or during events.
How: Develop a three-day plan with: unlimited number of trips on public transport; micro-mobility volumes adapted to attractions (e.g., 20 minutes of (e-)bike use per day); activation via hotel QR code or digital coupon.
Reference IMAP: intermodal integration and hub development for tourist flows (pp. 127 and 132–146).
CO₂ impact: Significant–guests shift from private cars to public transport.

3. Define the principle of ‘small base allowance + top-up’ in the functionality of mobility points (MPs).
Why: Oversized micromobility allowance levels reduce the choice of a MaaS plan (users avoid paying for unused minutes), though some user groups may choose to top up as needed.
How: (1) Set small starting volumes for short-term plans: (e-)bike 10–20 minutes/day; taxi 0–5 km/day. (2) Offer additional allowance as a reasonably priced top-up. (3) Introduce a simple in-app top-up flow. Coordinate with phases 1 and 2 of mobility point implementation.
Reference IMAP: Mobility point concept and regional connection (pp. 127 and 132–146).
CO₂ impact: Medium–reduces dependence on cars for short distances.

4. Introduce the ‘daily-equivalent’ principle in tariff regulations to ensure acceptable, comparable pricing.
Why: Longer periods (two weeks, one month) are unattractive if prices are not logically justified. Users expect longer-term plans to reduce daily costs.
How: (1) Display the calculated daily price for all long-term plans. (2) Ensure a monthly plan costs significantly less than 30 separate one-day plans combined.
Reference IMAP: Measure 4.1.4; KPI: tariff comprehensibility, reduction in complaints.
CO₂ impact: Indirect–pricing nudges greater use of public transport.
All	
Vecliepāja un centrs	Ezerkrasts	Dienvidrietumu rajons	Karosta	Jaunliepāja	Ziemeļu priekšpilsēta	Zaļā birzs	Tosmare	Jaunā pasaule	0.29139072847682118	0.21523178807947019	0.11589403973509933	0.11258278145695365	9.9337748344370855E-2	8.2781456953642391E-2	4.3046357615894038E-2	3.3112582781456956E-2	6.6225165562913907E-3	
Basis: Residents of Liepāja (n=302).


Choice of scenario presented	
Extremely disagree	Disagree	Neither agree nor disagree	Agree	Extremely Agree	Extremely disagree	Disagree	Neither agree nor disagree	Agree	Extremely Agree	Extremely disagree	Disagree	Neither agree nor disagree	Agree	Extremely Agree	if it would help spend less money on transportation each month	if it would provide safe and secure travel experience	if it would help save time during daily commutes	0.4358974358974359	0.51020408163265307	0.4711934156378601	0.55993150684931503	0.53846153846153844	0.53125	0.55932203389830504	0.43314500941619588	0.56043956043956045	0.59322033898305082	0.55339805825242716	0.53731343283582089	0.46466809421841543	0.52702702702702697	0.57971014492753625	
Basis: Tourists (n=1441).



Not present	
Car (n=1444)	Bike / e-Bike (n=187)	Scooter / e-Scooter (n=104)	Carsharing (n=51)	Motorbike / Motorcycle (n=38)	Public transport (n=900)	Walking (n=666)	Taxi (n=85)	0.27927927927927926	0.13333333333333333	0.45	0.5	0.4	0.34259259259259262	0.21978021978021978	0.55000000000000004	Low presence	
Car (n=1444)	Bike / e-Bike (n=187)	Scooter / e-Scooter (n=104)	Carsharing (n=51)	Motorbike / Motorcycle (n=38)	Public transport (n=900)	Walking (n=666)	Taxi (n=85)	0.39534883720930231	0.3902439024390244	0.56000000000000005	0.63636363636363635	0.375	0.52777777777777779	0.44444444444444442	0.36842105263157893	Medium presence	
Car (n=1444)	Bike / e-Bike (n=187)	Scooter / e-Scooter (n=104)	Carsharing (n=51)	Motorbike / Motorcycle (n=38)	Public transport (n=900)	Walking (n=666)	Taxi (n=85)	0.48993288590604028	0.44444444444444442	0.68421052631578949	0.7	0.7142857142857143	0.45698924731182794	0.51973684210526316	0.53846153846153844	High presence	
Car (n=1444)	Bike / e-Bike (n=187)	Scooter / e-Scooter (n=104)	Carsharing (n=51)	Motorbike / Motorcycle (n=38)	Public transport (n=900)	Walking (n=666)	Taxi (n=85)	0.42682926829268292	0.2857142857142857	0.52631578947368418	0	0.14285714285714285	0.43529411764705883	0.33944954128440369	0.25	Very high presence	
Car (n=1444)	Bike / e-Bike (n=187)	Scooter / e-Scooter (n=104)	Carsharing (n=51)	Motorbike / Motorcycle (n=38)	Public transport (n=900)	Walking (n=666)	Taxi (n=85)	0.57357357357357353	0.42857142857142855	0.5	0.45454545454545453	0	0.68235294117647061	0.61235955056179781	0.55000000000000004	
Basis: All responses (n=3125).



Not present	
Car (n=1444)	Bike / e-Bike (n=187)	Scooter / e-Scooter (n=104)	Carsharing (n=51)	Motorbike / Motorcycle (n=38)	Public transport (n=900)	Walking (n=666)	Taxi (n=85)	0.55277280858676203	0.53731343283582089	0.59259259259259256	0.36363636363636365	0.36363636363636365	0.65428571428571425	0.65289256198347112	0.5161290322580645	Low presence	
Car (n=1444)	Bike / e-Bike (n=187)	Scooter / e-Scooter (n=104)	Carsharing (n=51)	Motorbike / Motorcycle (n=38)	Public transport (n=900)	Walking (n=666)	Taxi (n=85)	0.48224852071005919	0.2558139534883721	0.52	0.66666666666666663	0.44444444444444442	0.51152073732718895	0.45562130177514792	0.26666666666666666	Medium presence	
Car (n=1444)	Bike / e-Bike (n=187)	Scooter / e-Scooter (n=104)	Carsharing (n=51)	Motorbike / Motorcycle (n=38)	Public transport (n=900)	Walking (n=666)	Taxi (n=85)	0.36949152542372882	0.30952380952380953	0.54166666666666663	0.5	0.44444444444444442	0.4	0.32624113475177308	0.52941176470588236	High presence	
Car (n=1444)	Bike / e-Bike (n=187)	Scooter / e-Scooter (n=104)	Carsharing (n=51)	Motorbike / Motorcycle (n=38)	Public transport (n=900)	Walking (n=666)	Taxi (n=85)	0.23505976095617531	0.17647058823529413	0.51851851851851849	0.4	0.125	0.34090909090909088	0.21238938053097345	0.47619047619047616	
Basis: All responses (n=3125).



Not present	
Car (n=1444)	Bike / e-Bike (n=187)	Scooter / e-Scooter (n=104)	Carsharing (n=51)	Motorbike / Motorcycle (n=38)	Public transport (n=900)	Walking (n=666)	Taxi (n=85)	0.6278118609406953	0.61904761904761907	0.72413793103448276	0.53846153846153844	0.58333333333333337	0.71103896103896103	0.69523809523809521	0.62962962962962965	Low presence	
Car (n=1444)	Bike / e-Bike (n=187)	Scooter / e-Scooter (n=104)	Carsharing (n=51)	Motorbike / Motorcycle (n=38)	Public transport (n=900)	Walking (n=666)	Taxi (n=85)	0.47126436781609193	0.29629629629629628	0.58333333333333337	0.44444444444444442	0.2857142857142857	0.45061728395061729	0.42592592592592593	0.53333333333333333	Medium presence	
Car (n=1444)	Bike / e-Bike (n=187)	Scooter / e-Scooter (n=104)	Carsharing (n=51)	Motorbike / Motorcycle (n=38)	Public transport (n=900)	Walking (n=666)	Taxi (n=85)	0.3923444976076555	0.34375	0.5	0.33333333333333331	0.16666666666666666	0.49180327868852458	0.39622641509433965	0.27272727272727271	High presence	
Car (n=1444)	Bike / e-Bike (n=187)	Scooter / e-Scooter (n=104)	Carsharing (n=51)	Motorbike / Motorcycle (n=38)	Public transport (n=900)	Walking (n=666)	Taxi (n=85)	0.25136612021857924	8.3333333333333329E-2	0.26666666666666666	0.375	0	0.4049586776859504	0.34020618556701032	0.18181818181818182	Very high presence	
Car (n=1444)	Bike / e-Bike (n=187)	Scooter / e-Scooter (n=104)	Carsharing (n=51)	Motorbike / Motorcycle (n=38)	Public transport (n=900)	Walking (n=666)	Taxi (n=85)	0.27058823529411763	0.13043478260869565	0.5	0.66666666666666663	0.4	0.32631578947368423	0.16666666666666666	0.27272727272727271	Maximum presence	
Car (n=1444)	Bike / e-Bike (n=187)	Scooter / e-Scooter (n=104)	Carsharing (n=51)	Motorbike / Motorcycle (n=38)	Public transport (n=900)	Walking (n=666)	Taxi (n=85)	0.27480916030534353	0.17647058823529413	0.42857142857142855	0.8	1	0.36263736263736263	0.37878787878787878	0.66666666666666663	
Basis: All responses (n=3125).



Not present	
Car (n=1444)	Bike / e-Bike (n=187)	Scooter / e-Scooter (n=104)	Carsharing (n=51)	Motorbike / Motorcycle (n=38)	Public transport (n=900)	Walking (n=666)	Taxi (n=85)	0.58627858627858631	0.55000000000000004	0.68571428571428572	0.46666666666666667	0.53846153846153844	0.66086956521739126	0.65800865800865804	0.58333333333333337	Low presence	
Car (n=1444)	Bike / e-Bike (n=187)	Scooter / e-Scooter (n=104)	Carsharing (n=51)	Motorbike / Motorcycle (n=38)	Public transport (n=900)	Walking (n=666)	Taxi (n=85)	0.48562300319488816	0.25714285714285712	0.5	0.36363636363636365	0.125	0.5056179775280899	0.45185185185185184	0.46153846153846156	Medium presence	
Car (n=1444)	Bike / e-Bike (n=187)	Scooter / e-Scooter (n=104)	Carsharing (n=51)	Motorbike / Motorcycle (n=38)	Public transport (n=900)	Walking (n=666)	Taxi (n=85)	0.37692307692307692	0.17241379310344829	0.53333333333333333	0.16666666666666666	0	0.3923076923076923	0.33673469387755101	0.375	High presence	
Car (n=1444)	Bike / e-Bike (n=187)	Scooter / e-Scooter (n=104)	Carsharing (n=51)	Motorbike / Motorcycle (n=38)	Public transport (n=900)	Walking (n=666)	Taxi (n=85)	0.31122448979591838	5.8823529411764705E-2	0.33333333333333331	0.66666666666666663	0.25	0.42657342657342656	0.27619047619047621	0.15384615384615385	Very high presence	
Car (n=1444)	Bike / e-Bike (n=187)	Scooter / e-Scooter (n=104)	Carsharing (n=51)	Motorbike / Motorcycle (n=38)	Public transport (n=900)	Walking (n=666)	Taxi (n=85)	0.24352331606217617	0.28000000000000003	0.5	0.77777777777777779	0.66666666666666663	0.33980582524271846	0.3125	0.61111111111111116	
Basis: All responses (n=3125).



Not present	
Car (n=1443)	Bike / e-Bike (n=187)	Scooter / e-Scooter (n=104)	Carsharing (n=51)	Motorbike / Motorcycle (n=38)	Public transport (n=900)	Walking (n=666)	Taxi (n=85)	0.5625	0.56060606060606055	0.65714285714285714	0.41666666666666669	0.46153846153846156	0.6376811594202898	0.60483870967741937	0.45454545454545453	Low presence	
Car (n=1443)	Bike / e-Bike (n=187)	Scooter / e-Scooter (n=104)	Carsharing (n=51)	Motorbike / Motorcycle (n=38)	Public transport (n=900)	Walking (n=666)	Taxi (n=85)	0.43859649122807015	0.31578947368421051	0.54166666666666663	0.5714285714285714	0.5	0.50819672131147542	0.41592920353982299	0.55555555555555558	Medium presence	
Car (n=1443)	Bike / e-Bike (n=187)	Scooter / e-Scooter (n=104)	Carsharing (n=51)	Motorbike / Motorcycle (n=38)	Public transport (n=900)	Walking (n=666)	Taxi (n=85)	0.3860294117647059	0.25925925925925924	0.52631578947368418	0.375	0.16666666666666666	0.4148148148148148	0.36082474226804123	0.42105263157894735	High presence	
Car (n=1443)	Bike / e-Bike (n=187)	Scooter / e-Scooter (n=104)	Carsharing (n=51)	Motorbike / Motorcycle (n=38)	Public transport (n=900)	Walking (n=666)	Taxi (n=85)	0.34246575342465752	0.2	0.2	0.6	0	0.45238095238095238	0.36458333333333331	0.5	Very high presence	
Car (n=1443)	Bike / e-Bike (n=187)	Scooter / e-Scooter (n=104)	Carsharing (n=51)	Motorbike / Motorcycle (n=38)	Public transport (n=900)	Walking (n=666)	Taxi (n=85)	0.34408602150537637	0.16666666666666666	0.53333333333333333	0.5	0.33333333333333331	0.35454545454545455	0.34234234234234234	0.36363636363636365	
Basis: All responses (n=3124).



No	
Cluster 1 (n=392)	Cluster 2 (n=226)	Cluster 3 (n=175)	Cluster 4 (n=156)	0 (n=213)	7.6530612244897957E-3	0	0	0	0.83568075117370888	Yes	
Cluster 1 (n=392)	Cluster 2 (n=226)	Cluster 3 (n=175)	Cluster 4 (n=156)	0 (n=213)	0.99234693877551017	1	1	1	0.16431924882629109	
Basis: User-created scenarios (n=1162).



Residents and commuters	
Cluster 1 (n=392)	Cluster 2 (n=226)	Cluster 3 (n=175)	Cluster 4 (n=156)	0 (n=222)	0.47959183673469385	0.84513274336283184	0.22857142857142856	0.48076923076923078	0.59909909909909909	Tourists	
Cluster 1 (n=392)	Cluster 2 (n=226)	Cluster 3 (n=175)	Cluster 4 (n=156)	0 (n=222)	0.52040816326530615	0.15486725663716813	0.77142857142857146	0.51923076923076927	0.40090090090090091	
Basis: User-created scenarios (n=1171).



-60,0%	
Cluster 1 (n=392)	Cluster 2 (n=226)	Cluster 3 (n=175)	Cluster 4 (n=156)	0 (n=222)	0.28061224489795916	0.25221238938053098	0.21142857142857144	0.25641025641025639	0.33783783783783783	-40,0%	
Cluster 1 (n=392)	Cluster 2 (n=226)	Cluster 3 (n=175)	Cluster 4 (n=156)	0 (n=222)	0.21173469387755103	0.2168141592920354	0.21714285714285714	0.19871794871794871	0.27927927927927926	-20,0%	
Cluster 1 (n=392)	Cluster 2 (n=226)	Cluster 3 (n=175)	Cluster 4 (n=156)	0 (n=222)	0.12755102040816327	9.2920353982300891E-2	0.10857142857142857	8.3333333333333329E-2	0.13063063063063063	0,0%	
Cluster 1 (n=392)	Cluster 2 (n=226)	Cluster 3 (n=175)	Cluster 4 (n=156)	0 (n=222)	0.11734693877551021	0.12389380530973451	0.11428571428571428	0.17948717948717949	8.1081081081081086E-2	20,0%	
Cluster 1 (n=392)	Cluster 2 (n=226)	Cluster 3 (n=175)	Cluster 4 (n=156)	0 (n=222)	0.11224489795918367	0.12389380530973451	0.14285714285714285	0.11538461538461539	5.4054054054054057E-2	40,0%	
Cluster 1 (n=392)	Cluster 2 (n=226)	Cluster 3 (n=175)	Cluster 4 (n=156)	0 (n=222)	7.3979591836734693E-2	0.11061946902654868	0.13142857142857142	0.10256410256410256	6.7567567567567571E-2	60,0%	
Cluster 1 (n=392)	Cluster 2 (n=226)	Cluster 3 (n=175)	Cluster 4 (n=156)	0 (n=222)	7.6530612244897961E-2	7.9646017699115043E-2	7.4285714285714288E-2	6.4102564102564097E-2	4.954954954954955E-2	
Basis: User-created scenarios (n=1171).



Daily	
Cluster 1 (n=392)	Cluster 2 (n=226)	Cluster 3 (n=175)	Cluster 4 (n=156)	0 (n=222)	0.96683673469387754	0	0	0	0.3108108108108108	3-day	
Cluster 1 (n=392)	Cluster 2 (n=226)	Cluster 3 (n=175)	Cluster 4 (n=156)	0 (n=222)	1.2755102040816327E-2	0	1	0	0.12162162162162163	Weekly	
Cluster 1 (n=392)	Cluster 2 (n=226)	Cluster 3 (n=175)	Cluster 4 (n=156)	0 (n=222)	2.5510204081632651E-3	0	0	1	0.11261261261261261	Biweekly	
Cluster 1 (n=392)	Cluster 2 (n=226)	Cluster 3 (n=175)	Cluster 4 (n=156)	0 (n=222)	5.1020408163265302E-3	0	0	0	0.20270270270270271	Monthly	
Cluster 1 (n=392)	Cluster 2 (n=226)	Cluster 3 (n=175)	Cluster 4 (n=156)	0 (n=222)	1.2755102040816327E-2	1	0	0	0.25225225225225223	
Basis: User-created scenarios (n=1171).



All	
Grobiņa	Pāvilosta	Nīca	Aizpute	Durbe	Priekule	Otaņķi	Rucava	other	0.39583333333333331	0.14583333333333334	0.10416666666666667	8.3333333333333329E-2	8.3333333333333329E-2	8.3333333333333329E-2	6.25E-2	2.0833333333333332E-2	2.0833333333333332E-2	
Basis: Commuters / Temporary Visitors (n=48).


Not present	
Cluster 1 (n=392)	Cluster 2 (n=226)	Cluster 3 (n=175)	Cluster 4 (n=156)	0 (n=222)	5.1020408163265307E-2	3.9823008849557522E-2	4.5714285714285714E-2	9.6153846153846159E-2	8.5585585585585586E-2	Low presence	
Cluster 1 (n=392)	Cluster 2 (n=226)	Cluster 3 (n=175)	Cluster 4 (n=156)	0 (n=222)	0.17602040816326531	0.14601769911504425	0.18285714285714286	0.51923076923076927	0.2072072072072072	Medium presence	
Cluster 1 (n=392)	Cluster 2 (n=226)	Cluster 3 (n=175)	Cluster 4 (n=156)	0 (n=222)	0.2857142857142857	0.1415929203539823	0.29142857142857143	0.10256410256410256	0.22522522522522523	High presence	
Cluster 1 (n=392)	Cluster 2 (n=226)	Cluster 3 (n=175)	Cluster 4 (n=156)	0 (n=222)	0.18112244897959184	7.9646017699115043E-2	0.14285714285714285	9.6153846153846159E-2	0.12162162162162163	Very high presence	
Cluster 1 (n=392)	Cluster 2 (n=226)	Cluster 3 (n=175)	Cluster 4 (n=156)	0 (n=222)	0.30612244897959184	0.59292035398230092	0.33714285714285713	0.1858974358974359	0.36036036036036034	
Basis: User-created scenarios (n=1171).



Not present	
Cluster 1 (n=392)	Cluster 2 (n=226)	Cluster 3 (n=175)	Cluster 4 (n=156)	0 (n=222)	0.71938775510204078	0.76106194690265483	0.4	0.49358974358974361	0.59909909909909909	Low presence	
Cluster 1 (n=392)	Cluster 2 (n=226)	Cluster 3 (n=175)	Cluster 4 (n=156)	0 (n=222)	0.11479591836734694	0.15044247787610621	0.33714285714285713	0.27564102564102566	0.26126126126126126	Medium presence	
Cluster 1 (n=392)	Cluster 2 (n=226)	Cluster 3 (n=175)	Cluster 4 (n=156)	0 (n=222)	0.125	5.3097345132743362E-2	0.21142857142857144	0.17307692307692307	9.90990990990991E-2	High presence	
Cluster 1 (n=392)	Cluster 2 (n=226)	Cluster 3 (n=175)	Cluster 4 (n=156)	0 (n=222)	4.0816326530612242E-2	3.5398230088495575E-2	5.1428571428571428E-2	5.7692307692307696E-2	4.0540540540540543E-2	
Basis: User-created scenarios (n=1171).



Not present	
Cluster 1 (n=392)	Cluster 2 (n=226)	Cluster 3 (n=175)	Cluster 4 (n=156)	0 (n=222)	0.6964285714285714	0.74336283185840712	0.37142857142857144	0.49358974358974361	0.60810810810810811	Low presence	
Cluster 1 (n=392)	Cluster 2 (n=226)	Cluster 3 (n=175)	Cluster 4 (n=156)	0 (n=222)	0.11224489795918367	0.17256637168141592	0.1657142857142857	0.22435897435897437	0.14414414414414414	Medium presence	
Cluster 1 (n=392)	Cluster 2 (n=226)	Cluster 3 (n=175)	Cluster 4 (n=156)	0 (n=222)	0.10969387755102041	4.8672566371681415E-2	0.2	0.17307692307692307	0.10810810810810811	High presence	
Cluster 1 (n=392)	Cluster 2 (n=226)	Cluster 3 (n=175)	Cluster 4 (n=156)	0 (n=222)	4.336734693877551E-2	8.8495575221238937E-3	0.12	4.4871794871794872E-2	4.5045045045045043E-2	Very high presence	
Cluster 1 (n=392)	Cluster 2 (n=226)	Cluster 3 (n=175)	Cluster 4 (n=156)	0 (n=222)	1.2755102040816327E-2	8.8495575221238937E-3	6.2857142857142861E-2	3.2051282051282048E-2	4.0540540540540543E-2	Maximum presence	
Cluster 1 (n=392)	Cluster 2 (n=226)	Cluster 3 (n=175)	Cluster 4 (n=156)	0 (n=222)	2.5510204081632654E-2	1.7699115044247787E-2	0.08	3.2051282051282048E-2	5.4054054054054057E-2	
Basis: User-created scenarios (n=1171).



Not present	
Cluster 1 (n=392)	Cluster 2 (n=226)	Cluster 3 (n=175)	Cluster 4 (n=156)	0 (n=222)	0.67091836734693877	0.73008849557522126	0.34285714285714286	0.5	0.5	Low presence	
Cluster 1 (n=392)	Cluster 2 (n=226)	Cluster 3 (n=175)	Cluster 4 (n=156)	0 (n=222)	0.16581632653061223	0.17699115044247787	0.26285714285714284	0.25	0.25675675675675674	Medium presence	
Cluster 1 (n=392)	Cluster 2 (n=226)	Cluster 3 (n=175)	Cluster 4 (n=156)	0 (n=222)	0.10204081632653061	4.8672566371681415E-2	0.22857142857142856	0.10256410256410256	0.10810810810810811	High presence	
Cluster 1 (n=392)	Cluster 2 (n=226)	Cluster 3 (n=175)	Cluster 4 (n=156)	0 (n=222)	2.8061224489795918E-2	1.7699115044247787E-2	0.12571428571428572	9.6153846153846159E-2	5.8558558558558557E-2	Very high presence	
Cluster 1 (n=392)	Cluster 2 (n=226)	Cluster 3 (n=175)	Cluster 4 (n=156)	0 (n=222)	3.3163265306122451E-2	2.6548672566371681E-2	0.04	5.128205128205128E-2	7.6576576576576572E-2	
Basis: User-created scenarios (n=1171).



Not present	
Cluster 1 (n=392)	Cluster 2 (n=225)	Cluster 3 (n=175)	Cluster 4 (n=156)	0 (n=222)	0.68112244897959184	0.6711111111111111	0.38857142857142857	0.41666666666666669	0.49549549549549549	Low presence	
Cluster 1 (n=392)	Cluster 2 (n=225)	Cluster 3 (n=175)	Cluster 4 (n=156)	0 (n=222)	9.6938775510204078E-2	0.13777777777777778	0.28000000000000003	0.27564102564102566	0.21171171171171171	Medium presence	
Cluster 1 (n=392)	Cluster 2 (n=225)	Cluster 3 (n=175)	Cluster 4 (n=156)	0 (n=222)	0.10459183673469388	8.4444444444444447E-2	0.14857142857142858	0.13461538461538461	0.15315315315315314	High presence	
Cluster 1 (n=392)	Cluster 2 (n=225)	Cluster 3 (n=175)	Cluster 4 (n=156)	0 (n=222)	6.1224489795918366E-2	2.6666666666666668E-2	0.12	0.12179487179487179	5.4054054054054057E-2	Very high presence	
Cluster 1 (n=392)	Cluster 2 (n=225)	Cluster 3 (n=175)	Cluster 4 (n=156)	0 (n=222)	5.6122448979591837E-2	0.08	6.2857142857142861E-2	5.128205128205128E-2	8.5585585585585586E-2	
Basis: User-created scenarios (n=1170).



0% (no rollover)	
Cluster 1 (n=392)	Cluster 2 (n=226)	Cluster 3 (n=175)	Cluster 4 (n=156)	0 (n=213)	0.19132653061224489	0.17256637168141592	0.12571428571428572	0.10897435897435898	0.14553990610328638	50% rollover	
Cluster 1 (n=392)	Cluster 2 (n=226)	Cluster 3 (n=175)	Cluster 4 (n=156)	0 (n=213)	8.4183673469387751E-2	6.637168141592921E-2	0.2742857142857143	0.16666666666666666	0.15492957746478872	100% rollover	
Cluster 1 (n=392)	Cluster 2 (n=226)	Cluster 3 (n=175)	Cluster 4 (n=156)	0 (n=213)	0.72448979591836737	0.76106194690265483	0.6	0.72435897435897434	0.69953051643192488	
Basis: User-created scenarios (n=1162).



Yes	
Cluster 1 (n=389)	Cluster 2 (n=226)	Cluster 3 (n=175)	Cluster 4 (n=156)	0 (n=35)	0.688946015424164	0.69469026548672497	0.74285714285714199	0.69230769230769196	0.51428571428571401	No	
Cluster 1 (n=389)	Cluster 2 (n=226)	Cluster 3 (n=175)	Cluster 4 (n=156)	0 (n=35)	0.311053984575835	0.30530973451327398	0.25714285714285701	0.30769230769230699	0.48571428571428499	
Basis: User-created scenarios (n=981).



I would not share the plan	
Cluster 1 (n=268)	Cluster 2 (n=157)	Cluster 3 (n=130)	Cluster 4 (n=108)	Cluster 0 (n=18)	7.4626865671641784E-2	8.9171974522292988E-2	6.1538461538461542E-2	0.1111111111111111	0.1111111111111111	2 people	
Cluster 1 (n=268)	Cluster 2 (n=157)	Cluster 3 (n=130)	Cluster 4 (n=108)	Cluster 0 (n=18)	0.54104477611940294	0.51592356687898089	0.5	0.49074074074074076	0.77777777777777779	3 people	
Cluster 1 (n=268)	Cluster 2 (n=157)	Cluster 3 (n=130)	Cluster 4 (n=108)	Cluster 0 (n=18)	0.22014925373134328	0.26114649681528662	0.25384615384615383	0.24074074074074073	5.5555555555555552E-2	4 people	
Cluster 1 (n=268)	Cluster 2 (n=157)	Cluster 3 (n=130)	Cluster 4 (n=108)	Cluster 0 (n=18)	0.1044776119402985	5.7324840764331211E-2	0.12307692307692308	4.6296296296296294E-2	5.5555555555555552E-2	5 people	
Cluster 1 (n=268)	Cluster 2 (n=157)	Cluster 3 (n=130)	Cluster 4 (n=108)	Cluster 0 (n=18)	5.9701492537313432E-2	7.6433121019108277E-2	6.1538461538461542E-2	0.1111111111111111	0	
Base: Willing to share their self-configured MaaS plan (n=681).



Up to 15 EUR	
Cluster 1 (n=156)	Cluster 2 (n=180)	Cluster 3 (n=54)	Cluster 4 (n=74)	0 (n=128)	0.3141025641025641	0.21111111111111111	0.51851851851851849	0.20270270270270271	0.25	16–30 EUR	
Cluster 1 (n=156)	Cluster 2 (n=180)	Cluster 3 (n=54)	Cluster 4 (n=74)	0 (n=128)	0.1858974358974359	0.34444444444444444	0	0.28378378378378377	0.2578125	31–80 EUR	
Cluster 1 (n=156)	Cluster 2 (n=180)	Cluster 3 (n=54)	Cluster 4 (n=74)	0 (n=128)	0.25	0.22222222222222221	0.24074074074074073	0.14864864864864866	0.296875	81 EUR or more	
Cluster 1 (n=156)	Cluster 2 (n=180)	Cluster 3 (n=54)	Cluster 4 (n=74)	0 (n=128)	0.25	0.22222222222222221	0.24074074074074073	0.36486486486486486	0.1953125	
Basis: User-created scenarios (n=592).



Cluster 1 (n=392)	
Booking a taxi	Booking a vehicle on-demand (e.g., shuttle bus, intercity/international bus, train)	Booking a ride-hailing service (e.g., Bolt Taxi, TAXI Liepāja, Taxi Tesla, etc.)	Using carsharing service (e.g., CityBee, Bolt)	Using micro-mobility sharing service (e.g., e-bike, e-scooter, bike, etc.)	Navigation (e.g., Google Maps, Waze)	Public transport information and ticketing (e.g., mobile app  "Liepāja city")	Parking assistance (e.g., Mobilly for finding and paying for parking)	Real-time traffic and route planning (e.g., mobile app "Liepāja city" traffic updates, route optimization)	I don't use app-based services	0.12755102040816327	9.438775510204081E-2	0.11989795918367346	0.10969387755102041	5.1020408163265307E-2	0.52040816326530615	0.28061224489795916	0.25510204081632654	9.6938775510204078E-2	0.22704081632653061	Cluster 2 (n=226)	
Booking a taxi	Booking a vehicle on-demand (e.g., shuttle bus, intercity/international bus, train)	Booking a ride-hailing service (e.g., Bolt Taxi, TAXI Liepāja, Taxi Tesla, etc.)	Using carsharing service (e.g., CityBee, Bolt)	Using micro-mobility sharing service (e.g., e-bike, e-scooter, bike, etc.)	Navigation (e.g., Google Maps, Waze)	Public transport information and ticketing (e.g., mobile app  "Liepāja city")	Parking assistance (e.g., Mobilly for finding and paying for parking)	Real-time traffic and route planning (e.g., mobile app "Liepāja city" traffic updates, route optimization)	I don't use app-based services	0.13716814159292035	0.15044247787610621	0.18141592920353983	0.15044247787610621	9.2920353982300891E-2	0.54867256637168138	0.59734513274336287	0.24336283185840707	0.26548672566371684	8.8495575221238937E-2	Cluster 3 (n=175)	
Booking a taxi	Booking a vehicle on-demand (e.g., shuttle bus, intercity/international bus, train)	Booking a ride-hailing service (e.g., Bolt Taxi, TAXI Liepāja, Taxi Tesla, etc.)	Using carsharing service (e.g., CityBee, Bolt)	Using micro-mobility sharing service (e.g., e-bike, e-scooter, bike, etc.)	Navigation (e.g., Google Maps, Waze)	Public transport information and ticketing (e.g., mobile app  "Liepāja city")	Parking assistance (e.g., Mobilly for finding and paying for parking)	Real-time traffic and route planning (e.g., mobile app "Liepāja city" traffic updates, route optimization)	I don't use app-based services	0.21142857142857144	0.22857142857142856	0.21142857142857144	0.18857142857142858	6.2857142857142861E-2	0.48	0.13714285714285715	0.18285714285714286	9.1428571428571428E-2	0.14857142857142858	Cluster 4 (n=156)	
Booking a taxi	Booking a vehicle on-demand (e.g., shuttle bus, intercity/international bus, train)	Booking a ride-hailing service (e.g., Bolt Taxi, TAXI Liepāja, Taxi Tesla, etc.)	Using carsharing service (e.g., CityBee, Bolt)	Using micro-mobility sharing service (e.g., e-bike, e-scooter, bike, etc.)	Navigation (e.g., Google Maps, Waze)	Public transport information and ticketing (e.g., mobile app  "Liepāja city")	Parking assistance (e.g., Mobilly for finding and paying for parking)	Real-time traffic and route planning (e.g., mobile app "Liepāja city" traffic updates, route optimization)	I don't use app-based services	0.15384615384615385	0.14102564102564102	0.19871794871794871	0.12179487179487179	3.8461538461538464E-2	0.53846153846153844	0.33974358974358976	0.15384615384615385	0.10256410256410256	0.12179487179487179	Cluster 0 (n=222)	
Booking a taxi	Booking a vehicle on-demand (e.g., shuttle bus, intercity/international bus, train)	Booking a ride-hailing service (e.g., Bolt Taxi, TAXI Liepāja, Taxi Tesla, etc.)	Using carsharing service (e.g., CityBee, Bolt)	Using micro-mobility sharing service (e.g., e-bike, e-scooter, bike, etc.)	Navigation (e.g., Google Maps, Waze)	Public transport information and ticketing (e.g., mobile app  "Liepāja city")	Parking assistance (e.g., Mobilly for finding and paying for parking)	Real-time traffic and route planning (e.g., mobile app "Liepāja city" traffic updates, route optimization)	I don't use app-based services	0.1981981981981982	0.13963963963963963	0.18468468468468469	0.14864864864864866	4.5045045045045043E-2	0.49549549549549549	0.38288288288288286	0.22522522522522523	0.13963963963963963	0.11711711711711711	
Basis: User-created scenarios (n=1171).



All	
Leisure/vacation	Business/work-related	Visiting friends or family	Education/study	Medical/health-related	Cultural or historical exploration	Nature/outdoor activities (e.g., hiking, beach)	Attending an event (e.g., conference, festival, wedding)	Religious or spiritual purposes	other	0.49535603715170279	0.1609907120743034	0.17027863777089783	2.7863777089783281E-2	2.1671826625386997E-2	3.4055727554179564E-2	3.7151702786377708E-2	2.1671826625386997E-2	1.238390092879257E-2	1.8575851393188854E-2	
Basis: Commuters and turists (n=323).


Cluster 1 (n=392)	
Tram (Public transport)	Bus (Public transport)	Carsharing	Bike/e-bike sharing	E-scooter sharing	I prefer to book each trip separately	I use only my private vehicles	6.1224489795918366E-2	0.14030612244897958	4.5918367346938778E-2	5.1020408163265302E-3	2.5510204081632654E-2	0.23469387755102042	0.41836734693877553	Cluster 2 (n=226)	
Tram (Public transport)	Bus (Public transport)	Carsharing	Bike/e-bike sharing	E-scooter sharing	I prefer to book each trip separately	I use only my private vehicles	0.25663716814159293	0.39823008849557523	2.2123893805309734E-2	8.8495575221238937E-3	2.6548672566371681E-2	0.12831858407079647	0.2831858407079646	Cluster 3 (n=175)	
Tram (Public transport)	Bus (Public transport)	Carsharing	Bike/e-bike sharing	E-scooter sharing	I prefer to book each trip separately	I use only my private vehicles	0.13142857142857142	0.29714285714285715	0.17714285714285713	5.7142857142857141E-2	5.7142857142857141E-2	0.15428571428571428	0.30285714285714288	Cluster 4 (n=156)	
Tram (Public transport)	Bus (Public transport)	Carsharing	Bike/e-bike sharing	E-scooter sharing	I prefer to book each trip separately	I use only my private vehicles	0.19871794871794871	0.24358974358974358	7.6923076923076927E-2	7.0512820512820512E-2	6.4102564102564097E-2	0.14743589743589744	0.32051282051282054	Cluster 0 (n=222)	
Tram (Public transport)	Bus (Public transport)	Carsharing	Bike/e-bike sharing	E-scooter sharing	I prefer to book each trip separately	I use only my private vehicles	0.14864864864864866	0.19369369369369369	9.45945945945946E-2	4.5045045045045043E-2	1.8018018018018018E-2	0.18018018018018017	0.34684684684684686	
Basis: User-created scenarios (n=1171).



Extremely Familiar	
Cluster 1 (n=392)	Cluster 2 (n=226)	Cluster 3 (n=175)	Cluster 4 (n=156)	0 (n=222)	2.5510204081632654E-2	7.9646017699115043E-2	0.08	5.128205128205128E-2	1.3513513513513514E-2	Moderately Familiar	
Cluster 1 (n=392)	Cluster 2 (n=226)	Cluster 3 (n=175)	Cluster 4 (n=156)	0 (n=222)	0.14285714285714285	0.21238938053097345	0.26857142857142857	0.24358974358974358	0.15315315315315314	Slightly Familiar	
Cluster 1 (n=392)	Cluster 2 (n=226)	Cluster 3 (n=175)	Cluster 4 (n=156)	0 (n=222)	0.24744897959183673	0.24778761061946902	0.2	0.28205128205128205	0.22522522522522523	Not at all Familiar	
Cluster 1 (n=392)	Cluster 2 (n=226)	Cluster 3 (n=175)	Cluster 4 (n=156)	0 (n=222)	0.58418367346938771	0.46017699115044247	0.4514285714285714	0.42307692307692307	0.60810810810810811	
Basis: User-created scenarios (n=1171).



Yes, in my home city	
Cluster 1 (n=163)	Cluster 2 (n=122)	Cluster 3 (n=96)	Cluster 4 (n=90)	0 (n=87)	0.27607361963190186	0.5901639344262295	0.34375	0.34444444444444444	0.35632183908045978	I don’t remember	
Cluster 1 (n=163)	Cluster 2 (n=122)	Cluster 3 (n=96)	Cluster 4 (n=90)	0 (n=87)	0.19018404907975461	0.10655737704918032	0.36458333333333331	0.36666666666666664	0.28735632183908044	No	
Cluster 1 (n=163)	Cluster 2 (n=122)	Cluster 3 (n=96)	Cluster 4 (n=90)	0 (n=87)	0.48466257668711654	0.27049180327868855	0.26041666666666669	0.24444444444444444	0.34482758620689657	other	
Cluster 1 (n=163)	Cluster 2 (n=122)	Cluster 3 (n=96)	Cluster 4 (n=90)	0 (n=87)	4.9079754601226995E-2	3.2786885245901641E-2	3.125E-2	4.4444444444444446E-2	1.1494252873563218E-2	
Basis: User-created scenarios (n=558).



Much less than the average	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=175)	Cluster 4 (n=155)	0 (n=220)	0.16363636363636364	0.21559633027522937	0.10285714285714286	0.15483870967741936	0.18636363636363637	Slightly less than the average	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=175)	Cluster 4 (n=155)	0 (n=220)	0.1012987012987013	0.15137614678899083	0.22285714285714286	0.25161290322580643	0.14545454545454545	About the same as the average	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=175)	Cluster 4 (n=155)	0 (n=220)	0.17662337662337663	0.18807339449541285	0.23428571428571429	0.18709677419354839	0.15909090909090909	Slightly more than the average	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=175)	Cluster 4 (n=155)	0 (n=220)	0.29870129870129869	0.28899082568807338	0.2742857142857143	0.2	0.21818181818181817	Much more than the average	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=175)	Cluster 4 (n=155)	0 (n=220)	7.5324675324675322E-2	4.5871559633027525E-2	7.4285714285714288E-2	7.0967741935483872E-2	0.11363636363636363	Prefer not to answer	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=175)	Cluster 4 (n=155)	0 (n=220)	0.18441558441558442	0.11009174311926606	9.1428571428571428E-2	0.13548387096774195	0.17727272727272728	
Basis: User-created scenarios (n=1153).



Leisure/vacation	
Cluster 1 (n=236)	Cluster 2 (n=46)	Cluster 3 (n=121)	Cluster 4 (n=82)	0 (n=94)	0.48305084745762711	0.39130434782608697	0.62809917355371903	0.42682926829268292	0.48936170212765956	Business/work-related	
Cluster 1 (n=236)	Cluster 2 (n=46)	Cluster 3 (n=121)	Cluster 4 (n=82)	0 (n=94)	0.13135593220338984	0.41304347826086957	8.2644628099173556E-2	0.1951219512195122	0.1276595744680851	Visiting friends or family	
Cluster 1 (n=236)	Cluster 2 (n=46)	Cluster 3 (n=121)	Cluster 4 (n=82)	0 (n=94)	0.19915254237288135	4.3478260869565216E-2	0.15702479338842976	0.1951219512195122	0.1702127659574468	Education/study	
Cluster 1 (n=236)	Cluster 2 (n=46)	Cluster 3 (n=121)	Cluster 4 (n=82)	0 (n=94)	1.2711864406779662E-2	0	2.4793388429752067E-2	9.7560975609756101E-2	3.1914893617021274E-2	Medical/health-related	
Cluster 1 (n=236)	Cluster 2 (n=46)	Cluster 3 (n=121)	Cluster 4 (n=82)	0 (n=94)	2.5423728813559324E-2	0	0	0	6.3829787234042548E-2	Cultural or historical exploration	
Cluster 1 (n=236)	Cluster 2 (n=46)	Cluster 3 (n=121)	Cluster 4 (n=82)	0 (n=94)	4.2372881355932202E-2	0	1.6528925619834711E-2	2.4390243902439025E-2	4.2553191489361701E-2	Nature/outdoor activities (e.g., hiking, beach)	
Cluster 1 (n=236)	Cluster 2 (n=46)	Cluster 3 (n=121)	Cluster 4 (n=82)	0 (n=94)	2.5423728813559324E-2	2.1739130434782608E-2	6.6115702479338845E-2	3.6585365853658534E-2	5.3191489361702128E-2	Attending an event (e.g., conference, festival, wedding)	
Cluster 1 (n=236)	Cluster 2 (n=46)	Cluster 3 (n=121)	Cluster 4 (n=82)	0 (n=94)	2.5423728813559324E-2	0.13043478260869565	8.2644628099173556E-3	0	1.0638297872340425E-2	Religious or spiritual purposes	Cluster 1 (n=236)	Cluster 2 (n=46)	Cluster 3 (n=121)	Cluster 4 (n=82)	0 (n=94)	1.2711864406779662E-2	0	1.6528925619834711E-2	2.4390243902439025E-2	1.0638297872340425E-2	other	
Cluster 1 (n=236)	Cluster 2 (n=46)	Cluster 3 (n=121)	Cluster 4 (n=82)	0 (n=94)	4.2372881355932202E-2	0	0	0	0	
Basis: User-created scenarios (n=579).



Cluster 1 (n=392)	
Car	Bike / e-Bike	Scooter / e-Scooter	Carsharing	Motorbike / Motorcycle	Public transport	Walking	Taxi	0.51530612244897955	4.8469387755102039E-2	3.0612244897959183E-2	1.2755102040816327E-2	1.5306122448979591E-2	0.22193877551020408	0.26530612244897961	1.7857142857142856E-2	Cluster 2 (n=226)	
Car	Bike / e-Bike	Scooter / e-Scooter	Carsharing	Motorbike / Motorcycle	Public transport	Walking	Taxi	0.34513274336283184	5.7522123893805309E-2	2.6548672566371681E-2	0	0	0.45132743362831856	0.16371681415929204	8.8495575221238937E-3	Cluster 3 (n=175)	
Car	Bike / e-Bike	Scooter / e-Scooter	Carsharing	Motorbike / Motorcycle	Public transport	Walking	Taxi	0.45714285714285713	6.2857142857142861E-2	5.1428571428571428E-2	2.8571428571428571E-2	1.7142857142857144E-2	0.25714285714285712	0.22285714285714286	4.5714285714285714E-2	Cluster 4 (n=156)	
Car	Bike / e-Bike	Scooter / e-Scooter	Carsharing	Motorbike / Motorcycle	Public transport	Walking	Taxi	0.46794871794871795	5.7692307692307696E-2	3.2051282051282048E-2	2.564102564102564E-2	0	0.28205128205128205	0.16025641025641027	3.2051282051282048E-2	Cluster 0 (n=222)	
Car	Bike / e-Bike	Scooter / e-Scooter	Carsharing	Motorbike / Motorcycle	Public transport	Walking	Taxi	0.43693693693693691	7.6576576576576572E-2	3.6036036036036036E-2	1.8018018018018018E-2	1.8018018018018018E-2	0.31531531531531531	0.1981981981981982	3.6036036036036036E-2	
Basis: User-created scenarios (n=1171).



Cluster 1 (n=392)	
Commute to work	Education (preschool/school/university)	Shopping	Social / leisure	Family-related travel	Holidays / sightseeing	Exercise / workout	Return to accommodation (hotel, apartment, etc.)	0.25510204081632654	4.0816326530612242E-2	0.17091836734693877	0.13520408163265307	0.14030612244897958	0.27040816326530615	4.8469387755102039E-2	0.11479591836734694	Cluster 2 (n=226)	
Commute to work	Education (preschool/school/university)	Shopping	Social / leisure	Family-related travel	Holidays / sightseeing	Exercise / workout	Return to accommodation (hotel, apartment, etc.)	0.45132743362831856	1.7699115044247787E-2	0.1415929203539823	7.0796460176991149E-2	2.6548672566371681E-2	0.10176991150442478	3.0973451327433628E-2	0.13274336283185842	Cluster 3 (n=175)	
Commute to work	Education (preschool/school/university)	Shopping	Social / leisure	Family-related travel	Holidays / sightseeing	Exercise / workout	Return to accommodation (hotel, apartment, etc.)	0.12	2.2857142857142857E-2	0.14285714285714285	0.2	0.11428571428571428	0.40571428571428569	6.2857142857142861E-2	0.12	Cluster 4 (n=156)	
Commute to work	Education (preschool/school/university)	Shopping	Social / leisure	Family-related travel	Holidays / sightseeing	Exercise / workout	Return to accommodation (hotel, apartment, etc.)	0.30128205128205127	5.128205128205128E-2	7.6923076923076927E-2	0.15384615384615385	0.10897435897435898	0.20512820512820512	1.9230769230769232E-2	8.9743589743589744E-2	Cluster 0 (n=222)	
Commute to work	Education (preschool/school/university)	Shopping	Social / leisure	Family-related travel	Holidays / sightseeing	Exercise / workout	Return to accommodation (hotel, apartment, etc.)	0.36036036036036034	3.1531531531531529E-2	0.11261261261261261	9.0090090090090086E-2	0.11711711711711711	0.28378378378378377	4.954954954954955E-2	9.0090090090090086E-2	
Basis: User-created scenarios (n=1171).



Cluster 1 (n=392)	
Alone	With my children	With my spouse/partner	With my parents	With siblings	With another relative	With a friend/roommate	With a colleague/fellow student/classmate	0.48724489795918369	0.20408163265306123	0.33673469387755101	4.5918367346938778E-2	3.3163265306122451E-2	4.5918367346938778E-2	9.1836734693877556E-2	3.0612244897959183E-2	Cluster 2 (n=226)	
Alone	With my children	With my spouse/partner	With my parents	With siblings	With another relative	With a friend/roommate	With a colleague/fellow student/classmate	0.74778761061946908	9.2920353982300891E-2	0.17256637168141592	0	8.8495575221238937E-3	8.8495575221238937E-3	3.5398230088495575E-2	1.3274336283185841E-2	Cluster 3 (n=175)	
Alone	With my children	With my spouse/partner	With my parents	With siblings	With another relative	With a friend/roommate	With a colleague/fellow student/classmate	0.29714285714285715	0.30857142857142855	0.34857142857142859	0.04	5.7142857142857141E-2	5.7142857142857141E-2	0.11428571428571428	7.4285714285714288E-2	Cluster 4 (n=156)	
Alone	With my children	With my spouse/partner	With my parents	With siblings	With another relative	With a friend/roommate	With a colleague/fellow student/classmate	0.47435897435897434	0.16025641025641027	0.25	3.2051282051282048E-2	1.282051282051282E-2	3.2051282051282048E-2	3.2051282051282048E-2	7.6923076923076927E-2	Cluster 0 (n=222)	
Alone	With my children	With my spouse/partner	With my parents	With siblings	With another relative	With a friend/roommate	With a colleague/fellow student/classmate	0.57207207207207211	0.17117117117117117	0.25675675675675674	3.1531531531531529E-2	3.6036036036036036E-2	2.2522522522522521E-2	9.45945945945946E-2	4.954954954954955E-2	
Basis: User-created scenarios (n=1171).



Extremely disagree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=175)	Cluster 4 (n=155)	0 (n=219)	8.0519480519480519E-2	3.669724770642202E-2	9.1428571428571428E-2	0.1032258064516129	4.5662100456621002E-2	Disagree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=175)	Cluster 4 (n=155)	0 (n=219)	3.1168831168831169E-2	5.0458715596330278E-2	6.8571428571428575E-2	5.8064516129032261E-2	0.11415525114155251	Neither agree nor disagree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=175)	Cluster 4 (n=155)	0 (n=219)	0.36103896103896105	0.32110091743119268	0.33142857142857141	0.31612903225806449	0.49315068493150682	Agree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=175)	Cluster 4 (n=155)	0 (n=219)	0.48571428571428571	0.45412844036697247	0.43428571428571427	0.41935483870967744	0.29680365296803651	Extremely Agree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=175)	Cluster 4 (n=155)	0 (n=219)	4.1558441558441558E-2	0.13761467889908258	7.4285714285714288E-2	0.1032258064516129	5.0228310502283102E-2	
Basis: User-created scenarios (n=1152).



Extremely disagree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=173)	Cluster 4 (n=155)	0 (n=220)	6.2337662337662338E-2	2.7522935779816515E-2	7.5144508670520235E-2	6.4516129032258063E-2	4.0909090909090909E-2	Disagree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=173)	Cluster 4 (n=155)	0 (n=220)	4.9350649350649353E-2	3.669724770642202E-2	5.2023121387283239E-2	2.5806451612903226E-2	0.10454545454545454	Neither agree nor disagree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=173)	Cluster 4 (n=155)	0 (n=220)	0.33246753246753247	0.30733944954128439	0.27167630057803466	0.30967741935483872	0.39090909090909093	Agree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=173)	Cluster 4 (n=155)	0 (n=220)	0.4961038961038961	0.44954128440366975	0.50289017341040465	0.49677419354838709	0.38636363636363635	Extremely Agree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=173)	Cluster 4 (n=155)	0 (n=220)	5.9740259740259739E-2	0.17889908256880735	9.8265895953757232E-2	0.1032258064516129	7.7272727272727271E-2	
Basis: User-created scenarios (n=1151).



Commuters / Temporary visitors (n=48)	
Leisure/vacation	Business/work-related	Visiting friends or family	Education/study	Medical/health-related	Cultural or historical exploration	Nature/outdoor activities (e.g., hiking, beach)	Attending an event (e.g., conference, festival, wedding)	Religious or spiritual purposes	other	0.1875	0.54166666666666663	0.125	2.0833333333333332E-2	6.25E-2	0	2.0833333333333332E-2	2.0833333333333332E-2	0	2.0833333333333332E-2	Tourists (n=275)	
Leisure/vacation	Business/work-related	Visiting friends or family	Education/study	Medical/health-related	Cultural or historical exploration	Nature/outdoor activities (e.g., hiking, beach)	Attending an event (e.g., conference, festival, wedding)	Religious or spiritual purposes	other	0.54909090909090907	9.4545454545454544E-2	0.17818181818181819	2.9090909090909091E-2	1.4545454545454545E-2	0.04	0.04	2.181818181818182E-2	1.4545454545454545E-2	1.8181818181818181E-2	
Basis: Visitors of Liepāja (n=323).



Extremely disagree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=171)	Cluster 4 (n=155)	0 (n=219)	5.1948051948051951E-2	1.3761467889908258E-2	7.0175438596491224E-2	6.4516129032258063E-2	3.1963470319634701E-2	Disagree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=171)	Cluster 4 (n=155)	0 (n=219)	5.4545454545454543E-2	2.2935779816513763E-2	8.771929824561403E-2	2.5806451612903226E-2	0.1050228310502283	Neither agree nor disagree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=171)	Cluster 4 (n=155)	0 (n=219)	0.43376623376623374	0.33944954128440369	0.38011695906432746	0.43225806451612903	0.50228310502283102	Agree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=171)	Cluster 4 (n=155)	0 (n=219)	0.42077922077922075	0.49541284403669728	0.41520467836257308	0.37419354838709679	0.31506849315068491	Extremely Agree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=171)	Cluster 4 (n=155)	0 (n=219)	3.896103896103896E-2	0.12844036697247707	4.6783625730994149E-2	0.1032258064516129	4.5662100456621002E-2	
Basis: User-created scenarios (n=1148).



Extremely disagree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=175)	Cluster 4 (n=155)	0 (n=219)	5.9740259740259739E-2	2.2935779816513763E-2	5.7142857142857141E-2	6.4516129032258063E-2	5.4794520547945202E-2	Disagree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=175)	Cluster 4 (n=155)	0 (n=219)	5.4545454545454543E-2	2.7522935779816515E-2	6.2857142857142861E-2	1.935483870967742E-2	9.5890410958904104E-2	Neither agree nor disagree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=175)	Cluster 4 (n=155)	0 (n=219)	0.32467532467532467	0.26146788990825687	0.32571428571428573	0.36129032258064514	0.42922374429223742	Agree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=175)	Cluster 4 (n=155)	0 (n=219)	0.51688311688311683	0.52293577981651373	0.49142857142857144	0.46451612903225808	0.36529680365296802	Extremely Agree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=175)	Cluster 4 (n=155)	0 (n=219)	4.4155844155844157E-2	0.16513761467889909	6.2857142857142861E-2	9.0322580645161285E-2	5.4794520547945202E-2	
Basis: User-created scenarios (n=1152).



Extremely disagree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=175)	Cluster 4 (n=155)	0 (n=220)	5.7142857142857141E-2	1.3761467889908258E-2	8.5714285714285715E-2	7.7419354838709681E-2	4.5454545454545456E-2	Disagree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=175)	Cluster 4 (n=155)	0 (n=220)	4.6753246753246755E-2	2.2935779816513763E-2	1.7142857142857144E-2	5.1612903225806452E-2	3.1818181818181815E-2	Neither agree nor disagree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=175)	Cluster 4 (n=155)	0 (n=220)	0.18701298701298702	0.17889908256880735	0.26857142857142857	0.26451612903225807	0.35454545454545455	Agree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=175)	Cluster 4 (n=155)	0 (n=220)	0.63376623376623376	0.55504587155963303	0.50285714285714289	0.4	0.4681818181818182	Extremely Agree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=175)	Cluster 4 (n=155)	0 (n=220)	7.5324675324675322E-2	0.22935779816513763	0.12571428571428572	0.20645161290322581	0.1	
Basis: User-created scenarios (n=1153).



Extremely disagree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=175)	Cluster 4 (n=155)	0 (n=219)	5.1948051948051951E-2	2.2935779816513763E-2	5.7142857142857141E-2	6.4516129032258063E-2	5.0228310502283102E-2	Disagree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=175)	Cluster 4 (n=155)	0 (n=219)	5.4545454545454543E-2	1.3761467889908258E-2	0.04	1.935483870967742E-2	4.5662100456621002E-2	Neither agree nor disagree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=175)	Cluster 4 (n=155)	0 (n=219)	0.2857142857142857	0.22018348623853212	0.26857142857142857	0.32903225806451614	0.40639269406392692	Agree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=175)	Cluster 4 (n=155)	0 (n=219)	0.52207792207792203	0.54587155963302747	0.52	0.43870967741935485	0.41552511415525112	Extremely Agree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=175)	Cluster 4 (n=155)	0 (n=219)	8.5714285714285715E-2	0.19724770642201836	0.11428571428571428	0.14838709677419354	8.2191780821917804E-2	
Basis: User-created scenarios (n=1152).



Extremely disagree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=175)	Cluster 4 (n=155)	0 (n=220)	7.5324675324675322E-2	1.834862385321101E-2	6.2857142857142861E-2	6.4516129032258063E-2	3.6363636363636362E-2	Disagree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=175)	Cluster 4 (n=155)	0 (n=220)	9.350649350649351E-2	0.10550458715596331	7.4285714285714288E-2	4.5161290322580643E-2	0.13636363636363635	Neither agree nor disagree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=175)	Cluster 4 (n=155)	0 (n=220)	0.34805194805194806	0.26605504587155965	0.33714285714285713	0.44516129032258067	0.44090909090909092	Agree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=175)	Cluster 4 (n=155)	0 (n=220)	0.41818181818181815	0.46330275229357798	0.4	0.33548387096774196	0.34545454545454546	Extremely Agree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=175)	Cluster 4 (n=155)	0 (n=220)	6.4935064935064929E-2	0.14678899082568808	0.12571428571428572	0.10967741935483871	4.0909090909090909E-2	
Basis: User-created scenarios (n=1153).



Extremely disagree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=175)	Cluster 4 (n=155)	0 (n=219)	4.4155844155844157E-2	2.7522935779816515E-2	0.08	5.1612903225806452E-2	5.4794520547945202E-2	Disagree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=175)	Cluster 4 (n=155)	0 (n=219)	6.7532467532467527E-2	8.7155963302752298E-2	7.4285714285714288E-2	5.8064516129032261E-2	9.1324200913242004E-2	Neither agree nor disagree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=175)	Cluster 4 (n=155)	0 (n=219)	0.40519480519480522	0.30275229357798167	0.33714285714285713	0.41290322580645161	0.42922374429223742	Agree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=175)	Cluster 4 (n=155)	0 (n=219)	0.39480519480519483	0.42660550458715596	0.40571428571428569	0.36129032258064514	0.34703196347031962	Extremely Agree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=175)	Cluster 4 (n=155)	0 (n=219)	8.8311688311688313E-2	0.15596330275229359	0.10285714285714286	0.11612903225806452	7.7625570776255703E-2	
Basis: User-created scenarios (n=1152).



Extremely disagree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=173)	Cluster 4 (n=155)	0 (n=219)	5.7142857142857141E-2	3.2110091743119268E-2	7.5144508670520235E-2	6.4516129032258063E-2	8.6757990867579904E-2	Disagree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=173)	Cluster 4 (n=155)	0 (n=219)	5.1948051948051951E-2	5.5045871559633031E-2	5.7803468208092484E-2	6.4516129032258063E-2	0.1095890410958904	Neither agree nor disagree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=173)	Cluster 4 (n=155)	0 (n=219)	0.31688311688311688	0.15596330275229359	0.34682080924855491	0.22580645161290322	0.32876712328767121	Agree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=173)	Cluster 4 (n=155)	0 (n=219)	0.46493506493506492	0.45871559633027525	0.39884393063583817	0.46451612903225808	0.33789954337899542	Extremely Agree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=173)	Cluster 4 (n=155)	0 (n=219)	0.10909090909090909	0.29816513761467889	0.12138728323699421	0.18064516129032257	0.13698630136986301	
Basis: User-created scenarios (n=1150).



Extremely disagree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=173)	Cluster 4 (n=155)	0 (n=219)	6.4935064935064929E-2	2.2935779816513763E-2	5.7803468208092484E-2	6.4516129032258063E-2	7.7625570776255703E-2	Disagree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=173)	Cluster 4 (n=155)	0 (n=219)	4.9350649350649353E-2	9.1743119266055051E-3	6.358381502890173E-2	3.870967741935484E-2	5.9360730593607303E-2	Neither agree nor disagree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=173)	Cluster 4 (n=155)	0 (n=219)	0.33246753246753247	0.25229357798165136	0.35260115606936415	0.28387096774193549	0.35159817351598172	Agree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=173)	Cluster 4 (n=155)	0 (n=219)	0.4961038961038961	0.5321100917431193	0.41618497109826591	0.44516129032258067	0.44292237442922372	Extremely Agree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=173)	Cluster 4 (n=155)	0 (n=219)	5.7142857142857141E-2	0.1834862385321101	0.10982658959537572	0.16774193548387098	6.8493150684931503E-2	
Basis: User-created scenarios (n=1150).



Extremely disagree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=173)	Cluster 4 (n=155)	0 (n=220)	6.7532467532467527E-2	2.2935779816513763E-2	8.0924855491329481E-2	6.4516129032258063E-2	4.5454545454545456E-2	Disagree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=173)	Cluster 4 (n=155)	0 (n=220)	4.4155844155844157E-2	1.3761467889908258E-2	4.046242774566474E-2	4.5161290322580643E-2	8.1818181818181818E-2	Neither agree nor disagree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=173)	Cluster 4 (n=155)	0 (n=220)	0.30129870129870129	0.14678899082568808	0.34682080924855491	0.26451612903225807	0.33636363636363636	Agree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=173)	Cluster 4 (n=155)	0 (n=220)	0.4987012987012987	0.57798165137614677	0.42196531791907516	0.4258064516129032	0.42727272727272725	Extremely Agree	
Cluster 1 (n=385)	Cluster 2 (n=218)	Cluster 3 (n=173)	Cluster 4 (n=155)	0 (n=220)	8.8311688311688313E-2	0.23853211009174313	0.10982658959537572	0.2	0.10909090909090909	
Basis: User-created scenarios (n=1151).



All	
Latvia	Lithuania	other	Estonia	United States	Germany	United Kingdom	Sweden	France	0.61184210526315785	0.33881578947368424	2.3026315789473683E-2	6.5789473684210523E-3	6.5789473684210523E-3	3.2894736842105261E-3	3.2894736842105261E-3	3.2894736842105261E-3	3.2894736842105261E-3	
Basis: Tourists (n=304).


All	
Vecliepāja	Not classified	Dienvidrietumu rajons	Jaunliepāja	Ezerkrasts	Ziemeļu priekšpilsēta	Karosta	Jaunā pasaule	Tosmare	0.32236842105263158	0.31878947368421101	0.14473684210526316	0.10526315789473684	4.2763157894736843E-2	2.6315789473684209E-2	2.3026315789473683E-2	1.3157894736842105E-2	3.2894736842105261E-3	
Basis: Tourists (n=304).


Female	
Residents and commuters (n=339)	Tourists (n=303)	All (n=642)	0.67256637168141598	0.53465346534653402	0.60747663551401798	Male	
Residents and commuters (n=339)	Tourists (n=303)	All (n=642)	0.27728613569321497	0.448844884488448	0.35825545171339501	Non-binary	Residents and commuters (n=339)	Tourists (n=303)	All (n=642)	1.1799410029498501E-2	6.6006600660065999E-3	9.3457943925233603E-3	I prefer not to answer	
Residents and commuters (n=339)	Tourists (n=303)	All (n=642)	3.8348082595870199E-2	3.3003300330032999E-3	2.1806853582554499E-2	other	Residents and commuters (n=339)	Tourists (n=303)	All (n=642)	0	6.6006600660065999E-3	3.1152647975077798E-3	
Basis: All respondents (n=642).



Up to 30 years	
Residents and commuters (n=339)	Tourists (n=303)	All (n=642)	0.20648967551622399	0.20462046204620399	0.20560747663551401	31–40 years	
Residents and commuters (n=339)	Tourists (n=303)	All (n=642)	0.25663716814159199	0.313531353135313	0.28348909657320798	41–50 years	
Residents and commuters (n=339)	Tourists (n=303)	All (n=642)	0.25663716814159199	0.211221122112211	0.235202492211838	51 years and older	
Residents and commuters (n=339)	Tourists (n=303)	All (n=642)	0.28023598820058998	0.27062706270627002	0.27570093457943901	
Basis: All respondents (n=642).



Employed full-time	
Residents and commuters (n=339)	Tourists (n=303)	All (n=642)	0.71681415929203496	0.66996699669966997	0.69470404984423595	Employed part-time	
Residents and commuters (n=339)	Tourists (n=303)	All (n=642)	2.9498525073746298E-2	6.6006600660066E-2	4.67289719626168E-2	Self-employed	
Residents and commuters (n=339)	Tourists (n=303)	All (n=642)	5.30973451327433E-2	9.9009900990099001E-2	7.4766355140186896E-2	School or vocational school student	
Residents and commuters (n=339)	Tourists (n=303)	All (n=642)	5.6047197640117903E-2	1.32013201320132E-2	3.5825545171339498E-2	Full-time university student	Residents and commuters (n=339)	Tourists (n=303)	All (n=642)	5.8997050147492599E-3	1.65016501650165E-2	1.0903426791277201E-2	Full-time employee and university student	Residents and commuters (n=339)	Tourists (n=303)	All (n=642)	2.6548672566371601E-2	9.9009900990098994E-3	1.86915887850467E-2	Part-time employee and university student	Residents and commuters (n=339)	Tourists (n=303)	All (n=642)	0	3.3003300330032999E-3	1.5576323987538899E-3	House person	Residents and commuters (n=339)	Tourists (n=303)	All (n=642)	2.3598820058997001E-2	9.9009900990098994E-3	1.7133956386292799E-2	Unemployed	
Residents and commuters (n=339)	Tourists (n=303)	All (n=642)	8.8495575221238902E-3	3.3003300330033E-2	2.0249221183800601E-2	Employed pensioner	Residents and commuters (n=339)	Tourists (n=303)	All (n=642)	2.9498525073746299E-3	6.6006600660065999E-3	4.6728971962616802E-3	Retired	Residents and commuters (n=339)	Tourists (n=303)	All (n=642)	3.5398230088495498E-2	1.65016501650165E-2	2.6479750778816199E-2	Disabled person	Residents and commuters (n=339)	Tourists (n=303)	All (n=642)	1.1799410029498501E-2	1.9801980198019799E-2	1.5576323987538899E-2	Person with reduced mobility	Residents and commuters (n=339)	Tourists (n=303)	All (n=642)	0	6.6006600660065999E-3	3.1152647975077798E-3	Person with visual or hearing impairments	Residents and commuters (n=339)	Tourists (n=303)	All (n=642)	0	3.3003300330032999E-3	1.5576323987538899E-3	Person with special needs	Residents and commuters (n=339)	Tourists (n=303)	All (n=642)	2.9498525073746299E-3	0	1.5576323987538899E-3	I prefer not to answer	Residents and commuters (n=339)	Tourists (n=303)	All (n=642)	2.6548672566371601E-2	2.6402640264026399E-2	2.6479750778816199E-2	
Basis: All respondents (n=642).



High school or equivalent	
Residents and commuters (n=339)	Tourists (n=303)	All (n=642)	0.156342182890855	0.18811881188118801	0.17133956386292801	Professional degree	
Residents and commuters (n=339)	Tourists (n=303)	All (n=642)	0.15044247787610601	0.16831683168316799	0.15887850467289699	Trade or technical certification	
Residents and commuters (n=339)	Tourists (n=303)	All (n=642)	2.0648967551622401E-2	4.95049504950495E-2	3.4267912772585597E-2	College/Bachelors’ degree	
Residents and commuters (n=339)	Tourists (n=303)	All (n=642)	0.31858407079646001	0.27392739273927302	0.29750778816199303	Master’s degree	
Residents and commuters (n=339)	Tourists (n=303)	All (n=642)	0.27138643067846602	0.26732673267326701	0.26947040498442298	Doctoral degree	Residents and commuters (n=339)	Tourists (n=303)	All (n=642)	1.7699115044247701E-2	2.3102310231023101E-2	2.0249221183800601E-2	I prefer not to answer	
Residents and commuters (n=339)	Tourists (n=303)	All (n=642)	5.30973451327433E-2	1.9801980198019799E-2	3.73831775700934E-2	No formal education	Residents and commuters (n=339)	Tourists (n=303)	All (n=642)	1.1799410029498501E-2	9.9009900990098994E-3	1.0903426791277201E-2	
Basis: All respondents (n=642).



Residents and commuters (n=339)	
Has persons aged up to 12 years	Has persons aged 13–18 years	Has persons aged 19 years and older	0.3775811209439528	0.32153392330383479	0.91740412979351027	Tourists (n=303)	
Has persons aged up to 12 years	Has persons aged 13–18 years	Has persons aged 19 years and older	0.42574257425742573	0.27062706270627063	0.87788778877887785	
Basis: All respondents (n=642).



No more than one	
Residents and commuters (n=335)	Tourists (n=302)	All (n=637)	0.328358208955223	0.258278145695364	0.29513343799058001	Two	
Residents and commuters (n=335)	Tourists (n=302)	All (n=637)	0.57014925373134295	0.56622516556291302	0.568288854003139	Three or more	
Residents and commuters (n=335)	Tourists (n=302)	All (n=637)	0.101492537313432	0.175496688741721	0.136577708006279	
Basis: All respondents (n=637).



Much less than the average	
Residents and commuters (n=339)	Tourists (n=303)	All (n=642)	0.23303834808259499	0.10231023102310199	0.17133956386292801	Slightly less than the average	
Residents and commuters (n=339)	Tourists (n=303)	All (n=642)	0.15339233038347999	0.15511551155115499	0.154205607476635	About the same as the average	
Residents and commuters (n=339)	Tourists (n=303)	All (n=642)	0.16519174041297899	0.207920792079207	0.185358255451713	Slightly more than the average	
Residents and commuters (n=339)	Tourists (n=303)	All (n=642)	0.221238938053097	0.27392739273927302	0.24610591900311499	Much more than the average	
Residents and commuters (n=339)	Tourists (n=303)	All (n=642)	6.4896755162241804E-2	9.2409240924092403E-2	7.7881619937694699E-2	Prefer not to answer	
Residents and commuters (n=339)	Tourists (n=303)	All (n=642)	0.16224188790560401	0.16831683168316799	0.16510903426791201	
Basis: All respondents (n=642).



Yes	
Residents and commuters (n=339)	Tourists (n=303)	All (n=642)	0.734513274336283	0.841584158415841	0.78504672897196204	No	
Residents and commuters (n=339)	Tourists (n=303)	All (n=642)	0.26548672566371601	0.158415841584158	0.21495327102803699	
Basis: All respondents (n=642).



Yes	
Residents and commuters (n=339)	Tourists (n=303)	All (n=642)	0.238938053097345	0.41254125412541198	0.32087227414330199	No	
Residents and commuters (n=339)	Tourists (n=303)	All (n=642)	0.76106194690265405	0.58745874587458702	0.67912772585669701	
Basis: All respondents (n=642).



0	Residents and commuters (n=79)	Tourists (n=123)	All working or studying from home  (n=202)	2.53164556962025E-2	3.2520325203252001E-2	2.9702970297029702E-2	1	
Residents and commuters (n=79)	Tourists (n=123)	All working or studying from home  (n=202)	0.316455696202531	0.25203252032520301	0.27722772277227697	2	
Residents and commuters (n=79)	Tourists (n=123)	All working or studying from home  (n=202)	0.20253164556962	0.30081300813008099	0.262376237623762	3	
Residents and commuters (n=79)	Tourists (n=123)	All working or studying from home  (n=202)	0.151898734177215	0.154471544715447	0.15346534653465299	4	
Residents and commuters (n=79)	Tourists (n=123)	All working or studying from home  (n=202)	6.3291139240506306E-2	5.6910569105690999E-2	5.9405940594059403E-2	5	
Residents and commuters (n=79)	Tourists (n=123)	All working or studying from home  (n=202)	0.139240506329113	0.16260162601625999	0.15346534653465299	6	Residents and commuters (n=79)	Tourists (n=123)	All working or studying from home  (n=202)	2.53164556962025E-2	2.4390243902439001E-2	2.4752475247524702E-2	7	
Residents and commuters (n=79)	Tourists (n=123)	All working or studying from home  (n=202)	7.5949367088607597E-2	1.6260162601626001E-2	3.9603960396039598E-2	
Basis: All working or studying from home (n=202).



People with disabilites	
Residents and commuters (n=339)	Tourists (n=303)	All (n=642)	6.4896755162241804E-2	0.112211221122112	8.7227414330217995E-2	People with limited mobility	
Residents and commuters (n=339)	Tourists (n=303)	All (n=642)	2.0648967551622401E-2	4.6204620462046202E-2	3.2710280373831703E-2	Prefer not to answer	
Residents and commuters (n=339)	Tourists (n=303)	All (n=642)	6.7846607669616504E-2	4.6204620462046202E-2	5.7632398753893997E-2	None of the above	
Residents and commuters (n=339)	Tourists (n=303)	All (n=642)	0.83480825958701999	0.79207920792079201	0.81464174454828597	other	Residents and commuters (n=339)	Tourists (n=303)	All (n=642)	1.1799410029498501E-2	3.3003300330032999E-3	7.7881619937694704E-3	
Basis: All respondents (n=642).



Basis: Tourists (n=304).

All	
Yes	No	0.92105263157894735	7.8947368421052627E-2	
All	
Personal reasons	Lack of time	other	Financial constraints	Transportation issues	Weather conditions	0.41666666666666669	0.29166666666666669	0.125	8.3333333333333329E-2	4.1666666666666664E-2	4.1666666666666664E-2	
Basis: Tourists who are not traveling during their stay in Liepāja (n=24).


Residents and commuters (n=331)	
Has cars	Has bicycles	Has scooters	Has motorbikes or motorcycles	Has other vehicles	0.84499999999999997	0.86099999999999999	0.161	0.13900000000000001	9.0999999999999998E-2	Tourists (n=300)	
Has cars	Has bicycles	Has scooters	Has motorbikes or motorcycles	Has other vehicles	0.92500000000000004	0.82699999999999996	0.252	0.126	0.112	
Basis: All respondents (n=631).



Residents and commuters (n=229)	
Has gasoline cars	Has diesel cars	Has electric cars	Has hybrid (gasoline/electric) cars	Has hybrid (diesel/electric) cars	Has plug-in hybrid cars	Has CNG cars	Has LPG cars	Has hydrogen cars	Has other fuel-type cars	0.39615384615384613	0.67692307692307696	6.5384615384615388E-2	5.3846153846153849E-2	1.5384615384615385E-2	1.5384615384615385E-2	1.1538461538461539E-2	4.6153846153846156E-2	7.6923076923076927E-3	0.10384615384615385	Tourists (n=248)	
Has gasoline cars	Has diesel cars	Has electric cars	Has hybrid (gasoline/electric) cars	Has hybrid (diesel/electric) cars	Has plug-in hybrid cars	Has CNG cars	Has LPG cars	Has hydrogen cars	Has other fuel-type cars	0.51865671641791045	0.60820895522388063	0.1417910447761194	8.9552238805970144E-2	5.2238805970149252E-2	5.2238805970149252E-2	4.8507462686567165E-2	8.9552238805970144E-2	5.9701492537313425E-2	7.4626865671641784E-2	
Basis: All respondents having cars (n=477).



Yes, a typical car (diesel or gas engine) within next year	Residents and commuters (n=63)	Tourists (n=28)	All (n=91)	4.7619047619047603E-2	3.5714285714285698E-2	4.3956043956043897E-2	Yes, a typical car (diesel or gas engine) in the next 5 years	
Residents and commuters (n=63)	Tourists (n=28)	All (n=91)	9.5238095238095205E-2	0.214285714285714	0.13186813186813101	Yes, a hybrid car within next year	
Residents and commuters (n=63)	Tourists (n=28)	All (n=91)	4.7619047619047603E-2	0	3.2967032967032898E-2	Yes, a hybrid car in the next 5 years	
Residents and commuters (n=63)	Tourists (n=28)	All (n=91)	6.3492063492063405E-2	7.1428571428571397E-2	6.5934065934065894E-2	Yes, an electric car within next year	Residents and commuters (n=63)	Tourists (n=28)	All (n=91)	1.5873015873015799E-2	0	1.09890109890109E-2	Yes, an electric car in the next 5 years	Residents and commuters (n=63)	Tourists (n=28)	All (n=91)	3.1746031746031703E-2	0	2.19780219780219E-2	No	
Residents and commuters (n=63)	Tourists (n=28)	All (n=91)	0.53968253968253899	0.46428571428571402	0.51648351648351598	Not sure	
Residents and commuters (n=63)	Tourists (n=28)	All (n=91)	0.158730158730158	0.214285714285714	0.17582417582417501	
Basis: All who answered (n=91).



Up to 15 EUR	
Residents and commuters (n=302)	Tourists (n=29)	All (n=331)	0.26821192052980097	0.34482758620689602	0.27492447129909298	16–30 EUR	
Residents and commuters (n=302)	Tourists (n=29)	All (n=331)	0.231788079470198	0.20689655172413701	0.22960725075528701	31–80 EUR	
Residents and commuters (n=302)	Tourists (n=29)	All (n=331)	0.26490066225165498	6.8965517241379296E-2	0.24773413897280899	81 EUR or more	
Residents and commuters (n=302)	Tourists (n=29)	All (n=331)	0.23509933774834399	0.37931034482758602	0.24773413897280899	
Basis: All who answered (n=331).



Residents and commuters	
Car (n=626)	Bike / e-Bike (n=63)	Scooter / e-Scooter (n=30)	Carsharing (n=17)	Motorbike / Motorcycle (n=9)	Bus (n=234)	Train (n=5)	Walking (n=295)	Taxi (n=22)	Tram (n=108)	Other (n=6)	0.55591054313099042	0.73015873015873012	0.4	0.29411764705882354	0.1111111111111111	0.66239316239316237	0.6	0.47457627118644069	0.22727272727272727	0.56481481481481477	0.33333333333333331	Tourists	
Car (n=626)	Bike / e-Bike (n=63)	Scooter / e-Scooter (n=30)	Carsharing (n=17)	Motorbike / Motorcycle (n=9)	Bus (n=234)	Train (n=5)	Walking (n=295)	Taxi (n=22)	Tram (n=108)	Other (n=6)	0.44408945686900958	0.26984126984126983	0.6	0.70588235294117652	0.88888888888888884	0.33760683760683763	0.4	0.52542372881355937	0.77272727272727271	0.43518518518518517	0.66666666666666663	
Basis: All responses (n=1415).



Residents and commuters (n=778)	
Car	Bike / e-Bike	Scooter / e-Scooter	Carsharing	Motorbike / Motorcycle	Bus	Train	Walking	Taxi	Tram	Other	3.3390804597701149	2.6086956521739131	3.3333333333333335	4	1	2.7870967741935484	4	3.3214285714285716	3.6	2.7868852459016393	1	Tourists (n=637)	
Car	Bike / e-Bike	Scooter / e-Scooter	Carsharing	Motorbike / Motorcycle	Bus	Train	Walking	Taxi	Tram	Other	2.4280575539568345	2.4117647058823528	2.6111111111111112	3.6666666666666665	5	3.1012658227848102	1.5	3.0064516129032257	2.2352941176470589	3.4468085106382977	2.25	
Basis: All responses (n=1481).



Working day (n=602)	
00:00-00:59	01:00-01:59	02:00-02:59	03:00-03:59	04:00-04:59	05:00-05:59	06:00-06:59	07:00-07:59	08:00-08:59	09:00-09:59	10:00-10:59	11:00-11:59	12:00-12:59	13:00-13:59	14:00-14:59	15:00-15:59	16:00-16:59	17:00-17:59	18:00-18:59	19:00-19:59	20:00-20:59	21:00-21:59	22:00-22:59	23:00-23:59	4	3.125	1.6666666666666667	0	1	1.5	3	2.4	2.5714285714285716	3.2903225806451615	2.0344827586206895	2.8571428571428572	3.5882352941176472	3.3333333333333335	3.4761904761904763	3.2857142857142856	3.6896551724137931	3.7246376811594204	3.8275862068965516	4.2307692307692308	3	4	3	2	Weekend (n=176)	
00:00-00:59	01:00-01:59	02:00-02:59	03:00-03:59	04:00-04:59	05:00-05:59	06:00-06:59	07:00-07:59	08:00-08:59	09:00-09:59	10:00-10:59	11:00-11:59	12:00-12:59	13:00-13:59	14:00-14:59	15:00-15:59	16:00-16:59	17:00-17:59	18:00-18:59	19:00-19:59	20:00-20:59	21:00-21:59	22:00-22:59	23:00-23:59	3.25	4.8571428571428568	3	6	5	2	2.3333333333333335	2.7826086956521738	2.3703703703703702	3.4166666666666665	3.2666666666666666	3.1111111111111112	3.3157894736842106	3.4	3.8571428571428572	3.3333333333333335	2.3333333333333335	4.0714285714285712	3.2	3.1666666666666665	4	3	3	0	
Basis: Residents and Commuters (n=1054).



Working day (n=514)	
00:00-00:59	01:00-01:59	02:00-02:59	03:00-03:59	04:00-04:59	05:00-05:59	06:00-06:59	07:00-07:59	08:00-08:59	09:00-09:59	10:00-10:59	11:00-11:59	12:00-12:59	13:00-13:59	14:00-14:59	15:00-15:59	16:00-16:59	17:00-17:59	18:00-18:59	19:00-19:59	20:00-20:59	21:00-21:59	22:00-22:59	23:00-23:59	1.9166666666666667	2.8	3.1428571428571428	3.5882352941176472	3.4615384615384617	4.4000000000000004	2.7272727272727271	1.9	2.8214285714285716	2.129032258064516	2.5254237288135593	2.5625	2.6	2.7428571428571429	2.393939393939394	2.65	2.88	3.2083333333333335	3.4583333333333335	2.9444444444444446	3.75	3.8571428571428572	2.4	4	Weekend (n=123)	
00:00-00:59	01:00-01:59	02:00-02:59	03:00-03:59	04:00-04:59	05:00-05:59	06:00-06:59	07:00-07:59	08:00-08:59	09:00-09:59	10:00-10:59	11:00-11:59	12:00-12:59	13:00-13:59	14:00-14:59	15:00-15:59	16:00-16:59	17:00-17:59	18:00-18:59	19:00-19:59	20:00-20:59	21:00-21:59	22:00-22:59	23:00-23:59	4	4.1428571428571432	2.3333333333333335	2.7142857142857144	3.4	2.75	1.75	3	1.5555555555555556	2.2000000000000002	3.0526315789473686	2	2.5833333333333335	2	2.8333333333333335	3.2	3.3333333333333335	2	3	3	2.5	0	0	0	
Basis: Tourists (n=913).



Residents and commuters (n=778)	
Commute to work	Education (preschool/school/university)	Shopping	Social/leisure	Family-related travel	Holidays/sightseeing	Exercise/workout	Return to accommodation (hotel, apartment, etc.)	Other	0.39074550128534702	3.4704370179948589E-2	0.15424164524421594	5.7840616966580979E-2	6.4267352185089971E-2	4.2416452442159386E-2	5.0128534704370183E-2	0.18380462724935734	2.1850899742930592E-2	Tourists (n=637)	
Commute to work	Education (preschool/school/university)	Shopping	Social/leisure	Family-related travel	Holidays/sightseeing	Exercise/workout	Return to accommodation (hotel, apartment, etc.)	Other	5.6514913657770803E-2	2.9827315541601257E-2	0.11930926216640503	0.14128728414442701	0.11145996860282574	0.39089481946624804	4.0816326530612242E-2	9.7331240188383045E-2	1.2558869701726845E-2	
Basis: All responses (n=1415).



Residents and commuters (n=778)	
Alone	With my children	With my spouse/partner	With my parents	With siblings	With another relative	With a friend/roommate	With a colleague/fellow student/classmate	0.78920308483290491	9.7686375321336755E-2	9.7686375321336755E-2	1.1568123393316195E-2	1.7994858611825194E-2	2.570694087403599E-2	4.6272493573264781E-2	3.5989717223650387E-2	Tourists (n=637)	
Alone	With my children	With my spouse/partner	With my parents	With siblings	With another relative	With a friend/roommate	With a colleague/fellow student/classmate	0.21350078492935637	0.29984301412872844	0.44740973312401883	4.3956043956043959E-2	4.2386185243328101E-2	3.7676609105180531E-2	0.10047095761381476	5.1805337519623233E-2	
Basis: All responses (n=1415).



Car	
Alone (n=750)	With my children (n=267)	With my spouse/partner (n=361)	With my parents (n=37)	With siblings (n=41)	With another relative (n=44)	With a friend/roommate (n=100)	With a colleague/fellow student/classmate (n=61)	0.43466666666666665	0.54681647940074907	0.54847645429362879	0.45945945945945948	0.24390243902439024	0.36363636363636365	0.21	0.34426229508196721	Bike / e-Bike	
Alone (n=750)	With my children (n=267)	With my spouse/partner (n=361)	With my parents (n=37)	With siblings (n=41)	With another relative (n=44)	With a friend/roommate (n=100)	With a colleague/fellow student/classmate (n=61)	6.2666666666666662E-2	1.8726591760299626E-2	2.7700831024930747E-2	5.4054054054054057E-2	0.12195121951219512	4.5454545454545456E-2	0.04	6.5573770491803282E-2	Scooter / e-Scooter	
Alone (n=750)	With my children (n=267)	With my spouse/partner (n=361)	With my parents (n=37)	With siblings (n=41)	With another relative (n=44)	With a friend/roommate (n=100)	With a colleague/fellow student/classmate (n=61)	1.7333333333333333E-2	3.7453183520599251E-3	1.3850415512465374E-2	0	0	2.2727272727272728E-2	0.08	6.5573770491803282E-2	Carsharing	Alone (n=750)	With my children (n=267)	With my spouse/partner (n=361)	With my parents (n=37)	With siblings (n=41)	With another relative (n=44)	With a friend/roommate (n=100)	With a colleague/fellow student/classmate (n=61)	2.6666666666666666E-3	1.8726591760299626E-2	1.662049861495845E-2	2.7027027027027029E-2	0	0	0.01	1.6393442622950821E-2	Motorbike / Motorcycle	Alone (n=750)	With my children (n=267)	With my spouse/partner (n=361)	With my parents (n=37)	With siblings (n=41)	With another relative (n=44)	With a friend/roommate (n=100)	With a colleague/fellow student/classmate (n=61)	2.6666666666666666E-3	3.7453183520599251E-3	2.7700831024930748E-3	0	0	0	0	0	Bus	
Alone (n=750)	With my children (n=267)	With my spouse/partner (n=361)	With my parents (n=37)	With siblings (n=41)	With another relative (n=44)	With a friend/roommate (n=100)	With a colleague/fellow student/classmate (n=61)	0.192	0.12734082397003746	0.10526315789473684	8.1081081081081086E-2	0.12195121951219512	0.20454545454545456	0.17	0.24590163934426229	Train	Alone (n=750)	With my children (n=267)	With my spouse/partner (n=361)	With my parents (n=37)	With siblings (n=41)	With another relative (n=44)	With a friend/roommate (n=100)	With a colleague/fellow student/classmate (n=61)	1.3333333333333333E-3	1.4981273408239701E-2	5.5401662049861496E-3	2.7027027027027029E-2	0	0	0	0	Walking	
Alone (n=750)	With my children (n=267)	With my spouse/partner (n=361)	With my parents (n=37)	With siblings (n=41)	With another relative (n=44)	With a friend/roommate (n=100)	With a colleague/fellow student/classmate (n=61)	0.19333333333333333	0.14232209737827714	0.21329639889196675	0.32432432432432434	0.41463414634146339	0.36363636363636365	0.36	0.22950819672131148	Taxi	
Alone (n=750)	With my children (n=267)	With my spouse/partner (n=361)	With my parents (n=37)	With siblings (n=41)	With another relative (n=44)	With a friend/roommate (n=100)	With a colleague/fellow student/classmate (n=61)	9.3333333333333341E-3	3.7453183520599251E-3	2.2160664819944598E-2	0	2.4390243902439025E-2	0	0.03	3.2786885245901641E-2	Tram	
Alone (n=750)	With my children (n=267)	With my spouse/partner (n=361)	With my parents (n=37)	With siblings (n=41)	With another relative (n=44)	With a friend/roommate (n=100)	With a colleague/fellow student/classmate (n=61)	8.1333333333333327E-2	0.11610486891385768	3.8781163434903045E-2	2.7027027027027029E-2	4.878048780487805E-2	0	0.08	0	Other	Alone (n=750)	With my children (n=267)	With my spouse/partner (n=361)	With my parents (n=37)	With siblings (n=41)	With another relative (n=44)	With a friend/roommate (n=100)	With a colleague/fellow student/classmate (n=61)	2.6666666666666666E-3	3.7453183520599251E-3	5.5401662049861496E-3	0	2.4390243902439025E-2	0	0.02	0	


Car	
Commute to work (n=340)	Education (preschool/school/university) (n=46)	Shopping (n=196)	Social/leisure (n=135)	Family-related travel (n=121)	Holidays/sightseeing (n=282)	Exercise/workout (n=65)	Return to accommodation (hotel, apartment, etc.) (n=205)	other (n=25)	0.5	0.47826086956521741	0.45918367346938777	0.33333333333333331	0.47107438016528924	0.450354609929078	0.33846153846153848	0.42439024390243901	0.24	Bike / e-Bike	
Commute to work (n=340)	Education (preschool/school/university) (n=46)	Shopping (n=196)	Social/leisure (n=135)	Family-related travel (n=121)	Holidays/sightseeing (n=282)	Exercise/workout (n=65)	Return to accommodation (hotel, apartment, etc.) (n=205)	other (n=25)	5.8823529411764705E-2	0	3.0612244897959183E-2	5.9259259259259262E-2	2.4793388429752067E-2	3.1914893617021274E-2	6.1538461538461542E-2	4.878048780487805E-2	0.12	Scooter / e-Scooter	
Commute to work (n=340)	Education (preschool/school/university) (n=46)	Shopping (n=196)	Social/leisure (n=135)	Family-related travel (n=121)	Holidays/sightseeing (n=282)	Exercise/workout (n=65)	Return to accommodation (hotel, apartment, etc.) (n=205)	other (n=25)	1.4705882352941176E-2	0	2.5510204081632654E-2	5.9259259259259262E-2	2.4793388429752067E-2	1.7730496453900711E-2	1.5384615384615385E-2	1.4634146341463415E-2	0	Carsharing	Commute to work (n=340)	Education (preschool/school/university) (n=46)	Shopping (n=196)	Social/leisure (n=135)	Family-related travel (n=121)	Holidays/sightseeing (n=282)	Exercise/workout (n=65)	Return to accommodation (hotel, apartment, etc.) (n=205)	other (n=25)	5.8823529411764705E-3	2.1739130434782608E-2	1.020408163265306E-2	2.9629629629629631E-2	1.6528925619834711E-2	1.7730496453900711E-2	1.5384615384615385E-2	0	0	Motorbike / Motorcycle	
Commute to work (n=340)	Education (preschool/school/university) (n=46)	Shopping (n=196)	Social/leisure (n=135)	Family-related travel (n=121)	Holidays/sightseeing (n=282)	Exercise/workout (n=65)	Return to accommodation (hotel, apartment, etc.) (n=205)	other (n=25)	0	0	0	7.4074074074074077E-3	3.3057851239669422E-2	3.5460992907801418E-3	1.5384615384615385E-2	4.8780487804878049E-3	0.04	Bus	
Commute to work (n=340)	Education (preschool/school/university) (n=46)	Shopping (n=196)	Social/leisure (n=135)	Family-related travel (n=121)	Holidays/sightseeing (n=282)	Exercise/workout (n=65)	Return to accommodation (hotel, apartment, etc.) (n=205)	other (n=25)	0.19117647058823528	0.2391304347826087	0.17857142857142858	0.1037037037037037	0.16528925619834711	0.10638297872340426	0.2	0.20487804878048779	0.16	Train	Commute to work (n=340)	Education (preschool/school/university) (n=46)	Shopping (n=196)	Social/leisure (n=135)	Family-related travel (n=121)	Holidays/sightseeing (n=282)	Exercise/workout (n=65)	Return to accommodation (hotel, apartment, etc.) (n=205)	other (n=25)	0	0	0	0	1.6528925619834711E-2	0	1.5384615384615385E-2	9.7560975609756097E-3	0	Walking	
Commute to work (n=340)	Education (preschool/school/university) (n=46)	Shopping (n=196)	Social/leisure (n=135)	Family-related travel (n=121)	Holidays/sightseeing (n=282)	Exercise/workout (n=65)	Return to accommodation (hotel, apartment, etc.) (n=205)	other (n=25)	0.1588235294117647	8.6956521739130432E-2	0.21938775510204081	0.2814814814814815	0.12396694214876033	0.30851063829787234	0.18461538461538463	0.17560975609756097	0.24	Taxi	
Commute to work (n=340)	Education (preschool/school/university) (n=46)	Shopping (n=196)	Social/leisure (n=135)	Family-related travel (n=121)	Holidays/sightseeing (n=282)	Exercise/workout (n=65)	Return to accommodation (hotel, apartment, etc.) (n=205)	other (n=25)	8.8235294117647058E-3	2.1739130434782608E-2	5.1020408163265302E-3	0	4.1322314049586778E-2	1.4184397163120567E-2	4.6153846153846156E-2	2.4390243902439025E-2	0	Tram	
Commute to work (n=340)	Education (preschool/school/university) (n=46)	Shopping (n=196)	Social/leisure (n=135)	Family-related travel (n=121)	Holidays/sightseeing (n=282)	Exercise/workout (n=65)	Return to accommodation (hotel, apartment, etc.) (n=205)	other (n=25)	6.1764705882352944E-2	0.15217391304347827	7.1428571428571425E-2	0.1111111111111111	7.43801652892562E-2	4.2553191489361701E-2	0.1076923076923077	9.2682926829268292E-2	0.16	Other	
Commute to work (n=340)	Education (preschool/school/university) (n=46)	Shopping (n=196)	Social/leisure (n=135)	Family-related travel (n=121)	Holidays/sightseeing (n=282)	Exercise/workout (n=65)	Return to accommodation (hotel, apartment, etc.) (n=205)	other (n=25)	0	0	0	1.4814814814814815E-2	8.2644628099173556E-3	7.0921985815602835E-3	0	0	0.04	
Basis: All responses (n=1415).



Working day (n=602)	
00:00-00:59	01:00-01:59	02:00-02:59	03:00-03:59	04:00-04:59	05:00-05:59	06:00-06:59	07:00-07:59	08:00-08:59	09:00-09:59	10:00-10:59	11:00-11:59	12:00-12:59	13:00-13:59	14:00-14:59	15:00-15:59	16:00-16:59	17:00-17:59	18:00-18:59	19:00-19:59	20:00-20:59	21:00-21:59	22:00-22:59	23:00-23:59	2.3255813953488372E-2	1.3289036544850499E-2	4.9833887043189366E-3	0	3.3222591362126247E-3	3.3222591362126247E-3	2.1594684385382059E-2	9.9667774086378738E-2	0.19767441860465115	5.1495016611295678E-2	4.817275747508306E-2	5.8139534883720929E-2	8.4717607973421927E-2	6.4784053156146174E-2	3.4883720930232558E-2	2.3255813953488372E-2	4.817275747508306E-2	0.11461794019933555	4.817275747508306E-2	2.1594684385382059E-2	1.6611295681063124E-2	9.9667774086378731E-3	1.6611295681063123E-3	6.6445182724252493E-3	Weekend (n=176)	
00:00-00:59	01:00-01:59	02:00-02:59	03:00-03:59	04:00-04:59	05:00-05:59	06:00-06:59	07:00-07:59	08:00-08:59	09:00-09:59	10:00-10:59	11:00-11:59	12:00-12:59	13:00-13:59	14:00-14:59	15:00-15:59	16:00-16:59	17:00-17:59	18:00-18:59	19:00-19:59	20:00-20:59	21:00-21:59	22:00-22:59	23:00-23:59	2.2727272727272728E-2	3.9772727272727272E-2	5.681818181818182E-3	1.7045454545454544E-2	1.7045454545454544E-2	5.681818181818182E-3	1.7045454545454544E-2	0.13068181818181818	0.15340909090909091	6.8181818181818177E-2	8.5227272727272721E-2	5.113636363636364E-2	0.10795454545454546	2.8409090909090908E-2	3.9772727272727272E-2	1.7045454545454544E-2	1.7045454545454544E-2	7.9545454545454544E-2	2.8409090909090908E-2	3.4090909090909088E-2	1.1363636363636364E-2	1.7045454545454544E-2	5.681818181818182E-3	0	
Basis: Residents and Commuters (n=778).



Working day (n=514)	
00:00-00:59	01:00-01:59	02:00-02:59	03:00-03:59	04:00-04:59	05:00-05:59	06:00-06:59	07:00-07:59	08:00-08:59	09:00-09:59	10:00-10:59	11:00-11:59	12:00-12:59	13:00-13:59	14:00-14:59	15:00-15:59	16:00-16:59	17:00-17:59	18:00-18:59	19:00-19:59	20:00-20:59	21:00-21:59	22:00-22:59	23:00-23:59	2.3346303501945526E-2	2.9182879377431907E-2	2.7237354085603113E-2	3.3073929961089495E-2	2.5291828793774319E-2	9.727626459143969E-3	2.1400778210116732E-2	1.9455252918287938E-2	5.4474708171206226E-2	6.0311284046692608E-2	0.11478599221789883	9.3385214007782102E-2	8.7548638132295714E-2	6.8093385214007776E-2	6.4202334630350189E-2	3.8910505836575876E-2	4.8638132295719845E-2	4.6692607003891051E-2	4.6692607003891051E-2	3.5019455252918288E-2	2.3346303501945526E-2	1.3618677042801557E-2	9.727626459143969E-3	5.8365758754863814E-3	Weekend (n=123)	
00:00-00:59	01:00-01:59	02:00-02:59	03:00-03:59	04:00-04:59	05:00-05:59	06:00-06:59	07:00-07:59	08:00-08:59	09:00-09:59	10:00-10:59	11:00-11:59	12:00-12:59	13:00-13:59	14:00-14:59	15:00-15:59	16:00-16:59	17:00-17:59	18:00-18:59	19:00-19:59	20:00-20:59	21:00-21:59	22:00-22:59	23:00-23:59	2.4390243902439025E-2	5.6910569105691054E-2	4.878048780487805E-2	5.6910569105691054E-2	4.065040650406504E-2	3.2520325203252036E-2	3.2520325203252036E-2	4.065040650406504E-2	7.3170731707317069E-2	4.065040650406504E-2	0.15447154471544716	2.4390243902439025E-2	9.7560975609756101E-2	3.2520325203252036E-2	4.878048780487805E-2	8.1300813008130079E-2	2.4390243902439025E-2	1.6260162601626018E-2	1.6260162601626018E-2	4.065040650406504E-2	1.6260162601626018E-2	0	0	0	
Basis: Tourists (n=637).



Car	
00:00–06:30 (n=175)	06:45–08:15 (n=235)	08:30–10:00 (n=198)	10:15–12:00 (n=213)	12:15–14:15 (n=203)	14:30–16:15 (n=96)	16:30–18:15 (n=172)	18:30–23:45 (n=123)	0.37714285714285717	0.46382978723404256	0.51515151515151514	0.43661971830985913	0.41379310344827586	0.45833333333333331	0.47674418604651164	0.37398373983739835	Bike / e-Bike	
00:00–06:30 (n=175)	06:45–08:15 (n=235)	08:30–10:00 (n=198)	10:15–12:00 (n=213)	12:15–14:15 (n=203)	14:30–16:15 (n=96)	16:30–18:15 (n=172)	18:30–23:45 (n=123)	3.4285714285714287E-2	8.085106382978724E-2	3.0303030303030304E-2	2.8169014084507043E-2	3.4482758620689655E-2	2.0833333333333332E-2	5.8139534883720929E-2	5.6910569105691054E-2	Scooter / e-Scooter	
00:00–06:30 (n=175)	06:45–08:15 (n=235)	08:30–10:00 (n=198)	10:15–12:00 (n=213)	12:15–14:15 (n=203)	14:30–16:15 (n=96)	16:30–18:15 (n=172)	18:30–23:45 (n=123)	2.8571428571428571E-2	4.2553191489361703E-3	2.5252525252525252E-2	2.8169014084507043E-2	2.4630541871921183E-2	5.2083333333333336E-2	0	2.4390243902439025E-2	Carsharing	
00:00–06:30 (n=175)	06:45–08:15 (n=235)	08:30–10:00 (n=198)	10:15–12:00 (n=213)	12:15–14:15 (n=203)	14:30–16:15 (n=96)	16:30–18:15 (n=172)	18:30–23:45 (n=123)	6.8571428571428575E-2	8.5106382978723406E-3	5.0505050505050509E-3	4.6948356807511738E-3	0	0	5.8139534883720929E-3	0	Motorbike / Motorcycle	00:00–06:30 (n=175)	06:45–08:15 (n=235)	08:30–10:00 (n=198)	10:15–12:00 (n=213)	12:15–14:15 (n=203)	14:30–16:15 (n=96)	16:30–18:15 (n=172)	18:30–23:45 (n=123)	1.7142857142857144E-2	4.2553191489361703E-3	5.0505050505050509E-3	9.3896713615023476E-3	0	0	5.8139534883720929E-3	8.130081300813009E-3	Bus	
00:00–06:30 (n=175)	06:45–08:15 (n=235)	08:30–10:00 (n=198)	10:15–12:00 (n=213)	12:15–14:15 (n=203)	14:30–16:15 (n=96)	16:30–18:15 (n=172)	18:30–23:45 (n=123)	0.23428571428571429	0.22127659574468084	0.15656565656565657	0.13145539906103287	0.14285714285714285	0.13541666666666666	0.15697674418604651	0.10569105691056911	Train	00:00–06:30 (n=175)	06:45–08:15 (n=235)	08:30–10:00 (n=198)	10:15–12:00 (n=213)	12:15–14:15 (n=203)	14:30–16:15 (n=96)	16:30–18:15 (n=172)	18:30–23:45 (n=123)	1.1428571428571429E-2	0	1.0101010101010102E-2	0	0	1.0416666666666666E-2	0	0	Walking	
00:00–06:30 (n=175)	06:45–08:15 (n=235)	08:30–10:00 (n=198)	10:15–12:00 (n=213)	12:15–14:15 (n=203)	14:30–16:15 (n=96)	16:30–18:15 (n=172)	18:30–23:45 (n=123)	0.10285714285714286	0.16170212765957448	0.14646464646464646	0.29577464788732394	0.25123152709359609	0.21875	0.21511627906976744	0.30894308943089432	Taxi	
00:00–06:30 (n=175)	06:45–08:15 (n=235)	08:30–10:00 (n=198)	10:15–12:00 (n=213)	12:15–14:15 (n=203)	14:30–16:15 (n=96)	16:30–18:15 (n=172)	18:30–23:45 (n=123)	2.2857142857142857E-2	8.5106382978723406E-3	1.5151515151515152E-2	1.8779342723004695E-2	1.4778325123152709E-2	1.0416666666666666E-2	0	4.065040650406504E-2	Tram	
00:00–06:30 (n=175)	06:45–08:15 (n=235)	08:30–10:00 (n=198)	10:15–12:00 (n=213)	12:15–14:15 (n=203)	14:30–16:15 (n=96)	16:30–18:15 (n=172)	18:30–23:45 (n=123)	9.7142857142857142E-2	4.6808510638297871E-2	8.5858585858585856E-2	3.7558685446009391E-2	0.11330049261083744	9.375E-2	8.1395348837209308E-2	7.3170731707317069E-2	Other	00:00–06:30 (n=175)	06:45–08:15 (n=235)	08:30–10:00 (n=198)	10:15–12:00 (n=213)	12:15–14:15 (n=203)	14:30–16:15 (n=96)	16:30–18:15 (n=172)	18:30–23:45 (n=123)	5.7142857142857143E-3	0	5.0505050505050509E-3	9.3896713615023476E-3	4.9261083743842365E-3	0	0	8.130081300813009E-3	
Basis: All responses (n=1415).



Commute to work	
00:00–06:30 (n=175)	06:45–08:15 (n=235)	08:30–10:00 (n=198)	10:15–12:00 (n=213)	12:15–14:15 (n=203)	14:30–16:15 (n=96)	16:30–18:15 (n=172)	18:30–23:45 (n=123)	0.12571428571428572	0.70638297872340428	0.36363636363636365	0.15492957746478872	0.15270935960591134	6.25E-2	5.232558139534884E-2	8.130081300813009E-3	Education (preschool/school/university)	
00:00–06:30 (n=175)	06:45–08:15 (n=235)	08:30–10:00 (n=198)	10:15–12:00 (n=213)	12:15–14:15 (n=203)	14:30–16:15 (n=96)	16:30–18:15 (n=172)	18:30–23:45 (n=123)	1.7142857142857144E-2	5.5319148936170209E-2	6.0606060606060608E-2	4.6948356807511738E-3	3.9408866995073892E-2	2.0833333333333332E-2	3.4883720930232558E-2	8.130081300813009E-3	Shopping	
00:00–06:30 (n=175)	06:45–08:15 (n=235)	08:30–10:00 (n=198)	10:15–12:00 (n=213)	12:15–14:15 (n=203)	14:30–16:15 (n=96)	16:30–18:15 (n=172)	18:30–23:45 (n=123)	0.12571428571428572	4.2553191489361701E-2	0.14646464646464646	0.20187793427230047	0.16748768472906403	0.17708333333333334	0.15697674418604651	0.11382113821138211	Social/leisure	
00:00–06:30 (n=175)	06:45–08:15 (n=235)	08:30–10:00 (n=198)	10:15–12:00 (n=213)	12:15–14:15 (n=203)	14:30–16:15 (n=96)	16:30–18:15 (n=172)	18:30–23:45 (n=123)	0.11428571428571428	2.553191489361702E-2	5.0505050505050504E-2	0.11737089201877934	0.12315270935960591	0.125	9.8837209302325577E-2	0.16260162601626016	Family-related travel	
00:00–06:30 (n=175)	06:45–08:15 (n=235)	08:30–10:00 (n=198)	10:15–12:00 (n=213)	12:15–14:15 (n=203)	14:30–16:15 (n=96)	16:30–18:15 (n=172)	18:30–23:45 (n=123)	0.12571428571428572	2.9787234042553193E-2	8.0808080808080815E-2	0.12206572769953052	0.11822660098522167	8.3333333333333329E-2	8.7209302325581398E-2	2.4390243902439025E-2	Holidays/sightseeing	
00:00–06:30 (n=175)	06:45–08:15 (n=235)	08:30–10:00 (n=198)	10:15–12:00 (n=213)	12:15–14:15 (n=203)	14:30–16:15 (n=96)	16:30–18:15 (n=172)	18:30–23:45 (n=123)	0.31428571428571428	7.6595744680851063E-2	0.20202020202020202	0.27230046948356806	0.23645320197044334	0.23958333333333334	0.11046511627906977	0.17073170731707318	Exercise/workout	
00:00–06:30 (n=175)	06:45–08:15 (n=235)	08:30–10:00 (n=198)	10:15–12:00 (n=213)	12:15–14:15 (n=203)	14:30–16:15 (n=96)	16:30–18:15 (n=172)	18:30–23:45 (n=123)	6.8571428571428575E-2	2.1276595744680851E-2	3.0303030303030304E-2	3.2863849765258218E-2	3.4482758620689655E-2	6.25E-2	8.1395348837209308E-2	6.5040650406504072E-2	Return to accommodation (hotel, apartment, etc.)	
00:00–06:30 (n=175)	06:45–08:15 (n=235)	08:30–10:00 (n=198)	10:15–12:00 (n=213)	12:15–14:15 (n=203)	14:30–16:15 (n=96)	16:30–18:15 (n=172)	18:30–23:45 (n=123)	9.7142857142857142E-2	3.8297872340425532E-2	3.5353535353535352E-2	6.5727699530516437E-2	0.10344827586206896	0.20833333333333334	0.36046511627906974	0.44715447154471544	other	00:00–06:30 (n=175)	06:45–08:15 (n=235)	08:30–10:00 (n=198)	10:15–12:00 (n=213)	12:15–14:15 (n=203)	14:30–16:15 (n=96)	16:30–18:15 (n=172)	18:30–23:45 (n=123)	1.1428571428571429E-2	4.2553191489361703E-3	3.0303030303030304E-2	2.8169014084507043E-2	2.4630541871921183E-2	2.0833333333333332E-2	1.7441860465116279E-2	0	
Basis: All responses (n=1415).



Alone (n=750)	
00:00–06:30	06:45–08:15	08:30–10:00	10:15–12:00	12:15–14:15	14:30–16:15	16:30–18:15	18:30–23:45	0.2857142857142857	0.79148936170212769	0.55555555555555558	0.42253521126760563	0.5073891625615764	0.4375	0.65116279069767447	0.46341463414634149	With my children (n=267)	
00:00–06:30	06:45–08:15	08:30–10:00	10:15–12:00	12:15–14:15	14:30–16:15	16:30–18:15	18:30–23:45	0.29142857142857143	0.11063829787234042	0.22222222222222221	0.19718309859154928	0.17733990147783252	0.21875	0.1744186046511628	0.13821138211382114	With my spouse/partner (n=361)	
00:00–06:30	06:45–08:15	08:30–10:00	10:15–12:00	12:15–14:15	14:30–16:15	16:30–18:15	18:30–23:45	0.41714285714285715	0.11914893617021277	0.23232323232323232	0.36619718309859156	0.22660098522167488	0.23958333333333334	0.16860465116279069	0.30894308943089432	With my parents (n=37)	
00:00–06:30	06:45–08:15	08:30–10:00	10:15–12:00	12:15–14:15	14:30–16:15	16:30–18:15	18:30–23:45	5.7142857142857141E-2	1.276595744680851E-2	2.5252525252525252E-2	1.8779342723004695E-2	3.4482758620689655E-2	6.25E-2	1.1627906976744186E-2	0	With siblings (n=41)	
00:00–06:30	06:45–08:15	08:30–10:00	10:15–12:00	12:15–14:15	14:30–16:15	16:30–18:15	18:30–23:45	3.4285714285714287E-2	1.276595744680851E-2	1.5151515151515152E-2	4.6948356807511735E-2	3.9408866995073892E-2	4.1666666666666664E-2	1.1627906976744186E-2	4.065040650406504E-2	With another relative (n=44)	
00:00–06:30	06:45–08:15	08:30–10:00	10:15–12:00	12:15–14:15	14:30–16:15	16:30–18:15	18:30–23:45	2.2857142857142857E-2	1.276595744680851E-2	3.0303030303030304E-2	3.2863849765258218E-2	4.4334975369458129E-2	5.2083333333333336E-2	2.3255813953488372E-2	4.878048780487805E-2	With a friend/roommate (n=100)	
00:00–06:30	06:45–08:15	08:30–10:00	10:15–12:00	12:15–14:15	14:30–16:15	16:30–18:15	18:30–23:45	9.7142857142857142E-2	2.1276595744680851E-2	2.5252525252525252E-2	0.14553990610328638	8.3743842364532015E-2	7.2916666666666671E-2	4.0697674418604654E-2	8.943089430894309E-2	With a colleague/fellow student/classmate (n=61)	
00:00–06:30	06:45–08:15	08:30–10:00	10:15–12:00	12:15–14:15	14:30–16:15	16:30–18:15	18:30–23:45	2.8571428571428571E-2	4.2553191489361701E-2	5.0505050505050504E-2	2.3474178403755867E-2	4.4334975369458129E-2	1.0416666666666666E-2	6.3953488372093026E-2	8.1300813008130079E-2	
Basis: All responses (n=1415).



Yes	
00:00–06:30 (n=175)	06:45–08:15 (n=235)	08:30–10:00 (n=198)	10:15–12:00 (n=213)	12:15–14:15 (n=203)	14:30–16:15 (n=96)	16:30–18:15 (n=172)	18:30–23:45 (n=123)	0.6171428571428571	0.53617021276595744	0.64646464646464652	0.60563380281690138	0.56157635467980294	0.5	0.48837209302325579	0.33333333333333331	No	
00:00–06:30 (n=175)	06:45–08:15 (n=235)	08:30–10:00 (n=198)	10:15–12:00 (n=213)	12:15–14:15 (n=203)	14:30–16:15 (n=96)	16:30–18:15 (n=172)	18:30–23:45 (n=123)	0.38285714285714284	0.46382978723404256	0.35353535353535354	0.39436619718309857	0.43842364532019706	0.5	0.51162790697674421	0.66666666666666663	
Basis: All responses (n=1415).



Working day (n=602)	
00:00-00:59	01:00-01:59	02:00-02:59	03:00-03:59	04:00-04:59	05:00-05:59	06:00-06:59	07:00-07:59	08:00-08:59	09:00-09:59	10:00-10:59	11:00-11:59	12:00-12:59	13:00-13:59	14:00-14:59	15:00-15:59	16:00-16:59	17:00-17:59	18:00-18:59	19:00-19:59	20:00-20:59	21:00-21:59	22:00-22:59	23:00-23:59	15.214285714285714	26.625	11	0	20.5	6.5	13.692307692307692	15.733333333333333	12.235294117647058	17.29032258064516	19.689655172413794	14.971428571428572	14.058823529411764	14.846153846153847	12.428571428571429	16.785714285714285	15.896551724137931	14.608695652173912	12.103448275862069	23.53846153846154	18.600000000000001	21.666666666666668	40	28.5	Weekend (n=176)	
00:00-00:59	01:00-01:59	02:00-02:59	03:00-03:59	04:00-04:59	05:00-05:59	06:00-06:59	07:00-07:59	08:00-08:59	09:00-09:59	10:00-10:59	11:00-11:59	12:00-12:59	13:00-13:59	14:00-14:59	15:00-15:59	16:00-16:59	17:00-17:59	18:00-18:59	19:00-19:59	20:00-20:59	21:00-21:59	22:00-22:59	23:00-23:59	20.5	18	8	5.333333333333333	25	20	13.333333333333334	14.347826086956522	16.148148148148149	11.75	15.4	23.111111111111111	14.578947368421053	24.8	22.428571428571427	23	8.3333333333333339	17.142857142857142	15.8	14.166666666666666	30	16.333333333333332	30	0	
Basis: Residents and Commuters (n=1054).



Working day (n=514)	
00:00-00:59	01:00-01:59	02:00-02:59	03:00-03:59	04:00-04:59	05:00-05:59	06:00-06:59	07:00-07:59	08:00-08:59	09:00-09:59	10:00-10:59	11:00-11:59	12:00-12:59	13:00-13:59	14:00-14:59	15:00-15:59	16:00-16:59	17:00-17:59	18:00-18:59	19:00-19:59	20:00-20:59	21:00-21:59	22:00-22:59	23:00-23:59	14.333333333333334	24.066666666666666	15.642857142857142	16.941176470588236	20.923076923076923	14.2	19.818181818181817	25.4	23.071428571428573	19.64516129032258	24.576271186440678	18.625	23.111111111111111	23.428571428571427	18.060606060606062	25.35	23.24	23.458333333333332	23.708333333333332	19.944444444444443	26.916666666666668	17.285714285714285	29.6	21.666666666666668	Weekend (n=123)	
00:00-00:59	01:00-01:59	02:00-02:59	03:00-03:59	04:00-04:59	05:00-05:59	06:00-06:59	07:00-07:59	08:00-08:59	09:00-09:59	10:00-10:59	11:00-11:59	12:00-12:59	13:00-13:59	14:00-14:59	15:00-15:59	16:00-16:59	17:00-17:59	18:00-18:59	19:00-19:59	20:00-20:59	21:00-21:59	22:00-22:59	23:00-23:59	4.333333333333333	27.714285714285715	38.333333333333336	12.571428571428571	9	12	7.25	11.6	26.333333333333332	28.2	23.473684210526315	13	30.333333333333332	18.5	29.666666666666668	30.6	30.333333333333332	32	15	27.8	16.5	0	0	0	
Basis: Tourists (n=913).



Residents and commuters (n=778)	
Car	Bike / e-Bike	Scooter / e-Scooter	Carsharing	Motorbike / Motorcycle	Bus	Train	Walking	Taxi	Tram	Other	13.528735632183908	16.195652173913043	17.583333333333332	28.8	13	19.812903225806451	16.666666666666668	14.471428571428572	16.2	14.491803278688524	42.5	Tourists (n=637)	
Car	Bike / e-Bike	Scooter / e-Scooter	Carsharing	Motorbike / Motorcycle	Bus	Train	Walking	Taxi	Tram	Other	25.39568345323741	20.117647058823529	18.444444444444443	10.916666666666666	20	17.810126582278482	17.5	20.767741935483873	20.529411764705884	18.723404255319149	19.5	
Basis: All responses (n=1481).



Working day (n=602)	
Commute to work	Education (preschool/school/university)	Shopping	Social/leisure	Family-related travel	Holidays/sightseeing	Exercise/workout	Return to accommodation (hotel, apartment, etc.)	other	14.474358974358974	10.25	13.395833333333334	17.305555555555557	17.216216216216218	22.260869565217391	18	15.284403669724771	16.5	Weekend (n=176)	
Commute to work	Education (preschool/school/university)	Shopping	Social/leisure	Family-related travel	Holidays/sightseeing	Exercise/workout	Return to accommodation (hotel, apartment, etc.)	other	14.228571428571428	14.333333333333334	13.875	16.666666666666668	23.384615384615383	18.100000000000001	13.2	19.882352941176471	31	
Basis: Residents and Commuters (n=844).



Working day (n=514)	
Commute to work	Education (preschool/school/university)	Shopping	Social/leisure	Family-related travel	Holidays/sightseeing	Exercise/workout	Return to accommodation (hotel, apartment, etc.)	other	21.37037037037037	15.666666666666666	20	19.813333333333333	21.351851851851851	22.906403940886701	28.9	21.75925925925926	15.333333333333334	Weekend (n=123)	
Commute to work	Education (preschool/school/university)	Shopping	Social/leisure	Family-related travel	Holidays/sightseeing	Exercise/workout	Return to accommodation (hotel, apartment, etc.)	other	22	17.25	23.6875	21.6	15.058823529411764	27.630434782608695	15.333333333333334	21.75	42	
Basis: Tourists (n=703).



Working day (n=602)	
Alone	With my children	With my spouse/partner	With my parents	With siblings	With another relative	With a friend/roommate	With a colleague/fellow student/classmate	14.267241379310345	13	20.508196721311474	14.444444444444445	23.928571428571427	15.5	19.366666666666667	18.52	Weekend (n=176)	
Alone	With my children	With my spouse/partner	With my parents	With siblings	With another relative	With a friend/roommate	With a colleague/fellow student/classmate	16.306666666666668	28.833333333333332	14	0	0	16.5	18.166666666666668	18.333333333333332	
Basis: Residents and Commuters (n=779).



Working day (n=514)	
Alone	With my children	With my spouse/partner	With my parents	With siblings	With another relative	With a friend/roommate	With a colleague/fellow student/classmate	23.100917431192659	22.953020134228186	23.147058823529413	13.423076923076923	21.708333333333332	24.05	22.266666666666666	19.5	Weekend (n=123)	
Alone	With my children	With my spouse/partner	With my parents	With siblings	With another relative	With a friend/roommate	With a colleague/fellow student/classmate	24.518518518518519	18.38095238095238	23.553191489361701	22.5	16.333333333333332	15	29.684210526315791	19	
Basis: Tourists (n=638).



Residents and commuters (n=350)	
Navigation (e.g., Google Maps, Waze)	Public transport information and ticketing (e.g., mobile app  "Liepāja city")	Parking assistance (e.g., Mobilly for finding and paying for parking)	Real-time traffic and route planning (e.g., mobile app "Liepāja city" traffic updates, route optimization)	I don't use app-based services	Booking a ride-hailing service (e.g., Bolt Taxi, TAXI Liepāja, Taxi Tesla, etc.)	Booking a vehicle on-demand (e.g., shuttle bus, intercity/international bus, train)	Booking a taxi	Using carsharing service (e.g., CityBee, Bolt)	Using micro-mobility sharing service (e.g., e-bike, e-scooter, bike, etc.)	0.50571428571428567	0.50571428571428567	0.25142857142857145	0.18857142857142858	0.18571428571428572	0.18285714285714286	0.13428571428571429	0.12	0.11428571428571428	0.06	Tourists (n=304)	
Navigation (e.g., Google Maps, Waze)	Public transport information and ticketing (e.g., mobile app  "Liepāja city")	Parking assistance (e.g., Mobilly for finding and paying for parking)	Real-time traffic and route planning (e.g., mobile app "Liepāja city" traffic updates, route optimization)	I don't use app-based services	Booking a ride-hailing service (e.g., Bolt Taxi, TAXI Liepāja, Taxi Tesla, etc.)	Booking a vehicle on-demand (e.g., shuttle bus, intercity/international bus, train)	Booking a taxi	Using carsharing service (e.g., CityBee, Bolt)	Using micro-mobility sharing service (e.g., e-bike, e-scooter, bike, etc.)	0.49013157894736842	0.11842105263157894	0.16447368421052633	5.5921052631578948E-2	0.19407894736842105	0.12828947368421054	0.125	0.1875	0.14802631578947367	4.2763157894736843E-2	
Basis: All respondents (n=654).



Residents and commuters (n=350)	
I use only my private vehicles	Bus (Public transport)	I prefer to book each trip separately	Tram (Public transport)	Carsharing	Bike/e-bike sharing	E-scooter sharing	0.3342857142857143	0.24857142857142858	0.19714285714285715	0.16285714285714287	2.8571428571428571E-2	2.2857142857142857E-2	0.02	Tourists (n=304)	
I use only my private vehicles	Bus (Public transport)	I prefer to book each trip separately	Tram (Public transport)	Carsharing	Bike/e-bike sharing	E-scooter sharing	0.40460526315789475	0.19407894736842105	0.14144736842105263	0.1118421052631579	0.12171052631578948	4.2763157894736843E-2	4.2763157894736843E-2	
Basis: All respondents (n=654).



Extremely Familiar	
Residents and commuters (n=350)	Tourists (n=304)	All (n=654)	0.04	4.6052631578947303E-2	4.2813455657492297E-2	Moderately Familiar	
Residents and commuters (n=350)	Tourists (n=304)	All (n=654)	0.18	0.1875	0.18348623853210999	Slightly Familiar	
Residents and commuters (n=350)	Tourists (n=304)	All (n=654)	0.24	0.217105263157894	0.22935779816513699	Not at all Familiar	
Residents and commuters (n=350)	Tourists (n=304)	All (n=654)	0.54	0.54934210526315697	0.54434250764525904	
Basis: All respondents (n=654).



Yes, in my home city	
Residents and commuters (n=161)	Tourists (n=137)	All (n=298)	0.40372670807453398	0.33576642335766399	0.37248322147650997	I don’t remember	
Residents and commuters (n=161)	Tourists (n=137)	All (n=298)	0.18012422360248401	0.306569343065693	0.238255033557046	No	
Residents and commuters (n=161)	Tourists (n=137)	All (n=298)	0.37267080745341602	0.32846715328467102	0.35234899328858998	other	
Residents and commuters (n=161)	Tourists (n=137)	All (n=298)	4.3478260869565202E-2	2.9197080291970798E-2	3.6912751677852303E-2	
Basis: Familiar with the concept of MaaS (n=298).



Daily	
Residents and commuters (n=350)	Tourists (n=304)	All (n=654)	0.38857142857142801	0.46381578947368401	0.42354740061162	3-day	
Residents and commuters (n=350)	Tourists (n=304)	All (n=654)	6.8571428571428505E-2	0.28618421052631499	0.16972477064220101	Weekly	
Residents and commuters (n=350)	Tourists (n=304)	All (n=654)	0.128571428571428	0.167763157894736	0.146788990825688	Biweekly	
Residents and commuters (n=350)	Tourists (n=304)	All (n=654)	3.7142857142857102E-2	2.30263157894736E-2	3.0581039755351602E-2	Monthly	
Residents and commuters (n=350)	Tourists (n=304)	All (n=654)	0.377142857142857	5.9210526315789401E-2	0.22935779816513699	
Basis: All respondents (n=654).



Extremely disagree	
improve accessibility	help use time more effectively	increase overall productivity	enhance travel happiness	provide multiple travel mode options	increase flexibility in planning and executing trips	reduce the travel time of daily trips	reduce transportation environmental footprint	8.4243369734789394E-2	6.7082683307332289E-2	6.1032863849765258E-2	6.7082683307332289E-2	6.6978193146417439E-2	6.3962558502340089E-2	7.1651090342679122E-2	6.3962558502340089E-2	Disagree	
improve accessibility	help use time more effectively	increase overall productivity	enhance travel happiness	provide multiple travel mode options	increase flexibility in planning and executing trips	reduce the travel time of daily trips	reduce transportation environmental footprint	6.5522620904836196E-2	6.2402496099843996E-2	6.416275430359937E-2	5.7722308892355696E-2	3.8940809968847349E-2	4.2121684867394697E-2	9.657320872274143E-2	7.8003120124804995E-2	Neither agree nor disagree	
improve accessibility	help use time more effectively	increase overall productivity	enhance travel happiness	provide multiple travel mode options	increase flexibility in planning and executing trips	reduce the travel time of daily trips	reduce transportation environmental footprint	0.37753510140405616	0.33853354134165364	0.42566510172143973	0.34789391575663026	0.2570093457943925	0.31201248049921998	0.3644859813084112	0.38689547581903277	Agree	
improve accessibility	help use time more effectively	increase overall productivity	enhance travel happiness	provide multiple travel mode options	increase flexibility in planning and executing trips	reduce the travel time of daily trips	reduce transportation environmental footprint	0.40405616224648988	0.44305772230889234	0.38654147104851327	0.45553822152886114	0.5109034267912772	0.47269890795631825	0.38317757009345793	0.37285491419656785	Extremely Agree	
improve accessibility	help use time more effectively	increase overall productivity	enhance travel happiness	provide multiple travel mode options	increase flexibility in planning and executing trips	reduce the travel time of daily trips	reduce transportation environmental footprint	6.8642745709828396E-2	8.8923556942277687E-2	6.2597809076682318E-2	7.1762870514820595E-2	0.12616822429906541	0.10920436817472699	8.4112149532710276E-2	9.8283931357254287E-2	
Basis: All respondents (n=654).



Extremely disagree	
if it would provide safe and secure travel experience	if it would help save time during daily commutes	if it would help spend less money on transportation each month	7.6562500000000006E-2	7.0202808112324488E-2	8.1250000000000003E-2	Disagree	
if it would provide safe and secure travel experience	if it would help save time during daily commutes	if it would help spend less money on transportation each month	5.1562499999999997E-2	5.6162246489859596E-2	7.3437500000000003E-2	Neither agree nor disagree	
if it would provide safe and secure travel experience	if it would help save time during daily commutes	if it would help spend less money on transportation each month	0.32187500000000002	0.28237129485179407	0.28593750000000001	Agree	
if it would provide safe and secure travel experience	if it would help save time during daily commutes	if it would help spend less money on transportation each month	0.45156249999999998	0.46177847113884557	0.40781250000000002	Extremely Agree	
if it would provide safe and secure travel experience	if it would help save time during daily commutes	if it would help spend less money on transportation each month	9.8437499999999997E-2	0.1294851794071763	0.15156249999999999	
Basis: All respondents (n=654).



-60.0%	
Residents and commuters (n=1674)	Tourists (n=1453)	0.55325443786982254	0.65546218487394958	-40.0%	
Residents and commuters (n=1674)	Tourists (n=1453)	0.4735202492211838	0.64566929133858264	-20.0%	
Residents and commuters (n=1674)	Tourists (n=1453)	0.46969696969696972	0.43842364532019706	0.0%	
Residents and commuters (n=1674)	Tourists (n=1453)	0.38461538461538464	0.52849740932642486	20.0%	
Residents and commuters (n=1674)	Tourists (n=1453)	0.35294117647058826	0.47029702970297027	40.0%	
Residents and commuters (n=1674)	Tourists (n=1453)	0.37244897959183676	0.43229166666666669	60.0%	
Residents and commuters (n=1674)	Tourists (n=1453)	0.34782608695652173	0.34319526627218933	
Basis: All responses (n=3127).



-60,0%	
Up to 15 EUR (n=434)	16–30 EUR (n=375)	31–80 EUR (n=386)	81 EUR or more (n=393)	0.58666666666666667	0.44736842105263158	0.46052631578947367	0.70238095238095233	-40,0%	
Up to 15 EUR (n=434)	16–30 EUR (n=375)	31–80 EUR (n=386)	81 EUR or more (n=393)	0.52439024390243905	0.47142857142857142	0.4	0.42253521126760563	-20,0%	
Up to 15 EUR (n=434)	16–30 EUR (n=375)	31–80 EUR (n=386)	81 EUR or more (n=393)	0.55769230769230771	0.43181818181818182	0.43902439024390244	0.42857142857142855	0,0%	
Up to 15 EUR (n=434)	16–30 EUR (n=375)	31–80 EUR (n=386)	81 EUR or more (n=393)	0.41176470588235292	0.42	0.28888888888888886	0.47826086956521741	20,0%	
Up to 15 EUR (n=434)	16–30 EUR (n=375)	31–80 EUR (n=386)	81 EUR or more (n=393)	0.43103448275862066	0.44230769230769229	0.36507936507936506	0.41509433962264153	40,0%	
Up to 15 EUR (n=434)	16–30 EUR (n=375)	31–80 EUR (n=386)	81 EUR or more (n=393)	0.39655172413793105	0.41304347826086957	0.34042553191489361	0.46153846153846156	60,0%	
Up to 15 EUR (n=434)	16–30 EUR (n=375)	31–80 EUR (n=386)	81 EUR or more (n=393)	0.4	0.2857142857142857	0.3611111111111111	0.4	
Basis: All responses (n=1588).



-60,0%	
Booking a taxi (n=482)	Booking a vehicle on-demand (e.g., shuttle bus, intercity/international bus, train) (n=419)	Booking a ride-hailing service (e.g., Bolt Taxi, TAXI Liepāja, Taxi Tesla, etc.) (n=507)	Using carsharing service (e.g., CityBee, Bolt) (n=417)	Using micro-mobility sharing service (e.g., e-bike, e-scooter, bike, etc.) (n=171)	Navigation (e.g., Google Maps, Waze) (n=1581)	Public transport information and ticketing (e.g., mobile app  "Liepāja city") (n=1043)	Parking assistance (e.g., Mobilly for finding and paying for parking) (n=674)	Real-time traffic and route planning (e.g., mobile app "Liepāja city" traffic updates, route optimization) (n=411)	I don't use app-based services (n=553)	0.6506024096385542	0.75757575757575757	0.67	0.65217391304347827	0.80645161290322576	0.62925170068027214	0.59433962264150941	0.59055118110236215	0.651685393258427	0.47058823529411764	-40,0%	
Booking a taxi (n=482)	Booking a vehicle on-demand (e.g., shuttle bus, intercity/international bus, train) (n=419)	Booking a ride-hailing service (e.g., Bolt Taxi, TAXI Liepāja, Taxi Tesla, etc.) (n=507)	Using carsharing service (e.g., CityBee, Bolt) (n=417)	Using micro-mobility sharing service (e.g., e-bike, e-scooter, bike, etc.) (n=171)	Navigation (e.g., Google Maps, Waze) (n=1581)	Public transport information and ticketing (e.g., mobile app  "Liepāja city") (n=1043)	Parking assistance (e.g., Mobilly for finding and paying for parking) (n=674)	Real-time traffic and route planning (e.g., mobile app "Liepāja city" traffic updates, route optimization) (n=411)	I don't use app-based services (n=553)	0.54320987654320985	0.66666666666666663	0.54255319148936165	0.66265060240963858	0.77142857142857146	0.56187290969899661	0.5025380710659898	0.56910569105691056	0.53086419753086422	0.43564356435643564	-20,0%	
Booking a taxi (n=482)	Booking a vehicle on-demand (e.g., shuttle bus, intercity/international bus, train) (n=419)	Booking a ride-hailing service (e.g., Bolt Taxi, TAXI Liepāja, Taxi Tesla, etc.) (n=507)	Using carsharing service (e.g., CityBee, Bolt) (n=417)	Using micro-mobility sharing service (e.g., e-bike, e-scooter, bike, etc.) (n=171)	Navigation (e.g., Google Maps, Waze) (n=1581)	Public transport information and ticketing (e.g., mobile app  "Liepāja city") (n=1043)	Parking assistance (e.g., Mobilly for finding and paying for parking) (n=674)	Real-time traffic and route planning (e.g., mobile app "Liepāja city" traffic updates, route optimization) (n=411)	I don't use app-based services (n=553)	0.47368421052631576	0.62121212121212122	0.53333333333333333	0.49152542372881358	0.44444444444444442	0.45500000000000002	0.40579710144927539	0.39534883720930231	0.47727272727272729	0.37313432835820898	0,0%	
Booking a taxi (n=482)	Booking a vehicle on-demand (e.g., shuttle bus, intercity/international bus, train) (n=419)	Booking a ride-hailing service (e.g., Bolt Taxi, TAXI Liepāja, Taxi Tesla, etc.) (n=507)	Using carsharing service (e.g., CityBee, Bolt) (n=417)	Using micro-mobility sharing service (e.g., e-bike, e-scooter, bike, etc.) (n=171)	Navigation (e.g., Google Maps, Waze) (n=1581)	Public transport information and ticketing (e.g., mobile app  "Liepāja city") (n=1043)	Parking assistance (e.g., Mobilly for finding and paying for parking) (n=674)	Real-time traffic and route planning (e.g., mobile app "Liepāja city" traffic updates, route optimization) (n=411)	I don't use app-based services (n=553)	0.48484848484848486	0.52631578947368418	0.40277777777777779	0.5423728813559322	0.36	0.43601895734597157	0.42176870748299322	0.40540540540540543	0.38983050847457629	0.33333333333333331	20,0%	
Booking a taxi (n=482)	Booking a vehicle on-demand (e.g., shuttle bus, intercity/international bus, train) (n=419)	Booking a ride-hailing service (e.g., Bolt Taxi, TAXI Liepāja, Taxi Tesla, etc.) (n=507)	Using carsharing service (e.g., CityBee, Bolt) (n=417)	Using micro-mobility sharing service (e.g., e-bike, e-scooter, bike, etc.) (n=171)	Navigation (e.g., Google Maps, Waze) (n=1581)	Public transport information and ticketing (e.g., mobile app  "Liepāja city") (n=1043)	Parking assistance (e.g., Mobilly for finding and paying for parking) (n=674)	Real-time traffic and route planning (e.g., mobile app "Liepāja city" traffic updates, route optimization) (n=411)	I don't use app-based services (n=553)	0.52941176470588236	0.5490196078431373	0.5	0.38775510204081631	0.45	0.38666666666666666	0.3359375	0.37168141592920356	0.40425531914893614	0.35294117647058826	40,0%	
Booking a taxi (n=482)	Booking a vehicle on-demand (e.g., shuttle bus, intercity/international bus, train) (n=419)	Booking a ride-hailing service (e.g., Bolt Taxi, TAXI Liepāja, Taxi Tesla, etc.) (n=507)	Using carsharing service (e.g., CityBee, Bolt) (n=417)	Using micro-mobility sharing service (e.g., e-bike, e-scooter, bike, etc.) (n=171)	Navigation (e.g., Google Maps, Waze) (n=1581)	Public transport information and ticketing (e.g., mobile app  "Liepāja city") (n=1043)	Parking assistance (e.g., Mobilly for finding and paying for parking) (n=674)	Real-time traffic and route planning (e.g., mobile app "Liepāja city" traffic updates, route optimization) (n=411)	I don't use app-based services (n=553)	0.52	0.58695652173913049	0.45454545454545453	0.63265306122448983	0.44	0.36363636363636365	0.46031746031746029	0.4050632911392405	0.47169811320754718	0.19718309859154928	60,0%	
Booking a taxi (n=482)	Booking a vehicle on-demand (e.g., shuttle bus, intercity/international bus, train) (n=419)	Booking a ride-hailing service (e.g., Bolt Taxi, TAXI Liepāja, Taxi Tesla, etc.) (n=507)	Using carsharing service (e.g., CityBee, Bolt) (n=417)	Using micro-mobility sharing service (e.g., e-bike, e-scooter, bike, etc.) (n=171)	Navigation (e.g., Google Maps, Waze) (n=1581)	Public transport information and ticketing (e.g., mobile app  "Liepāja city") (n=1043)	Parking assistance (e.g., Mobilly for finding and paying for parking) (n=674)	Real-time traffic and route planning (e.g., mobile app "Liepāja city" traffic updates, route optimization) (n=411)	I don't use app-based services (n=553)	0.43137254901960786	0.43137254901960786	0.34090909090909088	0.3125	0.3125	0.27439024390243905	0.30851063829787234	0.26760563380281688	0.3783783783783784	0.31578947368421051	
Basis: All responses (n=3125).



-60,0%	
Tram (Public transport) (n=439)	Bus (Public transport) (n=715)	Carsharing (n=228)	Bike/e-bike sharing (n=99)	E-scooter sharing (n=101)	I prefer to book each trip separately (n=548)	I use only my private vehicles (n=1127)	0.63095238095238093	0.68595041322314054	0.74285714285714288	0.83333333333333337	0.85	0.60747663551401865	0.56372549019607843	-40,0%	
Tram (Public transport) (n=439)	Bus (Public transport) (n=715)	Carsharing (n=228)	Bike/e-bike sharing (n=99)	E-scooter sharing (n=101)	I prefer to book each trip separately (n=548)	I use only my private vehicles (n=1127)	0.69620253164556967	0.65079365079365081	0.65909090909090906	0.57894736842105265	0.92307692307692313	0.52173913043478259	0.48730964467005078	-20,0%	
Tram (Public transport) (n=439)	Bus (Public transport) (n=715)	Carsharing (n=228)	Bike/e-bike sharing (n=99)	E-scooter sharing (n=101)	I prefer to book each trip separately (n=548)	I use only my private vehicles (n=1127)	0.60416666666666663	0.56999999999999995	0.44736842105263158	0.5714285714285714	0.53846153846153844	0.4642857142857143	0.4041095890410959	0,0%	
Tram (Public transport) (n=439)	Bus (Public transport) (n=715)	Carsharing (n=228)	Bike/e-bike sharing (n=99)	E-scooter sharing (n=101)	I prefer to book each trip separately (n=548)	I use only my private vehicles (n=1127)	0.49122807017543857	0.61702127659574468	0.6428571428571429	0.53846153846153844	0.61538461538461542	0.36363636363636365	0.40136054421768708	20,0%	
Tram (Public transport) (n=439)	Bus (Public transport) (n=715)	Carsharing (n=228)	Bike/e-bike sharing (n=99)	E-scooter sharing (n=101)	I prefer to book each trip separately (n=548)	I use only my private vehicles (n=1127)	0.46551724137931033	0.50495049504950495	0.56000000000000005	0.4	0.4	0.3611111111111111	0.39520958083832336	40,0%	
Tram (Public transport) (n=439)	Bus (Public transport) (n=715)	Carsharing (n=228)	Bike/e-bike sharing (n=99)	E-scooter sharing (n=101)	I prefer to book each trip separately (n=548)	I use only my private vehicles (n=1127)	0.44067796610169491	0.45744680851063829	0.5714285714285714	0.30769230769230771	0.5625	0.47887323943661969	0.29629629629629628	60,0%	
Tram (Public transport) (n=439)	Bus (Public transport) (n=715)	Carsharing (n=228)	Bike/e-bike sharing (n=99)	E-scooter sharing (n=101)	I prefer to book each trip separately (n=548)	I use only my private vehicles (n=1127)	0.45283018867924529	0.4358974358974359	0.40909090909090912	0.3	0.6	0.24489795918367346	0.3	
Basis: All responses (n=3125).



-60,0%	
Extremely Familiar (n=137)	Moderately Familiar (n=583)	Slightly Familiar (n=732)	Not at all Familiar (n=1682)	0.875	0.68468468468468469	0.61538461538461542	0.53921568627450978	-40,0%	
Extremely Familiar (n=137)	Moderately Familiar (n=583)	Slightly Familiar (n=732)	Not at all Familiar (n=1682)	0.76666666666666672	0.67346938775510201	0.54666666666666663	0.48821548821548821	-20,0%	
Extremely Familiar (n=137)	Moderately Familiar (n=583)	Slightly Familiar (n=732)	Not at all Familiar (n=1682)	0.82352941176470584	0.50649350649350644	0.47368421052631576	0.39622641509433965	0,0%	
Extremely Familiar (n=137)	Moderately Familiar (n=583)	Slightly Familiar (n=732)	Not at all Familiar (n=1682)	0.6875	0.58024691358024694	0.47663551401869159	0.37142857142857144	20,0%	
Extremely Familiar (n=137)	Moderately Familiar (n=583)	Slightly Familiar (n=732)	Not at all Familiar (n=1682)	0.75	0.5	0.44705882352941179	0.34099616858237547	40,0%	
Extremely Familiar (n=137)	Moderately Familiar (n=583)	Slightly Familiar (n=732)	Not at all Familiar (n=1682)	0.6	0.52054794520547942	0.4567901234567901	0.32242990654205606	60,0%	
Extremely Familiar (n=137)	Moderately Familiar (n=583)	Slightly Familiar (n=732)	Not at all Familiar (n=1682)	0.76470588235294112	0.41791044776119401	0.35294117647058826	0.2752808988764045	
Basis: All responses (n=3134).



-60,0%	
Much less than the average (n=524)	Slightly less than the average (n=479)	About the same as the average (n=572)	Slightly more than the average (n=783)	Much more than the average (n=241)	Prefer not to answer (n=492)	0.52884615384615385	0.64130434782608692	0.63265306122448983	0.63120567375886527	0.625	0.5168539325842697	-40,0%	
Much less than the average (n=524)	Slightly less than the average (n=479)	About the same as the average (n=572)	Slightly more than the average (n=783)	Much more than the average (n=241)	Prefer not to answer (n=492)	0.52127659574468088	0.62650602409638556	0.57407407407407407	0.59459459459459463	0.54545454545454541	0.41584158415841582	-20,0%	
Much less than the average (n=524)	Slightly less than the average (n=479)	About the same as the average (n=572)	Slightly more than the average (n=783)	Much more than the average (n=241)	Prefer not to answer (n=492)	0.37878787878787878	0.43478260869565216	0.61194029850746268	0.45744680851063829	0.51282051282051277	0.3392857142857143	0,0%	
Much less than the average (n=524)	Slightly less than the average (n=479)	About the same as the average (n=572)	Slightly more than the average (n=783)	Much more than the average (n=241)	Prefer not to answer (n=492)	0.46052631578947367	0.59154929577464788	0.40845070422535212	0.5145631067961165	0.29411764705882354	0.29577464788732394	20,0%	
Much less than the average (n=524)	Slightly less than the average (n=479)	About the same as the average (n=572)	Slightly more than the average (n=783)	Much more than the average (n=241)	Prefer not to answer (n=492)	0.36986301369863012	0.4576271186440678	0.48863636363636365	0.42056074766355139	0.25	0.37096774193548387	40,0%	
Much less than the average (n=524)	Slightly less than the average (n=479)	About the same as the average (n=572)	Slightly more than the average (n=783)	Much more than the average (n=241)	Prefer not to answer (n=492)	0.34482758620689657	0.45283018867924529	0.45833333333333331	0.37254901960784315	0.38235294117647056	0.3968253968253968	60,0%	
Much less than the average (n=524)	Slightly less than the average (n=479)	About the same as the average (n=572)	Slightly more than the average (n=783)	Much more than the average (n=241)	Prefer not to answer (n=492)	0.26923076923076922	0.42	0.47692307692307695	0.30952380952380953	0.2413793103448276	0.29545454545454547	
Basis: All responses (n=3091).



-60.0%	
Leisure/vacation (n=770)	Business/work-related (n=246)	Visiting friends or family (n=266)	Education/study (n=48)	Medical/health-related (n=38)	Cultural or historical exploration (n=57)	Nature/outdoor activities (e.g., hiking, beach) (n=66)	Attending an event (e.g., conference, festival, wedding) (n=43)	Religious or spiritual purposes (n=29)	other (n=28)	0.6796875	0.48648648648648651	0.59615384615384615	1	1	0.7	0.7	0.375	0.83333333333333337	0.75	-40.0%	
Leisure/vacation (n=770)	Business/work-related (n=246)	Visiting friends or family (n=266)	Education/study (n=48)	Medical/health-related (n=38)	Cultural or historical exploration (n=57)	Nature/outdoor activities (e.g., hiking, beach) (n=66)	Attending an event (e.g., conference, festival, wedding) (n=43)	Religious or spiritual purposes (n=29)	other (n=28)	0.65734265734265729	0.64444444444444449	0.68	0.4	0.66666666666666663	1	0.58333333333333337	0.7142857142857143	0.33333333333333331	0.25	-20.0%	
Leisure/vacation (n=770)	Business/work-related (n=246)	Visiting friends or family (n=266)	Education/study (n=48)	Medical/health-related (n=38)	Cultural or historical exploration (n=57)	Nature/outdoor activities (e.g., hiking, beach) (n=66)	Attending an event (e.g., conference, festival, wedding) (n=43)	Religious or spiritual purposes (n=29)	other (n=28)	0.42424242424242425	0.4642857142857143	0.39473684210526316	0.75	0.5	0.55555555555555558	0.5	0.4	0.25	0.33333333333333331	0.0%	

Leisure/vacation (n=770)	Business/work-related (n=246)	Visiting friends or family (n=266)	Education/study (n=48)	Medical/health-related (n=38)	Cultural or historical exploration (n=57)	Nature/outdoor activities (e.g., hiking, beach) (n=66)	Attending an event (e.g., conference, festival, wedding) (n=43)	Religious or spiritual purposes (n=29)	other (n=28)	0.53846153846153844	0.45161290322580644	0.5	0.625	0.2	0.4	0.5	0.66666666666666663	0.33333333333333331	0.25	20.0%	
Leisure/vacation (n=770)	Business/work-related (n=246)	Visiting friends or family (n=266)	Education/study (n=48)	Medical/health-related (n=38)	Cultural or historical exploration (n=57)	Nature/outdoor activities (e.g., hiking, beach) (n=66)	Attending an event (e.g., conference, festival, wedding) (n=43)	Religious or spiritual purposes (n=29)	other (n=28)	0.45794392523364486	0.29411764705882354	0.38235294117647056	0.2857142857142857	0.33333333333333331	0.4	0.63636363636363635	0.16666666666666666	0	0.16666666666666666	40.0%	
Leisure/vacation (n=770)	Business/work-related (n=246)	Visiting friends or family (n=266)	Education/study (n=48)	Medical/health-related (n=38)	Cultural or historical exploration (n=57)	Nature/outdoor activities (e.g., hiking, beach) (n=66)	Attending an event (e.g., conference, festival, wedding) (n=43)	Religious or spiritual purposes (n=29)	other (n=28)	0.3473684210526316	0.42105263157894735	0.51851851851851849	0.6	0.25	0.33333333333333331	0.54545454545454541	0.33333333333333331	0.66666666666666663	0.33333333333333331	60.0%	
Leisure/vacation (n=770)	Business/work-related (n=246)	Visiting friends or family (n=266)	Education/study (n=48)	Medical/health-related (n=38)	Cultural or historical exploration (n=57)	Nature/outdoor activities (e.g., hiking, beach) (n=66)	Attending an event (e.g., conference, festival, wedding) (n=43)	Religious or spiritual purposes (n=29)	other (n=28)	0.30107526881720431	0.38709677419354838	0.375	0	0.33333333333333331	0.375	0.6	0	0	0.5	
Basis: All responses (n=3091).



-60,0%	
Car (n=1444)	Bike / e-Bike (n=187)	Scooter / e-Scooter (n=104)	Carsharing (n=51)	Motorbike / Motorcycle (n=38)	Public transport (n=900)	Walking (n=666)	Taxi (n=85)	0.58029197080291972	0.5714285714285714	0.6428571428571429	0.5714285714285714	0.66666666666666663	0.58503401360544216	0.61832061068702293	0.625	-40,0%	
Car (n=1444)	Bike / e-Bike (n=187)	Scooter / e-Scooter (n=104)	Carsharing (n=51)	Motorbike / Motorcycle (n=38)	Public transport (n=900)	Walking (n=666)	Taxi (n=85)	0.52964426877470361	0.42105263157894735	0.5714285714285714	0.625	0.25	0.57738095238095233	0.5	0.45454545454545453	-20,0%	
Car (n=1444)	Bike / e-Bike (n=187)	Scooter / e-Scooter (n=104)	Carsharing (n=51)	Motorbike / Motorcycle (n=38)	Public transport (n=900)	Walking (n=666)	Taxi (n=85)	0.42934782608695654	0.3	0.5	0.6	0.6	0.4956521739130435	0.44	0.5	0,0%	
Car (n=1444)	Bike / e-Bike (n=187)	Scooter / e-Scooter (n=104)	Carsharing (n=51)	Motorbike / Motorcycle (n=38)	Public transport (n=900)	Walking (n=666)	Taxi (n=85)	0.39784946236559138	0.14285714285714285	0.58823529411764708	0.42857142857142855	0	0.52419354838709675	0.41304347826086957	0.33333333333333331	20,0%	
Car (n=1444)	Bike / e-Bike (n=187)	Scooter / e-Scooter (n=104)	Carsharing (n=51)	Motorbike / Motorcycle (n=38)	Public transport (n=900)	Walking (n=666)	Taxi (n=85)	0.38164251207729466	0.4	0.46153846153846156	0.45454545454545453	0.2857142857142857	0.46153846153846156	0.36734693877551022	0.35714285714285715	40,0%	
Car (n=1444)	Bike / e-Bike (n=187)	Scooter / e-Scooter (n=104)	Carsharing (n=51)	Motorbike / Motorcycle (n=38)	Public transport (n=900)	Walking (n=666)	Taxi (n=85)	0.35632183908045978	0.2608695652173913	0.61111111111111116	0.5714285714285714	0.33333333333333331	0.49152542372881358	0.42045454545454547	0.45454545454545453	60,0%	
Car (n=1444)	Bike / e-Bike (n=187)	Scooter / e-Scooter (n=104)	Carsharing (n=51)	Motorbike / Motorcycle (n=38)	Public transport (n=900)	Walking (n=666)	Taxi (n=85)	0.32121212121212123	0.21052631578947367	0.4	0.2	0.2	0.4329896907216495	0.32203389830508472	0.45454545454545453	
Basis: All responses (n=3125).



-60,0%	
Commute to work (n=956)	Education (preschool/school/university) (n=102)	Shopping (n=454)	Social / leisure (n=386)	Family-related travel (n=330)	Holidays / sightseeing (n=775)	Exercise / workout (n=142)	Return to accommodation (hotel, apartment, etc.) (n=359)	0.51941747572815533	0.7142857142857143	0.60563380281690138	0.6964285714285714	0.63636363636363635	0.6428571428571429	0.46153846153846156	0.59154929577464788	-40,0%	
Commute to work (n=956)	Education (preschool/school/university) (n=102)	Shopping (n=454)	Social / leisure (n=386)	Family-related travel (n=330)	Holidays / sightseeing (n=775)	Exercise / workout (n=142)	Return to accommodation (hotel, apartment, etc.) (n=359)	0.41142857142857142	0.2	0.48809523809523808	0.66249999999999998	0.62745098039215685	0.63432835820895528	0.34782608695652173	0.53731343283582089	-20,0%	
Commute to work (n=956)	Education (preschool/school/university) (n=102)	Shopping (n=454)	Social / leisure (n=386)	Family-related travel (n=330)	Holidays / sightseeing (n=775)	Exercise / workout (n=142)	Return to accommodation (hotel, apartment, etc.) (n=359)	0.40909090909090912	0.625	0.52	0.4375	0.46153846153846156	0.45370370370370372	0.5	0.35714285714285715	0,0%	
Commute to work (n=956)	Education (preschool/school/university) (n=102)	Shopping (n=454)	Social / leisure (n=386)	Family-related travel (n=330)	Holidays / sightseeing (n=775)	Exercise / workout (n=142)	Return to accommodation (hotel, apartment, etc.) (n=359)	0.34146341463414637	0.375	0.38235294117647056	0.55555555555555558	0.42553191489361702	0.49494949494949497	0.42857142857142855	0.44	20,0%	
Commute to work (n=956)	Education (preschool/school/university) (n=102)	Shopping (n=454)	Social / leisure (n=386)	Family-related travel (n=330)	Holidays / sightseeing (n=775)	Exercise / workout (n=142)	Return to accommodation (hotel, apartment, etc.) (n=359)	0.37037037037037035	0.38461538461538464	0.30508474576271188	0.5	0.41463414634146339	0.42982456140350878	0.29166666666666669	0.52830188679245282	40,0%	
Commute to work (n=956)	Education (preschool/school/university) (n=102)	Shopping (n=454)	Social / leisure (n=386)	Family-related travel (n=330)	Holidays / sightseeing (n=775)	Exercise / workout (n=142)	Return to accommodation (hotel, apartment, etc.) (n=359)	0.38532110091743121	0.38461538461538464	0.36764705882352944	0.5	0.30555555555555558	0.35789473684210527	0.44444444444444442	0.45652173913043476	60,0%	
Commute to work (n=956)	Education (preschool/school/university) (n=102)	Shopping (n=454)	Social / leisure (n=386)	Family-related travel (n=330)	Holidays / sightseeing (n=775)	Exercise / workout (n=142)	Return to accommodation (hotel, apartment, etc.) (n=359)	0.32989690721649484	0.33333333333333331	0.39622641509433965	0.30232558139534882	0.40425531914893614	0.32142857142857145	0.25	0.31034482758620691	
Basis: All responses (n=3125).



-60,0%	
Alone (n=1649)	With my children (n=569)	With my spouse/partner (n=876)	With my parents (n=101)	With siblings (n=95)	With another relative (n=107)	With a friend/roommate (n=238)	With a colleague/fellow student/classmate (n=142)	0.54798761609907121	0.65979381443298968	0.65100671140939592	0.75	0.68421052631578949	0.66666666666666663	0.54054054054054057	0.7	-40,0%	
Alone (n=1649)	With my children (n=569)	With my spouse/partner (n=876)	With my parents (n=101)	With siblings (n=95)	With another relative (n=107)	With a friend/roommate (n=238)	With a colleague/fellow student/classmate (n=142)	0.45874587458745875	0.70833333333333337	0.61250000000000004	0.5	0.15384615384615385	0.41176470588235292	0.56521739130434778	0.56521739130434778	-20,0%	
Alone (n=1649)	With my children (n=569)	With my spouse/partner (n=876)	With my parents (n=101)	With siblings (n=95)	With another relative (n=107)	With a friend/roommate (n=238)	With a colleague/fellow student/classmate (n=142)	0.42079207920792078	0.53846153846153844	0.46956521739130436	0.76923076923076927	0.5	0.41666666666666669	0.41935483870967744	0.38095238095238093	0,0%	
Alone (n=1649)	With my children (n=569)	With my spouse/partner (n=876)	With my parents (n=101)	With siblings (n=95)	With another relative (n=107)	With a friend/roommate (n=238)	With a colleague/fellow student/classmate (n=142)	0.3867924528301887	0.48	0.49572649572649574	0.4	0.33333333333333331	0.35714285714285715	0.41176470588235292	0.5	20,0%	
Alone (n=1649)	With my children (n=569)	With my spouse/partner (n=876)	With my parents (n=101)	With siblings (n=95)	With another relative (n=107)	With a friend/roommate (n=238)	With a colleague/fellow student/classmate (n=142)	0.34468085106382979	0.449438202247191	0.47244094488188976	0.5	0.375	0.30769230769230771	0.35294117647058826	0.4	40,0%	
Alone (n=1649)	With my children (n=569)	With my spouse/partner (n=876)	With my parents (n=101)	With siblings (n=95)	With another relative (n=107)	With a friend/roommate (n=238)	With a colleague/fellow student/classmate (n=142)	0.39195979899497485	0.40540540540540543	0.32710280373831774	0.61111111111111116	0.52941176470588236	0.375	0.51428571428571423	0.5	60,0%	
Alone (n=1649)	With my children (n=569)	With my spouse/partner (n=876)	With my parents (n=101)	With siblings (n=95)	With another relative (n=107)	With a friend/roommate (n=238)	With a colleague/fellow student/classmate (n=142)	0.35057471264367818	0.30508474576271188	0.33	0.5	0.27272727272727271	0.38461538461538464	0.3	0.375	
Basis: All responses (n=3125).



-60,0%	
Residents and commuters (n=1051)	Tourists (n=914)	0.25714285714285712	0.47899159663865548	-40,0%	
Residents and commuters (n=1051)	Tourists (n=914)	0.24043715846994534	0.48872180451127817	-20,0%	
Residents and commuters (n=1051)	Tourists (n=914)	0.23622047244094488	0.27972027972027974	0,0%	
Residents and commuters (n=1051)	Tourists (n=914)	0.18867924528301888	0.27586206896551724	20,0%	
Residents and commuters (n=1051)	Tourists (n=914)	0.15909090909090909	0.2608695652173913	40,0%	
Residents and commuters (n=1051)	Tourists (n=914)	0.16083916083916083	0.24817518248175183	60,0%	
Residents and commuters (n=1051)	Tourists (n=914)	0.16393442622950818	0.16666666666666666	
Basis: Prepopulated scenarios (n=1965).



-60,0%	
Daily (n=832)	3-day (n=335)	Weekly (n=291)	Biweekly (n=64)	Monthly (n=455)	0.35294117647058826	0.5625	0.41935483870967744	0.5	0.16949152542372881	-40,0%	
Daily (n=832)	3-day (n=335)	Weekly (n=291)	Biweekly (n=64)	Monthly (n=455)	0.31538461538461537	0.51724137931034486	0.41025641025641024	0.22222222222222221	0.25	-20,0%	
Daily (n=832)	3-day (n=335)	Weekly (n=291)	Biweekly (n=64)	Monthly (n=455)	0.20192307692307693	0.42857142857142855	0.32758620689655171	0.2	0.20634920634920634	0,0%	
Daily (n=832)	3-day (n=335)	Weekly (n=291)	Biweekly (n=64)	Monthly (n=455)	0.17647058823529413	0.44186046511627908	0.34883720930232559	0.1	0.1	20,0%	
Daily (n=832)	3-day (n=335)	Weekly (n=291)	Biweekly (n=64)	Monthly (n=455)	0.1736111111111111	0.29090909090909089	0.28205128205128205	0.25	0.14705882352941177	40,0%	
Daily (n=832)	3-day (n=335)	Weekly (n=291)	Biweekly (n=64)	Monthly (n=455)	0.13274336283185842	0.42307692307692307	0.3	0	0.12121212121212122	60,0%	
Daily (n=832)	3-day (n=335)	Weekly (n=291)	Biweekly (n=64)	Monthly (n=455)	0.11764705882352941	0.33333333333333331	0.18421052631578946	0.16666666666666666	0.1111111111111111	
Basis: Prepopulated scenarios (n=1977).



-60,0%	
Not present (n=368)	Low presence (n=435)	Medium presence (n=401)	High presence (n=391)	Very high presence (n=382)	0	0.25	0.36585365853658536	0.26829268292682928	0.4642857142857143	-40,0%	
Not present (n=368)	Low presence (n=435)	Medium presence (n=401)	High presence (n=391)	Very high presence (n=382)	0.29166666666666669	0.3125	0.35555555555555557	0.34090909090909088	0.39393939393939392	-20,0%	
Not present (n=368)	Low presence (n=435)	Medium presence (n=401)	High presence (n=391)	Very high presence (n=382)	0.21249999999999999	0.20588235294117646	0.21951219512195122	0.32142857142857145	0.32258064516129031	0,0%	
Not present (n=368)	Low presence (n=435)	Medium presence (n=401)	High presence (n=391)	Very high presence (n=382)	0.22727272727272727	0.21505376344086022	0.2	0.29729729729729731	0.21739130434782608	20,0%	
Not present (n=368)	Low presence (n=435)	Medium presence (n=401)	High presence (n=391)	Very high presence (n=382)	0.24489795918367346	0.15909090909090909	0.22448979591836735	0.13402061855670103	0.28000000000000003	40,0%	
Not present (n=368)	Low presence (n=435)	Medium presence (n=401)	High presence (n=391)	Very high presence (n=382)	0.12149532710280374	0.18367346938775511	0.25609756097560976	0	0.33333333333333331	60,0%	
Not present (n=368)	Low presence (n=435)	Medium presence (n=401)	High presence (n=391)	Very high presence (n=382)	0.20512820512820512	0.14814814814814814	9.0909090909090912E-2	0.20238095238095238	0	
Basis: Prepopulated scenarios (n=1977).



-60,0%	
Not present (n=465)	Low presence (n=505)	Medium presence (n=527)	High presence (n=475)	0.33766233766233766	0.36956521739130432	0.29545454545454547	0.5	-40,0%	
Not present (n=465)	Low presence (n=505)	Medium presence (n=527)	High presence (n=475)	0.38235294117647056	0.35172413793103446	0.34831460674157305	0.29166666666666669	-20,0%	
Not present (n=465)	Low presence (n=505)	Medium presence (n=527)	High presence (n=475)	0.22857142857142856	0.38095238095238093	0.17333333333333334	0.21951219512195122	0,0%	
Not present (n=465)	Low presence (n=505)	Medium presence (n=527)	High presence (n=475)	0.22727272727272727	0.24390243902439024	0.22340425531914893	0.2	20,0%	
Not present (n=465)	Low presence (n=505)	Medium presence (n=527)	High presence (n=475)	0.19354838709677419	0.28000000000000003	0.1111111111111111	0.19801980198019803	40,0%	
Not present (n=465)	Low presence (n=505)	Medium presence (n=527)	High presence (n=475)	0.26470588235294118	0.23943661971830985	0.18181818181818182	5.7692307692307696E-2	60,0%	
Not present (n=465)	Low presence (n=505)	Medium presence (n=527)	High presence (n=475)	9.0909090909090912E-2	0	0.17948717948717949	0.18253968253968253	
Basis: Prepopulated scenarios (n=1972).



-60,0%	
Not present (n=329)	Low presence (n=373)	Medium presence (n=322)	High presence (n=359)	Very high presence (n=324)	Maximum presence (n=276)	0.3888888888888889	0.25	0.36956521739130432	0	0.26829268292682928	0.5	-40,0%	
Not present (n=329)	Low presence (n=373)	Medium presence (n=322)	High presence (n=359)	Very high presence (n=324)	Maximum presence (n=276)	0.40909090909090912	0.38235294117647056	0.35555555555555557	0.38181818181818183	0.34090909090909088	0.27659574468085107	-20,0%	
Not present (n=329)	Low presence (n=373)	Medium presence (n=322)	High presence (n=359)	Very high presence (n=324)	Maximum presence (n=276)	0.22857142857142856	0.46666666666666667	0.20588235294117646	0.21951219512195122	0.14634146341463414	0.28205128205128205	0,0%	
Not present (n=329)	Low presence (n=373)	Medium presence (n=322)	High presence (n=359)	Very high presence (n=324)	Maximum presence (n=276)	0.22916666666666666	0.20792079207920791	0.25925925925925924	0	0.2	0	20,0%	
Not present (n=329)	Low presence (n=373)	Medium presence (n=322)	High presence (n=359)	Very high presence (n=324)	Maximum presence (n=276)	0.15384615384615385	0.24489795918367346	0.25	0.26136363636363635	0.15909090909090909	0.1111111111111111	40,0%	
Not present (n=329)	Low presence (n=373)	Medium presence (n=322)	High presence (n=359)	Very high presence (n=324)	Maximum presence (n=276)	0.33333333333333331	0.28888888888888886	0.18181818181818182	0.18367346938775511	0.12359550561797752	0	60,0%	
Not present (n=329)	Low presence (n=373)	Medium presence (n=322)	High presence (n=359)	Very high presence (n=324)	Maximum presence (n=276)	0	0.24444444444444444	0.22727272727272727	0.15573770491803279	0.13333333333333333	9.0909090909090912E-2	
Basis: Prepopulated scenarios (n=1983).



-60,0%	
Not present (n=415)	Low presence (n=408)	Medium presence (n=380)	High presence (n=413)	Very high presence (n=361)	0.3611111111111111	0.4642857142857143	0.26829268292682928	0.36956521739130432	0.25	-40,0%	
Not present (n=415)	Low presence (n=408)	Medium presence (n=380)	High presence (n=413)	Very high presence (n=361)	0.38202247191011235	0.35555555555555557	0.40909090909090912	0.3	0.29166666666666669	-20,0%	
Not present (n=415)	Low presence (n=408)	Medium presence (n=380)	High presence (n=413)	Very high presence (n=361)	0.18292682926829268	0.46666666666666667	0.20588235294117646	0.3	0.15384615384615385	0,0%	
Not present (n=415)	Low presence (n=408)	Medium presence (n=380)	High presence (n=413)	Very high presence (n=361)	0.22727272727272727	0.2	0.29729729729729731	0.2	0.22340425531914893	20,0%	
Not present (n=415)	Low presence (n=408)	Medium presence (n=380)	High presence (n=413)	Very high presence (n=361)	0.1111111111111111	0.2289156626506024	0.25	0.19801980198019803	0.22448979591836735	40,0%	
Not present (n=415)	Low presence (n=408)	Medium presence (n=380)	High presence (n=413)	Very high presence (n=361)	0.26470588235294118	0.18181818181818182	0.16494845360824742	0.24561403508771928	0.21621621621621623	60,0%	
Not present (n=415)	Low presence (n=408)	Medium presence (n=380)	High presence (n=413)	Very high presence (n=361)	0.22619047619047619	0.15384615384615385	0.10227272727272728	0	0.1891891891891892	
Basis: Prepopulated scenarios (n=1977).



-60,0%	
Not present (n=452)	Low presence (n=393)	Medium presence (n=395)	High presence (n=385)	Very high presence (n=352)	0.25	0.41666666666666669	0	0.43617021276595747	0.31168831168831168	-40,0%	
Not present (n=452)	Low presence (n=393)	Medium presence (n=395)	High presence (n=385)	Very high presence (n=352)	0.38202247191011235	0.36363636363636365	0.29166666666666669	0.38235294117647056	0.2608695652173913	-20,0%	
Not present (n=452)	Low presence (n=393)	Medium presence (n=395)	High presence (n=385)	Very high presence (n=352)	0.14634146341463414	0.24657534246575341	0.40789473684210525	0.15384615384615385	0.21951219512195122	0,0%	
Not present (n=452)	Low presence (n=393)	Medium presence (n=395)	High presence (n=385)	Very high presence (n=352)	0.22727272727272727	0.2	0.29729729729729731	0.22916666666666666	0.2087912087912088	20,0%	
Not present (n=452)	Low presence (n=393)	Medium presence (n=395)	High presence (n=385)	Very high presence (n=352)	0.13402061855670103	0.22448979591836735	0.20430107526881722	0.28000000000000003	0	40,0%	
Not present (n=452)	Low presence (n=393)	Medium presence (n=395)	High presence (n=385)	Very high presence (n=352)	0.28888888888888886	0.26470588235294118	0.23404255319148937	5.7692307692307696E-2	0.18181818181818182	60,0%	
Not present (n=452)	Low presence (n=393)	Medium presence (n=395)	High presence (n=385)	Very high presence (n=352)	0.13253012048192772	0.24444444444444444	9.0909090909090912E-2	0.20512820512820512	0.1891891891891892	
Basis: Prepopulated scenarios (n=1977).



-60,0%	
0% (no rollover) (n=634)	50% rollover (n=741)	100% rollover (n=737)	0.25	0.3888888888888889	0.38518518518518519	-40,0%	
0% (no rollover) (n=634)	50% rollover (n=741)	100% rollover (n=737)	0.33561643835616439	0.31521739130434784	0.39743589743589741	-20,0%	
0% (no rollover) (n=634)	50% rollover (n=741)	100% rollover (n=737)	0.38095238095238093	0.19298245614035087	0.22222222222222221	0,0%	
0% (no rollover) (n=634)	50% rollover (n=741)	100% rollover (n=737)	0.22826086956521738	0.2087912087912088	0.2391304347826087	20,0%	
0% (no rollover) (n=634)	50% rollover (n=741)	100% rollover (n=737)	0.18181818181818182	0.20238095238095238	0.23469387755102042	40,0%	
0% (no rollover) (n=634)	50% rollover (n=741)	100% rollover (n=737)	0.12359550561797752	0.21476510067114093	0.33333333333333331	60,0%	
0% (no rollover) (n=634)	50% rollover (n=741)	100% rollover (n=737)	0.20512820512820512	0.1797752808988764	0.14166666666666666	
Basis: Prepopulated scenarios (n=2112).



-60,0%	
Residents and commuters (n=624)	Tourists (n=541)	0.76262626262626265	0.83193277310924374	-40,0%	
Residents and commuters (n=624)	Tourists (n=541)	0.78260869565217395	0.81818181818181823	-20,0%	
Residents and commuters (n=624)	Tourists (n=541)	0.88732394366197187	0.81666666666666665	0,0%	
Residents and commuters (n=624)	Tourists (n=541)	0.88709677419354838	0.90909090909090906	20,0%	
Residents and commuters (n=624)	Tourists (n=541)	0.90322580645161288	0.921875	40,0%	
Residents and commuters (n=624)	Tourists (n=541)	0.94339622641509435	0.89090909090909087	60,0%	
Residents and commuters (n=624)	Tourists (n=541)	0.92307692307692313	0.86046511627906974	
Basis: User-created scenarios (n=1165).



-60,0%	
Daily (n=446)	3-day (n=206)	Weekly (n=185)	Biweekly (n=50)	Monthly (n=290)	0.80916030534351147	0.84090909090909094	0.83333333333333337	0.81818181818181823	0.6987951807228916	-40,0%	
Daily (n=446)	3-day (n=206)	Weekly (n=185)	Biweekly (n=50)	Monthly (n=290)	0.77669902912621358	0.82608695652173914	0.81578947368421051	0.77777777777777779	0.80952380952380953	-20,0%	
Daily (n=446)	3-day (n=206)	Weekly (n=185)	Biweekly (n=50)	Monthly (n=290)	0.84745762711864403	0.86363636363636365	0.9285714285714286	1	0.77777777777777779	0,0%	
Daily (n=446)	3-day (n=206)	Weekly (n=185)	Biweekly (n=50)	Monthly (n=290)	0.9375	0.90909090909090906	0.90625	0.6	0.875	20,0%	
Daily (n=446)	3-day (n=206)	Weekly (n=185)	Biweekly (n=50)	Monthly (n=290)	0.89130434782608692	0.96153846153846156	0.94736842105263153	0.33333333333333331	0.9375	40,0%	
Daily (n=446)	3-day (n=206)	Weekly (n=185)	Biweekly (n=50)	Monthly (n=290)	0.96296296296296291	0.9285714285714286	0.88888888888888884	0.8571428571428571	0.8928571428571429	60,0%	
Daily (n=446)	3-day (n=206)	Weekly (n=185)	Biweekly (n=50)	Monthly (n=290)	0.90322580645161288	0.9375	0.76923076923076927	1	0.9	
Basis: User-created scenarios (n=1177).



-60,0%	
Not present (n=71)	Low presence (n=261)	Medium presence (n=261)	High presence (n=159)	Very high presence (n=425)	0.65	0.77922077922077926	0.80263157894736847	0.81081081081081086	0.80373831775700932	-40,0%	
Not present (n=71)	Low presence (n=261)	Medium presence (n=261)	High presence (n=159)	Very high presence (n=425)	0.84210526315789469	0.77777777777777779	0.72881355932203384	0.8666666666666667	0.82474226804123707	-20,0%	
Not present (n=71)	Low presence (n=261)	Medium presence (n=261)	High presence (n=159)	Very high presence (n=425)	0.6	0.92592592592592593	0.75	1	0.84905660377358494	0,0%	
Not present (n=71)	Low presence (n=261)	Medium presence (n=261)	High presence (n=159)	Very high presence (n=425)	1	0.88888888888888884	0.90322580645161288	0.84	0.91666666666666663	20,0%	
Not present (n=71)	Low presence (n=261)	Medium presence (n=261)	High presence (n=159)	Very high presence (n=425)	0.5	0.91176470588235292	1	0.8	0.93333333333333335	40,0%	
Not present (n=71)	Low presence (n=261)	Medium presence (n=261)	High presence (n=159)	Very high presence (n=425)	0.83333333333333337	0.9	0.86363636363636365	0.9285714285714286	0.95652173913043481	60,0%	
Not present (n=71)	Low presence (n=261)	Medium presence (n=261)	High presence (n=159)	Very high presence (n=425)	0.66666666666666663	0.8	0.95454545454545459	0.92307692307692313	0.91666666666666663	
Basis: User-created scenarios (n=1177).



-60,0%	
Not present (n=729)	Low presence (n=240)	Medium presence (n=148)	High presence (n=55)	0.7695852534562212	0.77586206896551724	0.90322580645161288	0.90909090909090906	-40,0%	
Not present (n=729)	Low presence (n=240)	Medium presence (n=148)	High presence (n=55)	0.79041916167664672	0.78260869565217395	0.83783783783783783	0.88888888888888884	-20,0%	
Not present (n=729)	Low presence (n=240)	Medium presence (n=148)	High presence (n=55)	0.89873417721518989	0.73333333333333328	0.84615384615384615	0.88888888888888884	0,0%	
Not present (n=729)	Low presence (n=240)	Medium presence (n=148)	High presence (n=55)	0.9135802469135802	0.87878787878787878	0.94736842105263153	0.66666666666666663	20,0%	
Not present (n=729)	Low presence (n=240)	Medium presence (n=148)	High presence (n=55)	0.92	0.92307692307692313	0.94736842105263153	0.66666666666666663	40,0%	
Not present (n=729)	Low presence (n=240)	Medium presence (n=148)	High presence (n=55)	0.91935483870967738	0.875	0.9375	1	60,0%	
Not present (n=729)	Low presence (n=240)	Medium presence (n=148)	High presence (n=55)	0.95744680851063835	0.7142857142857143	1	0.75	
Basis: User-created scenarios (n=1172).



-60,0%	
Not present (n=713)	Low presence (n=179)	Medium presence (n=142)	High presence (n=61)	Very high presence (n=37)	Maximum presence (n=51)	0.76956521739130435	0.8571428571428571	0.80487804878048785	0.8	1	0.83333333333333337	-40,0%	
Not present (n=713)	Low presence (n=179)	Medium presence (n=142)	High presence (n=61)	Very high presence (n=37)	Maximum presence (n=51)	0.8152866242038217	0.72222222222222221	0.84375	0.8125	0.83333333333333337	0.66666666666666663	-20,0%	
Not present (n=713)	Low presence (n=179)	Medium presence (n=142)	High presence (n=61)	Very high presence (n=37)	Maximum presence (n=51)	0.85333333333333339	0.86956521739130432	0.88235294117647056	0.8	0.83333333333333337	0.8	0,0%	
Not present (n=713)	Low presence (n=179)	Medium presence (n=142)	High presence (n=61)	Very high presence (n=37)	Maximum presence (n=51)	0.90909090909090906	0.9	1	0.7	1	0.8571428571428571	20,0%	
Not present (n=713)	Low presence (n=179)	Medium presence (n=142)	High presence (n=61)	Very high presence (n=37)	Maximum presence (n=51)	0.9242424242424242	0.91666666666666663	0.875	1	0.8	0.75	40,0%	
Not present (n=713)	Low presence (n=179)	Medium presence (n=142)	High presence (n=61)	Very high presence (n=37)	Maximum presence (n=51)	0.92063492063492058	0.94736842105263153	0.9285714285714286	0.66666666666666663	0.8	1	60,0%	
Not present (n=713)	Low presence (n=179)	Medium presence (n=142)	High presence (n=61)	Very high presence (n=37)	Maximum presence (n=51)	0.95454545454545459	0.82352941176470584	0.7142857142857143	1	0	0.7142857142857143	
Basis: User-created scenarios (n=1183).



-60,0%	
Not present (n=673)	Low presence (n=247)	Medium presence (n=133)	High presence (n=68)	Very high presence (n=56)	0.78846153846153844	0.79365079365079361	0.8	0.88888888888888884	0.66666666666666663	-40,0%	
Not present (n=673)	Low presence (n=247)	Medium presence (n=133)	High presence (n=68)	Very high presence (n=56)	0.84246575342465757	0.72549019607843135	0.74285714285714288	0.8	0.75	-20,0%	
Not present (n=673)	Low presence (n=247)	Medium presence (n=133)	High presence (n=68)	Very high presence (n=56)	0.86764705882352944	0.8529411764705882	0.83333333333333337	0.8	0.83333333333333337	0,0%	
Not present (n=673)	Low presence (n=247)	Medium presence (n=133)	High presence (n=68)	Very high presence (n=56)	0.94666666666666666	0.8571428571428571	0.875	0.8571428571428571	0.66666666666666663	20,0%	
Not present (n=673)	Low presence (n=247)	Medium presence (n=133)	High presence (n=68)	Very high presence (n=56)	0.90410958904109584	0.9285714285714286	1	1	0.6	40,0%	
Not present (n=673)	Low presence (n=247)	Medium presence (n=133)	High presence (n=68)	Very high presence (n=56)	0.9107142857142857	0.9	0.90909090909090906	1	1	60,0%	
Not present (n=673)	Low presence (n=247)	Medium presence (n=133)	High presence (n=68)	Very high presence (n=56)	0.91304347826086951	0.8571428571428571	0.9	0.75	1	
Basis: User-created scenarios (n=1177).



-60,0%	
Not present (n=658)	Low presence (n=207)	Medium presence (n=142)	High presence (n=86)	Very high presence (n=83)	0.8040201005025126	0.79591836734693877	0.74358974358974361	0.92307692307692313	0.58823529411764708	-40,0%	
Not present (n=658)	Low presence (n=207)	Medium presence (n=142)	High presence (n=86)	Very high presence (n=83)	0.82758620689655171	0.7	0.7142857142857143	0.88	0.80952380952380953	-20,0%	
Not present (n=658)	Low presence (n=207)	Medium presence (n=142)	High presence (n=86)	Very high presence (n=83)	0.84722222222222221	0.81481481481481477	0.90909090909090906	0.90909090909090906	0.9	0,0%	
Not present (n=658)	Low presence (n=207)	Medium presence (n=142)	High presence (n=86)	Very high presence (n=83)	0.93333333333333335	0.9	0.76923076923076927	0.83333333333333337	0.88888888888888884	20,0%	
Not present (n=658)	Low presence (n=207)	Medium presence (n=142)	High presence (n=86)	Very high presence (n=83)	0.9285714285714286	0.90476190476190477	0.875	1	0.77777777777777779	40,0%	
Not present (n=658)	Low presence (n=207)	Medium presence (n=142)	High presence (n=86)	Very high presence (n=83)	0.93877551020408168	0.84	0.89473684210526316	1	1	60,0%	
Not present (n=658)	Low presence (n=207)	Medium presence (n=142)	High presence (n=86)	Very high presence (n=83)	0.93617021276595747	0.76923076923076927	0.84615384615384615	1	0.8	
Basis: User-created scenarios (n=1176).



-60,0%	
0% (no rollover) (n=184)	50% rollover (n=205)	100% rollover (n=923)	0.76190476190476186	0.91176470588235292	0.77593360995850624	-40,0%	
0% (no rollover) (n=184)	50% rollover (n=205)	100% rollover (n=923)	0.84615384615384615	0.82352941176470584	0.78494623655913975	-20,0%	
0% (no rollover) (n=184)	50% rollover (n=205)	100% rollover (n=923)	1	0.78260869565217395	0.84090909090909094	0,0%	
0% (no rollover) (n=184)	50% rollover (n=205)	100% rollover (n=923)	0.96551724137931039	0.75	0.9042553191489362	20,0%	
0% (no rollover) (n=184)	50% rollover (n=205)	100% rollover (n=923)	0.9285714285714286	0.875	0.91666666666666663	40,0%	

0% (no rollover) (n=184)	50% rollover (n=205)	100% rollover (n=923)	0.90909090909090906	0.82352941176470584	0.94202898550724634	60,0%	
0% (no rollover) (n=184)	50% rollover (n=205)	100% rollover (n=923)	0.88888888888888884	0.8	0.91836734693877553	
Basis: User-created scenarios (n=1312).



Prepopulated (n=1962)	
Not present	Low presence	Medium presence	High presence	Very high presence	0.20163487738419619	0.21478060046189376	0.25628140703517588	0.24289405684754523	0.35278514588859416	User-created (n=1171)	
Not present	Low presence	Medium presence	High presence	Very high presence	0.74285714285714288	0.83397683397683398	0.83333333333333337	0.87096774193548387	0.86428571428571432	
Basis: All responses (n=3139).



Prepopulated (n=1962)	
Not present	Low presence	Medium presence	High presence	0.24568965517241378	0.31411530815109345	0.22900763358778625	0.2208067940552017	User-created (n=1171)	
Not present	Low presence	Medium presence	High presence	0.84478021978021978	0.80672268907563027	0.90344827586206899	0.84313725490196079	
Basis: All responses (n=3134).



Prepopulated (n=1962)	
Not present	Low presence	Medium presence	High presence	Very high presence	Maximum presence	0.28963414634146339	0.28032345013477089	0.2664576802507837	0.22816901408450704	0.19122257053291536	0.25925925925925924	User-created (n=1171)	
Not present	Low presence	Medium presence	High presence	Very high presence	Maximum presence	0.84269662921348309	0.85310734463276838	0.85611510791366907	0.84210526315789469	0.875	0.77777777777777779	
Basis: All responses (n=3145).



Basis: All respondents (n=654).

All	
Yes	No, I am a temporary visitor	No, I am a tourist	0.46177370030581039	7.3394495412844041E-2	0.46483180428134557	
Prepopulated (n=1962)	
Not present	Low presence	Medium presence	High presence	Very high presence	0.25362318840579712	0.30049261083743845	0.21485411140583555	0.26405867970660146	0.2247191011235955	User-created (n=1171)	
Not present	Low presence	Medium presence	High presence	Very high presence	0.8571428571428571	0.82448979591836735	0.83846153846153848	0.875	0.74509803921568629	
Basis: All responses (n=3139).



Prepopulated (n=1962)	
Not present	Low presence	Medium presence	High presence	Very high presence	0.22172949002217296	0.28388746803069054	0.25765306122448978	0.27034120734908135	0.2334293948126801	User-created (n=1170)	
Not present	Low presence	Medium presence	High presence	Very high presence	0.86149162861491624	0.80975609756097566	0.79856115107913672	0.91463414634146345	0.79487179487179482	
Basis: All responses (n=3138).



Prepopulated (n=1962)	
0% (no rollover)	50% rollover	100% rollover	0.24921135646687698	0.23589001447178004	0.27472527472527475	User-created (n=1162)	
0% (no rollover)	50% rollover	100% rollover	0.88043478260869568	0.83225806451612905	0.83839611178614826	
Basis: All responses (n=3274).



Yes	
Residents and commuters (n=519)	Tourists (n=462)	All (n=981)	0.680154142581888	0.70995670995671001	0.69418960244648298	No	
Residents and commuters (n=519)	Tourists (n=462)	All (n=981)	0.319845857418111	0.29004329004328999	0.30581039755351602	
Basis: User-created scenarios (n=981).



Yes (n=681)	
-0.6	-0.4	-0.2	0	0.2	0.4	0.6	0.25550660792951541	0.22026431718061673	0.11160058737151249	0.12334801762114538	0.12041116005873716	0.10279001468428781	6.6079295154185022E-2	No (n=300)	
-0.6	-0.4	-0.2	0	0.2	0.4	0.6	0.25333333333333335	0.19	0.12	0.13666666666666666	0.11	9.6666666666666665E-2	9.3333333333333338E-2	
Basis: User-created scenarios (n=981).



I wouldn't share the plan	
Residents and commuters (n=353)	Tourists (n=328)	All (n=681)	8.4985835694050896E-2	7.9268292682926803E-2	8.2232011747430195E-2	2 people	
Residents and commuters (n=353)	Tourists (n=328)	All (n=681)	0.52124645892351196	0.53048780487804803	0.52569750367107104	3 people	
Residents and commuters (n=353)	Tourists (n=328)	All (n=681)	0.23796033994334201	0.23170731707316999	0.23494860499265699	4 people	
Residents and commuters (n=353)	Tourists (n=328)	All (n=681)	8.7818696883852604E-2	8.5365853658536495E-2	8.6637298091042494E-2	5 people	
Residents and commuters (n=353)	Tourists (n=328)	All (n=681)	6.79886685552408E-2	7.3170731707316999E-2	7.0484581497797294E-2	
Basis: Willing to share a MaaS plan (n=681).



I wouldn't share the plan (n=56)	
-0.6	-0.4	-0.2	0	0.2	0.4	0.6	0.30357142857142855	0.23214285714285715	0.16071428571428573	0.10714285714285714	7.1428571428571425E-2	1.7857142857142856E-2	0.10714285714285714	2 people (n=358)	
-0.6	-0.4	-0.2	0	0.2	0.4	0.6	0.26536312849162014	0.21229050279329609	0.10335195530726257	0.11452513966480447	0.11731843575418995	0.10614525139664804	8.1005586592178769E-2	3 people (n=160)	
-0.6	-0.4	-0.2	0	0.2	0.4	0.6	0.24374999999999999	0.26250000000000001	0.1	0.15	0.1	0.1	4.3749999999999997E-2	4 people (n=59)	
-0.6	-0.4	-0.2	0	0.2	0.4	0.6	0.16949152542372881	0.1864406779661017	0.11864406779661017	0.10169491525423729	0.1864406779661017	0.1864406779661017	5.0847457627118647E-2	5 people (n=48)	
-0.6	-0.4	-0.2	0	0.2	0.4	0.6	0.27083333333333331	0.16666666666666666	0.14583333333333334	0.14583333333333334	0.1875	8.3333333333333329E-2	0	
Basis: Willing to share a MaaS plan (n=681).



Choice of scenario presented	
Extremely disagree	Disagree	Neither agree nor disagree	Agree	Extremely Agree	Extremely disagree	Disagree	Neither agree nor disagree	Agree	Extremely Agree	Extremely disagree	Disagree	Neither agree nor disagree	Agree	Extremely Agree	Extremely disagree	Disagree	Neither agree nor disagree	Agree	Extremely Agree	Extremely disagree	Disagree	Neither agree nor disagree	Agree	Extremely Agree	Extremely disagree	Disagree	Neither agree nor disagree	Agree	Extremely Agree	Extremely disagree	Disagree	Neither agree nor disagree	Agree	Extremely Agree	Extremely disagree	Disagree	Neither agree nor disagree	Agree	Extremely Agree	improve accessibility	help use time more effectively	increase overall productivity	enhance travel happiness	provide multiple travel mode options	increase flexibility in planning and executing trips	reduce the travel time of daily trips	reduce transportation environmental footprint	0.43	0.30701754385964913	0.41057542768273719	0.45833333333333331	0.55652173913043479	0.3902439024390244	0.28688524590163933	0.42105263157894735	0.45267489711934156	0.55000000000000004	0.37333333333333335	0.30645161290322581	0.41857142857142859	0.46325878594249204	0.56842105263157894	0.39560439560439559	0.30399999999999999	0.41519434628975266	0.45897079276773295	0.53781512605042014	0.36363636363636365	0.46296296296296297	0.40159574468085107	0.4407158836689038	0.48430493273542602	0.37647058823529411	0.29545454545454547	0.38697318007662834	0.45859872611464969	0.52173913043478259	0.36633663366336633	0.34715025906735753	0.43264659270998418	0.45263157894736844	0.55038759689922478	0.38271604938271603	0.35199999999999998	0.41419141914191421	0.45425867507886436	0.5114942528735632	
Basis: Residents and Commuters (n=1624).



Choice of scenario presented	
Extremely disagree	Disagree	Neither agree nor disagree	Agree	Extremely Agree	Extremely disagree	Disagree	Neither agree nor disagree	Agree	Extremely Agree	Extremely disagree	Disagree	Neither agree nor disagree	Agree	Extremely Agree	if it would help spend less money on transportation each month	if it would provide safe and secure travel experience	if it would help save time during daily commutes	0.35454545454545455	0.34188034188034189	0.43193717277486909	0.45151953690303909	0.45937499999999998	0.3135593220338983	0.25555555555555554	0.44170403587443946	0.44832041343669249	0.515625	0.31958762886597936	0.25	0.43256997455470736	0.44689119170984454	0.50740740740740742	
Basis: Residents and Commuters (n=1624).


Choice of scenario presented	
Extremely disagree	Disagree	Neither agree nor disagree	Agree	Extremely Agree	Extremely disagree	Disagree	Neither agree nor disagree	Agree	Extremely Agree	Extremely disagree	Disagree	Neither agree nor disagree	Agree	Extremely Agree	Extremely disagree	Disagree	Neither agree nor disagree	Agree	Extremely Agree	Extremely disagree	Disagree	Neither agree nor disagree	Agree	Extremely Agree	Extremely disagree	Disagree	Neither agree nor disagree	Agree	Extremely Agree	Extremely disagree	Disagree	Neither agree nor disagree	Agree	Extremely Agree	Extremely disagree	Disagree	Neither agree nor disagree	Agree	Extremely Agree	improve accessibility	help use time more effectively	increase overall productivity	enhance travel happiness	provide multiple travel mode options	increase flexibility in planning and executing trips	reduce the travel time of daily trips	reduce transportation environmental footprint	0.58041958041958042	0.50632911392405067	0.39200000000000002	0.59259259259259256	0.56310679611650483	0.50458715596330272	0.5	0.41914893617021276	0.57663125948406679	0.55244755244755239	0.5	0.54545454545454541	0.42495784148397975	0.58762886597938147	0.61386138613861385	0.43877551020408162	0.51063829787234039	0.43209876543209874	0.5714285714285714	0.59259259259259256	0.48245614035087719	0.44262295081967212	0.42346938775510207	0.55177304964539009	0.62068965517241381	0.46808510638297873	0.52500000000000002	0.44285714285714284	0.54927536231884055	0.58024691358024694	0.46464646464646464	0.43564356435643564	0.4451345755693582	0.56000000000000005	0.65217391304347827	0.45454545454545453	0.56756756756756754	0.44833625218914186	0.58223062381852553	0.53676470588235292	
Basis: Tourists (n=1441).



[bookmark: _Hlk193210235]MaaSolutions | End-User Analysis Report – Liepāja/Liepāja City Municipality Central Administration[image: ]

[image: ]MaaSolutions | End-User Analysis Report – Liepāja City Municipality Central Administration	4

image1.png
Uint = a; + B Cost10c + Bsco SCootMinl0 + Byie BikeMin1l0

+ Btaxi TaxikKm5 + B.5- CarshareKm5 + B, PTRides_perDay

+ y' Period dummies + 6; PT_Finite + 6, PT_Unlimited

+ A1 Rollover 50 + A, Rollover 100 + ¢ Cost10_high

+ 11 FACL_1+ n, ZU3 + k1 (Cost10c x FAC1 1)

+ Ko (PT_Unlimited X ZU3) + €t




image2.png
e U/nt

/nt — ZeU/nt





image3.png
P(m)) v PO =
P(No)

logit(Yes) = In(




image4.jpg
1HHILCTIICTYy Sl Co-funded by
—uiope Ta g the European Union




image5.png




